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Objective of the studyObjective of the study

• To experimentally examine the relationship To experimentally examine the relationship 
between the risk characteristics of potential 
borrowing partners and their desire to g p
group with one another 

– i.e., through forming homogeneous or heterogeneous 
groups  groups. 



BackgroundBackground
• Joint liability based microcredit. y
• Positive assortative matching in the group 

formation stage (Becker, 1973; Stiglitz, 1990)
• Intra-group resource transfer and possibility 

of heterogeneous matching (Sadoulet, 1999).
• Intra group resource transfer is not feasible • Intra-group resource transfer is not feasible 

because of limited liability (Ghatak, 1999 and 
2000).

• How realistic is the assumption of limited 
liability? What happens if we relax this 
assumption?assumption?



In this experiment…In this experiment…
• We relax the assumption of limited liability, p y,

and make sure that the subjects make joint 
liability payment from their endowment (such 
as from deposits in mandatory savings as from deposits in mandatory savings 
accounts) irrespective of the status of their 
projects. 

• We investigate whether risky borrowers offer 
side payment that is high enough to attract 
safe borrowers in their groups  so that the safe borrowers in their groups, so that the 
likelihood of forming heterogeneous groups is 
increased.  



Experimental designExperimental design

• Our microfinance experiment involves two Our microfinance experiment involves two 
separate games:
– The Risk Type Revelation Game (RRG)yp ( )
– The Partner Choice Game (PCG)



The Risk Type Revelation Game 
(RRG)(RRG)

• Modified version of the standard risk game (by Gneezy, 
Leonard, and List, 2009), where subjects reveal their innate 
attitudes to take risks. 

• Subjects are offered a fair lottery. 
– Price of the lottery: 1,000 ex-BDT
– 50% chance of winning 2,000 ex-BDT, 50% chance of 

winning nothing.g g
• They decide whether to purchase that lottery using money 

from their endowments (deposit in mandatory savings 
accounts).  Risk averse subjects who reject buying the lottery, ) j j y g y,
are defined as safe borrowers. The risk takers, who accept 
buying the lottery, are defined as risky borrowers.



Partner Choice Game: The Subjects and 
th  T kthe Task

• The PCG depicts Grameen Bank style group The PCG depicts Grameen Bank style group 
formation.
– Ten male or ten female subjects j

participated in each session, who 
happened to live in a close proximity in 
the same village, and who happened to 
involve in the same profession. 

h bj h h f bj– Each subject then chose four subjects 
out of nine as borrowing partners based 
on the risk type (revealed in the RRG)on the risk type (revealed in the RRG).



The information setThe information set
• Subjects knew that they would have to bail out a defaulting 

peer from their endowment irrespective of their own project 
status. 

• The actual state of a project was not observed in this 
experiment. Subjects only confronted with the expected bail 
out cost of choosing a borrowing partner.

• Subjects knew that the project of a safe borrower never fails, 
whereas the project of a risky borrower succeeds with 
probability ½. 

• Expected cost of teaming up with a risky partner is J/2 ( J is 
joint liability payment).



Partner Choice Game: The treatments 
d B h i l P di tiand Behavioral Predictions

• In the benchmark treatment of PCG, we do not allow ,
subjects to transfer resources among themselves. 
However, in a subsequent manipulation, risky 
borrowers offer J/2 as side payments to safe borrowers./ p y

• In the benchmark treatment, all subjects are likely to 
prefer safe partners irrespective of their risk type.
Th  ti  f f  t  h  b  th  i k  • The proportion of safe partners chosen by the risky 
borrowers is likely to fall from the benchmark treatment 
to the treatment of side payment.

• The proportion of risky partners chosen by the safe 
borrowers is not likely to increase from the benchmark 
treatment to the treatment of side payment.



ResultsResults 



Intra-group resource transfer increases the 
lik lih d f h t  t hi  likelihood of heterogeneous matching 



Regression analysisRegression analysis
• We apply a random effects probit model.

D d t i bl  • Dependent variable: 
– (a) the probability that a risky borrower chooses a safe 

partner.
– (b) the probability that a safe borrower chooses a risky ( ) p y y

partner.
• In group lending, the expected benefits of costs of having a 

partner depends on the partner’s ability and willingness to 
repay a loan. repay a loan. 

• Ownership of assets
• Age
• Skill/Education

Ability to repay 
loans

Skill/Education
• Outstanding debt
• Social tie Willingness to 

repay loans







SummarySummary

• Intra-group resource transfer Intra group resource transfer 
increases the likelihood of 
heterogeneous matching:heterogeneous matching:
– Risky borrowers are willing to offer a 

certain amount of side payment to the certain amount of side payment to the 
safe borrowers;

– Safe borrowers are happy to accept the Safe borrowers are happy to accept the 
offer and team up with the risky 
partners.



Comments Welcome!Comments Welcome!



Additional Information for those who Additional Information for those who 
may be interested…

The following slides will not be formally 
presented due to time constraintspresented due to time constraints.



Experimental procedures: 
i  f bjrecruitment of subjects

• The experiment was conducted in five villages from five different 
districts in Bangladeshdistricts in Bangladesh.

• In every village, a list of households that own less than 0.5 acres of 
arable land was prepared.

• Then, every fifth household was selected from this list. Only one 
adult member from each of these selected households  who can read adult member from each of these selected households, who can read 
numbers, was asked to participate in an interview. 

• A total of 508 individuals were interviewed, who filled out a 14-
question survey. 

• These interviewees were the potential subjects for our experiment• These interviewees were the potential subjects for our experiment.
• A total of 480 individuals (170 of them were women) from the pool of 

potential subjects participated in the game in 48 distinct sessions.
• The experiment lasted for maximum of two hours. 

Th  bj   i f d h  h  ld i  50 BDT f  • The subjects were informed that they would receive 50 BDT for 
participation and that they would also be able to earn an additional 
78 BDT (maximum) depending on their specific outcome in the 
game.



Experimental procedures: 
i  i l imeasuring social tie.

• Before the experiment began, subjects were Before the experiment began, subjects were 
asked to assess the intensity of contact with 
the other subjects in the session on a scale 
from 1 (no contact) to 7 (frequent contact).

• Following Abbink, Irlenbusch, and Renner 
(2006), we use the degree of self reported 
acquaintance as a proxy for social ties 
among potential borrowing partners  among potential borrowing partners. 



Experimental procedures: the risk 
 l i   type revelation game 

• Each subject received 1 000 ex-BDT as Each subject received 1,000 ex BDT as 
endowment.

• They were offered a fair lottery:They were offered a fair lottery:
– Price of the lottery was 1,000 ex-BDT
– There was 50% chance of winning 2 000 ex-There was 50% chance of winning 2,000 ex

BDT, and 50% chance of winning nothing.
• A fair coin was tossed for those who A fair coin was tossed for those who 

decided to buy the lottery. Head implied 
win, and tail implied loss., p



Partner choice game: the bench Partner choice game: the bench 
mark treatment of no side payment 

• Each subject received 1,000 ex-BDT as 
endowment.
S bj t  i d i f ti   th  bj t ’ • Subjects received information on other subjects’ 
(potential borrowing partners’) risk type, and socio-
demographic characteristics.

• Each subject then chose four subjects out of nine 
as borrowing partners based on the risk type.

• For every risky partner chosen, a coin was tossed. y y p ,
If tail appeared, 250 ex-BDT was taken away from 
the subject. If head appeared, nothing was taken 
away.y



Partner choice game: the treatment with 
id  t f  Ri k  Bside payment for Risky Borrowers

• Each subject received 1,000 ex-BDT as j
endowment.

• Each subject then chose four subjects out of nine 
as borrowing partners based on the risk type.as borrowing partners based on the risk type.

• For every safe partner chosen, 125 ex-BDT was 
taken away (by the experimenter) as side payment. 
No side payment was made if a risky partner was No side payment was made if a risky partner was 
chosen.

• For every risky partner chosen, a coin was tossed. 
If t il d  250 BDT  t k   f  If tail appeared, 250 ex-BDT was taken away from 
the subject. If head appeared, nothing was taken 
away.



Partner choice game: the treatment with 
id  t f  S f  Bside payment for Safe Borrowers

• Each subject received 1,000 ex-BDT as j
endowment.

• Each subject then chose four subjects out of nine 
as borrowing partners based on the risk type.as borrowing partners based on the risk type.

• For every risky partner chosen, 125 ex-BDT was 
received (from the experimenter) as side payment. 
No side payment was accepted if a safe partner was No side payment was accepted if a safe partner was 
chosen.

• For every risky partner chosen, a coin was tossed. 
If t il d  250 BDT  t k   f  If tail appeared, 250 ex-BDT was taken away from 
the subject. If head appeared, nothing was taken 
away.



Risky Borrower’s Choice of Safe 
PPartners

• The proportion of p p
safe partners falls by 
less than two 
percentage points p g p
from the benchmark 
treatment to the 
treatment of side treatment of side 
payment.

• The proportions are 
not significantly not significantly 
different at the 
conventional level of 
significance  significance. 



Safe Borrower’s Choice of Risky 
P tPartners

• The proportion of p p
risky partners 
increases by more 
than 14 percentage p g
points from the 
benchmark treatment 
to the treatment of to the treatment of 
side payment.

• The proportions are 
significantly different significantly different 
at the conventional 
level of significance. 



These two pieces together implies that intra-
group resource transfer increases the group resource transfer increases the 
likelihood of heterogeneous matching 



Regression analysisRegression analysis

• Need to control for observables of the potential 
partners that might affect partner choice 
decisions. 

• What are the potential drivers of partner p p
choice?
– To answer this question, we rely on the 

social exchange theory that suggests that social exchange theory that suggests that 
people choose those as partners who provide 
them with the maximum expected benefits 
while incurring the minimum expected costs e cu g t e u  e pected costs 
(the minimax principle: Thibaut and Kelly, 
1959)



Regression analysis (cont.)Regression analysis (cont.)

• In group lending, the expected benefits of costs In group lending, the expected benefits of costs 
of having a partner depends on the partner’s 
ability and willingness to repay a loan. 

• Accordingly, we include the following control 
variables in the regression analysis:

O hi  f t• Ownership of assets
• Age
• Skill/Education

Ability to repay 
loans

Skill/Education
• Outstanding debt
• Social tie

Willingness to 
repay loansp y



Regression analysis (cont.)Regression analysis (cont.)
• We apply a random effects probit model.

D d  i bl  • Dependent variable: 
– (a) the probability that a risky borrower chooses a safe 

partner.
– (b) the probability that a safe borrower chooses a risky 

partner.
• Our main independent variable of interest is side payment. Our main independent variable of interest is side payment. 

In order to capture the effect of side payment on partner 
choice decisions, we add observations from two different 
treatments, and then introduce a dummy variable, , y ,
treatment_dummy such that it equals one if the 
observations come from the treatment with side payment, 
and zero otherwise. 



Robustness test: controlling for 
hi  f i imatching frictions

• What is matching friction? How it might What is matching friction? How it might 
affect safe borrower’s partner choice?

• How do we control for matching frictions?g
• By excluding sessions that have maximum 4 

safe borrowers from the analysis. 
• What do we find after controlling for 

matching frictions? 
– Our main results hold true. 



Safe Borrower’s Choice of Risky Partners: 
Aft  t lli  f  t hi  f i tiAfter controlling for matching frictions

• The proportion of 
i k   

0.35

risky partners 
increases by more 
than 16 percentage 
points from the 0.25

0.3

points from the 
benchmark 
treatment to the 
treatment of side 0 15

0.2

t e t e t o s de
payment.

• The proportions 
are significantly 

0.1

0.15

g y
different at the 
conventional level 
of significance. 0

0.05

Proportion of risky partners chosen 
i h b h k

Proportion of risky partners chosen 
i h i h idin the benchmark treatment in the treatment with side payment



Robustness test: what happens Robustness test: what happens 
when we change the size of side 

payment?



Risky borrowers’ choice of safe partnersRisky borrowers  choice of safe partners
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Abstract

This paper measures the economic impacts of social pressures to share income with relatives
and neighbors in rural African villages within a controlled laboratory environment. We
conduct a lab experiment in which we randomly vary the observability of positive income
shocks resulting from risky investments. In some treatments, we allow participants to pay
a price to avoid announcing anything about their income in the game. We vary the price
offered to participants, and find that 28 percent of participants choose to pay to avoid the
announcement, at a price that is on average 16 percent of their gross earnings in the game.
Further, we find that 10 percent of women forced to announce a portion of their income
shock adopt an investment strategy that conceals the size of their initial endowment in
the experiment, though that strategy reduces their expected earnings. Both findings are
suggestive of the economic drag that social pressures may create on investment in Sub-
Saharan Africa.

∗We are grateful to Felipe Dizon for excellent research assistance. We thank the Weidenbaum Center at Wash-
ington University in St. Louis for funding.



“Whoever has a more mobile occupation, and less respect for tradition, tries to cover his tracks. In Dodoma, I

once ran into a street vendor hawking oranges who used to bring these fruits to my house in Dar es Salaam. I was

happy to see him, and asked him what he was doing here, five hundred kilometers from the capital. He had had to

flee from his cousins, he explained. He had shared his meager profits with them for a long time, but finally had

had enough, and ran. ‘I will have a few cents for a while,’ he said happily. ‘Until they find me again!’ ”

— Kapuscinski (2002)

1 Introduction

Risk is a pervasive aspect of the lives of individuals in many developing economies, and informal

sharing norms are often viewed as a welfare-improving response to idiosyncratic risk in regions

where credit and insurance markets are incomplete. However, a number of recent studies of Sub-

Saharan African villages suggest that social pressures to share with neighbors and relatives can

reduce incentives to make profitable investments, thereby inhibiting development and creating a

poverty trap. For instance, Anderson and Baland (2002) show how, in the Nairobi slums, income-

earning women use ROSCAs to protect their savings from their husbands. Barr and Stein (2008)

show that Zimbabwean villagers punish families who are becoming better off than their neighbors

by refusing to attend the funerals of members of those households. Platteau (2000) points out

that economically successful individuals who do not share enough with their communities often

face accusations of witchcraft. Baland, Guirkinger, and Mali (2007) show that in Cameroon,

some members of credit cooperatives use borrowing as a signal that they are poor, in order to

avoid sharing savings with relatives. Dupas and Robinson (2009) show that female daily income

earners make more productive investments when given access to even a costly savings account.

In this paper, we report the results of an experiment designed to measure the economic impacts

of social pressures to share income with relatives and neighbors in rural villages in Sub-Saharan

Africa. The project uses a controlled laboratory environment to explore behaviors which are

difficult or impossible to document using survey data: the willingness to forgo profitable investment
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opportunities so as to keep one’s income secret from relatives and neighbors.

2 Experimental Design and Procedures

Experiments were conducted in 26 rural, predominantly agricultural communities in western

Kenya. Before beginning subject recruitment, research assistants met with community leaders

— head teachers and local headmen — in selected villages1 to introduce the project. One day

prior to each experimental session, the survey team conducted a door-to-door recruitment cam-

paign, visiting as many households within the village as possible. All households within each

village were invited to send members to participate in the experimental economic game session

the following day. 80.1 percent of individuals surveyed prior to the sessions chose to participate.

Experimental sessions were conducted at local primary schools. The project was conducted

during the Kenyan school vacation period, so school classrooms were not being used at the time.

Empty primary schools provided central locations familiar to all participants. Experimental ses-

sions included an average of approximately 77 subjects, and no session included fewer than 56.

The experiment was designed to introduce exogenous variation in the observability of positive

income shocks. Each participant was given an initial endowment of money, either 80 or 180 Kenyan

shillings.2 Each participant was given the opportunity to invest a portion of her endowment in

an investment which was risky but potentially profitable: there was a fifty percent chance that

the investment would be successful, in which case the participant would receive five times the

amount that she chose to invest; if the investment failed, the participant would lose the money

she allocated to it. A coin was flipped to determine whether each project was successful. Thus,

the main decision subjects faced was how much of their endowment to invest in the risky prospect

and how much to allocate to the secure, but zero-profit alternative.

1Villages were selected to be at least five kilometers apart from one another, to prevent overlap in subject
populations.

2The endowments were equivalent to 1.04 and 2.34 U.S. dollars, respecitively, at the time of the experiment.
The latter amount is approximately equal to a day’s wage for an agricultural laborer.
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Within the experiment, players were randomly assigned to one of six treatments. First, players

were allocated either the smaller endowment of 80 shillings or the larger endowment of 180 shillings.

Second, every player was assigned to either the private treatment, the public–mandatory treat-

ment, or the public–price treatment. Participants assigned to the private treatment were able

to keep their investment income secret, while those assigned to the two public treatments could

be obliged to make a public announcement revealing how much they had invested in the risky

prospect, and whether their investment was successful, to all of the other participants at the end

of the experiment. In the public–mandatory treatment, subjects were always required to make

this announcement, while those assigned to the public–price condition were allowed to pay a ran-

domly chosen price (between ten and 60 shillings) to avoid making a public statement of their

investment earnings. Thus, randomized treatment assignment introduced exogenous variation in

the observability of income shocks.

Within each session, participants were stratified by gender and education level (an indicator

for going beyond primary school); within each stratum, players were randomly assigned to each

of the six treatments with equal probability. Players assigned to the payout treatments were

subsequently assigned a random “exit price” from the set of multiples of ten between ten and 60.

Experimental sessions were structured as follows. After a brief introduction, enumerators read

the instructions and answered participant questions, illustrating the decisions that a subject might

face with a series of wall posters. Subjects were then called outside one at a time, by ID number, to

make their investment decisions. Since many participants had limited literacy skills, decisions were

recorded by members of the enumeration team. To ensure that earnings not announced publicly

remained private information, each enumerator sat at a desk in an otherwise empty section of the

schoolyard. Enumerators began by asking a series of questions designed to test whether the subject

understood the experiment. Subjects who grasped the setup were then informed whether they

had received the large or small endowment and whether they were assigned to the private, public-

mandatory, or public-price treatment. Those who were assigned to the public-price treatment
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were also told what price they would need to pay to avoid the public announcement. Subjects

then made their investment decisions: each was handed a number of ten shilling coins equivalent

to her endowment; the participant divided these coins between a “savings” cup and a “business”

cup. After recording a subject’s investment decision, the enumerator would give the subject a one

shilling coin to flip.3 The outcome of the coin flip determined whether the money placed in the

business cup was multiplied by five or removed from the subject’s final payout. After all decisions

had been recorded, public announcements were made.

3 Local Context

Sessions were conducted in Kenya’s Western Province, in three adjoining districts: Bunyala, Samia,

and Butula.4 All three districts are predominatly smallholder farming communities; Samia and

Bunyala both include ports on Lake Victoria, making fishing a common livelihood in those areas

as well. Basic summary statistics on experimental subjects are presented in Table 1. 60 percent

of subjects were female. Respondents ranged in age from 18 to 85. In terms of educational attain-

ment, 10 percent of subjects had no formal schooling, while 11.6 percent had finished secondary

school. The median participant was a 34 year old married woman with seven years of education,

living in a six-person household. The median participant’s household owns one bicycle, one cell

phone, four chickens, and two mosquito nets, but does not own a television, any cattle or goats, or

a motor vehicle. 24.1 percent of respondents live in housholds with at least one household member

in regular employment. The median monthly wage among participants with regular employment

was 1500 Kenyan shillings, or approximately twenty U.S. dollars. 17 percent of participants have

bank savings accounts, and 52 percent are members of rotating savings and credit associations

3To eliminate the possibility of influencing the outcome of the coin flip, each subject was required to place her
coin into a sealed, opaque container which she shook vigourously before opening it to reveal the outcome of the
coin toss.

4Kenya’s recent redistricting carved these three former administrative divisions of Busia District off as new
districts of their own; one was declared a new district during the course of this project.
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(ROSCAs).5 The median participant also has six other relatives living in the same village but

outside of her household. 57.3 percent of male participants and 13.2 percent of female participants

have their parents living in the same village, consistent with patrilocal marriage traditions; 7.1

percent of men and 44.1 percent of women in the sample live in the same village as their in-laws

(Table 1).

Because we are particularly interested in transfers between households, we gathered extensive

survey data on different aspects of transfers, detailed in Table 2. Most experimental subjects in

our sample are embedded in village and kin transfer networks. 44 percent of subjects had received

a transfer in the last three months, while 90 percent report giving or loaning money to another

household over the same period. The median respondent making a transfer had given 375 shillings

to other households, 245 shillings of which went to households in the same village. In the three

months prior to being surveyed, 43 percent of subjects had been asked for a gift or loan, and

90 percent of subjects had contributed money to a “harambee,” a funeral, a wedding, or to help

someone with school or hospital fees.6

This survey data — collected prior to experimental sessions — allows us to explore the relation-

ship between kin networks, local-level charitable giving (to harambees, etc.), and interhousehold

transfers. Table 3 reports the results of regressions of the (natural log of) the amount contributed

to all local charitable causes — harambees, funerals, weddings, school fees, and hospital fees —

on a variety of individual characteristics. Regressions are estimated using OLS, but coefficient

estimates and significance levels are similar if a Tobit specification is used (results not shown).

Both wealth and bank savings accounts are positively and significantly associated with contri-

bution amounts, and the coefficient on pariticpation in a ROSCA is also consistently positive

5Dupas and Robinson (2009) found that less than 3 percent of the daily wage earners sampled in Bumala, Kenya,
had savings accounts. While Bumala is just a few kilometers from the region where the present study took place,
their data were collected over two years before our household survey. The daily wage earners (primarily market
vendors and bicycle taxi drivers) included in their study may also be somewhat worse off than our subjects.

6A harambee, pronounced hah-rahm-bay is a self-help effort in which community members contribute money or
resources to assist a particular person in need. They may be for sending a child to school, paying for a wedding, or
any number of other purposes. The concept existed within a number of different tribal groups in Kenya, but was
made into a national rallying cry by Kenya’s first president, Jomo Kenyatta (Ngau 1987).
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(though only significant in three of six specifications).7 Participation in community groups is

also positively and significantly associated with charitable donations. More interestingly, we find

that mens’ giving to harambees and other local causes increases significantly with the number of

(non-household) relatives living in the village, though the coefficient estimate for such relatives is

smaller and statistically insignificant for women.8

In Table 4, we use probit and OLS specifications to examine the demographic characteristics

associated with transfers received. Assets increase the likelihood of receiving any transfer, but

only increase the amount received from outside the village, not inside it—perhaps because assets

are a proxy for the wealth of one’s broader network, while within the village, they are a signal that

the asset owner is not in need. Having an employed household member is associated with transfer

amounts recevied from within the village, though it is only significant for women and for the pooled

sample. Having parents in the village is negatively related transfers received, significantly so for

transfer received from outside the village. That the coefficients in Columns 6–8 are more negative

than those in Columns 3–5 may be mechanical if parents are a common source of transfers, but this

would not explain the negative coefficient in the first two columns. Having more relatives living

in the village with you is positively and significantly associated with transfers received from inside

the village, though it is also only significant for women and for the pooled sample. Community

group participation is a positive predictor of transfers received.

In Table 5, we use the same array of specifications as to explore transfers given. Women report

giving fewer transfers; being married predicts a significant increase in both the probability of giving

a transfer and in the total amount given to other villagers (the point estimates remain positive

though not significant for amount given outside the village when the sample is split by gender).

Household assets positively and significantly associate with transfers given (though not significant

in Column 4). Participating in a ROSCA positively predicts giving, but is only singificant in two

7Wealth is proxied by an asset index — the first principal component of a vector of 30 household items including
vehicles, livestock, and furniture.

8 This is consistent with the findings of Taiwo (2008).
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specications; having one’s parents in the village is positively associated with the level of transfers

given to other villagers by men, but negatively with the level given to those outside the village

by women. Having one’s in-laws in the village is not significant in any specification, but point

estimates are for the amount are consistently negative for both men and women; and importantly,

having more relatives in the village is positively and significantly associated with the amount given

to other villagers (Columns 3–5).

4 Results

Summary statistics on outcomes in the experiment are presented in Table 7. In Panel A, we

show that the randomization was successful.9 Because the randomization into treatment groups

was carried out within gender-education strata, those variables show very small (statistically

insignificant) differences across the six treatments. Age, marital status, household size, and the

number of relatives within the village fluctuate slightly more, but all differences are small and few

are statistically significant.

In Table 7, Panel B, we provide summary statistics for the key outcomes of interest: the amount

invested (put in the business cup rather than the savings cup), which is subsequently announced

in the public treatments, and the willingness to pay to avoid making a public announcement.

On average, participants chose to invest roughly half their endowment in the risky but profitable

investment. Among those with the larger endowment of 180 shillings, the amount invested is

lower, on average, in the public treatments than in the private treatment. When allotted 180

shillings, participants could avoid publicly revealing that their endowment exceeded that of others

by investing 80 shillings or less; the frequency of this choice is tabulated in the third row of Panel

B, and is higher in the public treatments than in the private treatment. Among those in the

public–price treatment, the price of avoiding announcement ranged from ten to 60 shillings,

9We show that the randomization of the price of avoiding making an announcement was successful, though the
randomization was not stratified, in Table 17.
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yielding a mean exit price offered of 35 shillings (as shown). This price was, on average, 33.32

percent of the participants’ gross (savings plus earnings) payout in the low endowment condition,

and 20.56 percent in the high endowment condition. In this setting, 21 percent of participants

in the low endowment condition pay the price to avoid announcing, as do 34 percent in the high

endowment condition. The mean accepted price is lower: 20 percent of the gross payout in the low

endowment condition, and 13 percent in the high endowment condition. The coin flip determining

the success of the investment came up heads roughly half the time in all six treatments (again

confirming that the experiment went as intended). The average payouts (savings + 5 × investment

× heads) are tabulated in the last row of Panel B. In Panel C, we break down the mean investment

amount by gender and by education level. Notably, women appear to be responsible for the lower

investment levels in the public treatments among participants with the large endowment.

Our first main outcome of interest is the amount invested in the business cup. Table 8 reports

the results of a series of OLS regressions of the amount invested on indicators for assignment to

one of the public treatments and receiving the larger endowment, as well as an interaction between

the two. We report specifications with and without village fixed effects; these have little impact

on either coefficient estimates or significance levels, which is as expected since randomization to

treatment occured within each experimental session. On average, the treatments involving public

announcements do not appear to have a significant impact on individual investment decisions

(Columns 1–4). However, a different picture emerges when we disaggregate the impact of treat-

ment by gender (Columns 5–6). There is suggestive evidence that women in the large endowment

treatments invest less when they are obligated to make a public announcemenf of their investment

income. The coefficient estimates suggest that women reduce the amount they invest by approx-

imately six shillings, which is equivalent to a 6.2 percentage point reduction. We return to this

point below.

Next, we explore the interactions between assignment to the public treatments and the extent

of involvement in the kin and village transfer networks. Table 9 replicates Columns 4 and 6 of

9



Table 8, adding interactions between gender, treatment assignment, and the natural log of the

total amount of household transfers given to other village members over the last three months.10

Including the additional independent variables has almost no impact on the coefficient estimates

and significance levels attached to the original set of treatment-gender interactions (included in

Table 8). The coefficient estimates on the new variables indicate that men who make more

transfers to other households in their village also invest more in the experiment, but only in

the private treatments; assignment of these men to the public treatment is associated with a

significant decline in the amount invested. Moving from the average level of transfers given to one

standard deviation above the average level is associated with a 5.72 shilling decrease in investment.

Diaggregating the impacts by endowment level (Columns 3 and 4) demonstrates that the effects are

primarily driven by men assigned to the large endowment treatment, though the point estimates

move in the same direction for those allocated the smaller endowment. Thus, the interaction

between assignment to the public treatments and the amount transferred to other households in

one’s village is negative and significant for men, and the effect is robust across specifications. In

contrast, similar regressions estimating the association between interhousehold transfers received

from other villagers does not find a significant association between amount received and behavior

in the experiment for men or women (Table 10).

A similar pattern emerges when we interact treatment assignments with indicators for whether

a participant has been asked for a gift or loan by a relative in the village over the last three months.

In Table 11, we replicate the same set of regressions, including interactions with the indicator for

being asked for a transfer. As in the case of transfers made, male subjects who have been asked

for a transfer invest more overall, but significantly less in the public treatments than those have

not recently been asked for money by their relatives (though here, the effects are not driven by

those with the large endowment). In contrast to this, and analogously to the results in Table 10,

the indicator for having asked local relatives for a gift or loan does not significantly predict the

10The variable is the demeaned natural log of one plus total transfers, so that subjects who report zero transfers
are included in the regressions.
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behavior or male subjects in the experiment (Table 12).

In Table 13, we examine the association between behavior in the experiment and a range of

individual characteristics drawn from the survey. Several variables are significantly associated

with the amount invested in the experiment — for example, the indicators for being married and

for participating in a ROSCA — however, restricting the sample to only the public treatments

has little impact on coefficient estimates or significance levels.

In Table 14, we further explore this result by restricting the sample to subjects randomly

allocated the larger endowment. We estimate probit regressions of the impact of assignment to

the announcement treatments on the likelihood of investing 80 shillings or less, thereby preventing

other participants from learning that one has received the larger endowment. Here, the results

are striking: women are significantly more likely to invest 80 shillings or less in the announcement

treatments than in the private treatment, and this result is significant at the 95 percent level in all

specifications. The coefficient estimates indicate that being assigned to one of the announcement

treatments increases the probability that a female subject invests 80 shillings or less by between

9.9 and 12.5 percentage points.11

In Table 15, we replicate the probit specifications described above, but include interactions

between treatment assignment and the log of interhousehold transfers given (Columns 1–4) and

received (Columns 5–8) in the last three months. None of these interactions is significant at

conventional levels. In Table 16, reports the same set of regressions including interactions between

indicators for being asked for a gift or loan (Columns 1–4) and asking for a gift or loan (Columns

5–8) from another relative living in the village. Men who have been asked for a transfer are

significantly more likely to invest 80 shillings or less when assigned to the public treatments:

the coefficient estimates suggest that men who have been asked for a transfer are 24.6 and 28.4

percentage points more likely to invest 80 shillings or less.

Next we explore the determinants of paying to avoid making a public announcement of one’s

11 This effect is even more pronounced for unmarried women, for whom a 0.486 probit coefficient is equivalent
to a 19.2 percentage point increase in the likelihood of investing 80 shillings or less (results not shown).
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earnings. Table 17 reports summary statistics on participants in the public–price treatments,

broken down by randomly-assigned exit price; the table demonstrates that the randomization

was successful. In Table 18, we estimate the causal impact of increasing the price of exit and of

having a “successful” investment, which generates a positive income shock. Having a successful

investment increases the probability of buying out of a public announcement by an estimated 22.2

to 23.3 percentage points. Reassuringly, both coefficient estimates and significance levels change

little when the 10.3 percent of subjects unable to afford to buy their way out of announcing are

omitted from the sample, suggesting that results are not driven by selection. Subjects with the

larger endowment are more likely to pay, and are less sensitive to the price of exit.

In Table 19, we explore the interaction between being asked for a gift or loan by local relatives

and the likelihood of paying to avoid making an announcement. Both men and women are more

likely to buy out when they earn positive investment income, but the effect is particularly large

among those who have beena asked for money in the last three months.

5 Conclusions

We report the results of an experiment designed to measure the extent to which social pressures to

share with relatives in poor, agricultural “village economies” create disincentives to make profitable

investments. We find convincing evidence that both women, particularly unmarried women, and

men who have recently been asked for gifts or loans by relatives are willing to reduce their expected

profits to avoid making positive income shocks observable to the community. These groups are

also willing to pay to hide their money.
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Table 1: Summary Statistics on Experimental Subjects
Variable Mean Median Min Max N
Female 0.60 1 0 1 2004

(0.49)
Years of schooling 6.74 7 0 16 2001

(3.35)
Age 37.02 34 18 85 1975

(14.15)
Currently married 0.75 1 0 1 2000

(0.43)
Ever married 0.88 1 0 1 1997

(0.33)
No. cattle owned by HH 1.25 0 0 99 1983

(3.02)
No. bicycles owned by HH 0.83 1 0 6 1984

(0.76)
No. phones owned by HH 0.73 1 0 10 1982

(0.84)
No. televisions owned by HH 0.14 0 0 3 1981

(0.39)
No. mosquito nets owned by HH 2.13 2 0 11 1983

(1.46)
Household size 6.17 6 1 52 1985

(3.15)
Father lives in village 0.16 0 0 1 1983

(0.37)
Mother lives in village 0.27 0 0 1 1983

(0.45)
Father-in-law lives in village 0.14 0 0 1 1982

(0.35)
Mother-in-law lives in village 0.26 0 0 1 1981

(0.44)
Relatives in village, but outside of household 11.43 6 0 159 1980

(15.45)
Has regular employment 0.09 0 0 1 1978

(0.29)
Monthly wages (if employed) 3115.65 1500 100 21000 153

(4453.37)
HH member employed 0.16 0 0 1 1969

(0.37)
Has bank savings account 0.17 0 0 1 1980

(0.37)
Member of ROSCA 0.52 1 0 1 1977

(0.50)
Community groups 2.75 3 0 10 1982

(1.87)
No. of correct math responses (out of 3 questions) 2.15 2 0 3 1749

(1.00)
Standard deviations in parentheses.
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Table 2: Summary Statistics on Experimental Subjects — Interhousehold Transfers

Variable Mean Median Min Max N
Contributed to harambee in last 3 mos. 0.56 1 0 1 1982

(0.50)
Harambee contributions in last 3 mos. (if > 0) 428.84 200 3 15000 1110

(869.33)
Contributed to funeral in last 3 mos. 0.77 1 0 1 1973

(0.42)
Funeral contributions in last 3 mos. (if > 0) 280.63 120 1 7000 1499

(537.61)
Contributed to wedding in last 3 mos. 0.17 0 0 1 1975

(0.38)
Wedding contributions in last 3 mos. (if > 0) 350.70 200 10 5500 329

(640.66)
Contributed to school fees contributions in last 3 mos. 0.17 0 0 1 1969

(0.38)
School fees contributions in last 3 mos. (if > 0) 2528.67 400 10 90000 325

(7957.89)
Contributed to hospital fees in last 3 mos. 0.13 0 0 1 1973

(0.33)
Hospital fees contributions in last 3 mos. (if > 0) 710.36 300 10 33000 241

(2307.01)
Contributed to any of above in last 3 mos. 0.89 1 0 1 1984

(0.31)
Total contributions (to above) in last 3 mos. (if > 0) 1142.49 310 3 133000 1755

(4472.89)
HH member was asked for gift, loan in last 3 mos. 0.43 0 0 1 1969

(0.50)
HH member asked another HH for gift, loan in last 3 mos. 0.33 0 0 1 1981

(0.47)
HH received transfer (gift or loan) in last 3 mos. 0.44 0 0 1 1974

(0.50)
Total transfers received (if > 0) in last 3 mos. 2070.16 600 5 100000 868

(5711.56)
HH received transfer from co-villager in last 3 mos. 0.22 0 0 1 1973

(0.41)
Total transfers from villagers (if > 0) in last 3 mos. 1031.27 300 5 40060 427

(3282.94)
HH made transfer (gift or loan) in last 3 mos. 0.90 1 0 1 1980

(0.30)
Total transfers given (if > 0) in last 3 mos. 1228.90 375 5 63700 1756

(3579.69)
HH gave transfer from co-villager in last 3 mos. 0.78 1 0 1 1955

(0.42)
Total transfers to villagers (if > 0) in last 3 mos. 671.45 245 1 36500 1513

(1766.48)
Standard deviations in parentheses.
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Table 3: OLS Regressions of Log Amount Contributed to Harambees, etc.

Sample: All All Men Men Women Women
(1) (2) (3) (4) (5) (6)

Female -0.367∗∗∗ -0.377∗∗∗ . . . .
(0.133) (0.133)

Currently married 0.664∗∗∗ 0.686∗∗∗ 0.943∗∗∗ 0.771∗ 0.459∗∗∗ 0.796∗∗

(0.127) (0.128) (0.219) (0.449) (0.167) (0.326)
Years of education 0.061∗∗∗ 0.005 0.017 0.037 -0.022 -0.024

(0.016) (0.044) (0.077) (0.076) (0.056) (0.056)
(Years of education)2 . 0.004 0.003 0.002 0.006 0.007

(0.003) (0.005) (0.005) (0.005) (0.005)
First principal component of assets 0.09∗∗∗ 0.087∗∗∗ 0.065∗∗ 0.066∗∗ 0.128∗∗∗ 0.132∗∗∗

(0.022) (0.022) (0.031) (0.032) (0.032) (0.032)
Has bank savings account 0.376∗∗∗ 0.356∗∗∗ 0.439∗∗∗ 0.442∗∗∗ 0.295 0.285

(0.134) (0.134) (0.167) (0.166) (0.227) (0.226)
Participates in ROSCA 0.122 0.129 0.17 0.382 0.112 0.57∗

(0.117) (0.117) (0.181) (0.48) (0.16) (0.305)
Married × member of ROSCA . . . -0.275 . -0.614∗

(0.491) (0.329)
Any HH member employed -0.09 -0.1 -0.098 -0.081 -0.055 -0.055

(0.112) (0.113) (0.171) (0.17) (0.153) (0.153)
Parent lives in village 0.055 0.052 0.211 -0.522 -0.151 -0.154

(0.126) (0.126) (0.164) (0.408) (0.214) (0.35)
Married × parent in village . . . 0.886∗∗ . 0.115

(0.421) (0.433)
Parent-in-law in village 0.045 0.05 -0.202 -0.209 0.123 0.108

(0.118) (0.118) (0.27) (0.272) (0.135) (0.136)
Other relatives in village (outside HH) 0.008∗∗∗ 0.008∗∗∗ 0.009∗∗∗ 0.027∗∗∗ 0.006 0.006

(0.003) (0.003) (0.003) (0.008) (0.005) (0.006)
Married × other relatives in village . . . -0.022∗∗ . 0.001

(0.009) (0.009)
No. of community groups 0.296∗∗∗ 0.295∗∗∗ 0.289∗∗∗ 0.292∗∗∗ 0.268∗∗∗ 0.265∗∗∗

(0.032) (0.032) (0.048) (0.048) (0.046) (0.045)
Village FEs Yes Yes Yes Yes Yes Yes
Observations 1897 1897 760 760 1137 1137
R2 0.229 0.23 0.295 0.306 0.191 0.194
Robust standard errors in parentheses. Age, Age2, and HH size included as controls in all specifications.
∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates significance at the 95 percent level; and ∗
indicates significance at the 90 percent level.
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Table 4: Regressions of Interhousehold Transfers Received

Dependent Variable: Received transfer Total from co-villagers Total from outside village
Specification: Probit OLS OLS OLS OLS OLS OLS OLS
Sample: All All All Men Women All Men Women

(1) (2) (3) (4) (5) (6) (7) (8)
Female 0.171∗∗ 0.063∗∗ 0.051 . . 0.374∗∗ . .

(0.084) (0.032) (0.141) (0.175)
Currently married -0.099 -0.037 -0.042 0.202 -0.136 -0.362∗∗ -0.365 -0.214

(0.078) (0.03) (0.13) (0.254) (0.168) (0.166) (0.316) (0.218)
Years of education 0.039 0.014 0.024 0.024 -0.013 0.021 0.029 0.055

(0.028) (0.01) (0.043) (0.079) (0.055) (0.057) (0.105) (0.073)
(Years of education)2 0.0001 0.0001 -0.002 -0.005 0.004 0.008∗ 0.008 0.006

(0.002) (0.0008) (0.003) (0.005) (0.005) (0.005) (0.008) (0.006)
First principal component of assets 0.038∗∗∗ 0.014∗∗∗ -0.004 0.053 -0.051 0.151∗∗∗ 0.107∗∗ 0.177∗∗∗

(0.014) (0.005) (0.025) (0.038) (0.032) (0.034) (0.05) (0.047)
Has bank savings account 0.06 0.022 0.175 0.129 0.24 0.23 0.525∗ 0.031

(0.085) (0.033) (0.163) (0.232) (0.237) (0.202) (0.28) (0.297)
Participates in ROSCA 0.014 0.004 0.084 0.304 -0.059 -0.051 -0.002 -0.141

(0.074) (0.028) (0.13) (0.22) (0.162) (0.158) (0.262) (0.201)
Any HH member employed 0.034 0.013 0.267∗∗ 0.035 0.35∗∗ -0.102 0.248 -0.274

(0.071) (0.027) (0.123) (0.199) (0.158) (0.154) (0.263) (0.191)
Parent lives in village -0.14∗ -0.054∗ -0.141 -0.069 -0.263 -0.415∗∗ -0.253 -0.511∗

(0.084) (0.032) (0.143) (0.201) (0.224) (0.172) (0.24) (0.262)
Parent-in-law in village 0.017 0.006 -0.008 0.225 -0.063 0.125 0.083 0.147

(0.077) (0.029) (0.134) (0.397) (0.144) (0.168) (0.444) (0.186)
Other relatives in village (outside HH) 0.005∗∗ 0.002∗∗ 0.01∗∗ 0.008 0.013∗∗ 0.008 0.009 0.004

(0.002) (0.0008) (0.004) (0.006) (0.006) (0.005) (0.006) (0.007)
No. of community groups 0.06∗∗∗ 0.023∗∗∗ 0.077∗∗ 0.048 0.082∗ 0.146∗∗∗ 0.1 0.159∗∗∗

(0.02) (0.008) (0.035) (0.054) (0.047) (0.045) (0.068) (0.06)
Village FEs Yes Yes Yes Yes Yes Yes Yes Yes
Observations 1900 1900 2252 855 1397 2254 855 1399
R2 . 0.06 0.051 0.086 0.056 0.082 0.138 0.081
Pseudo R2 0.045 . . . . . . .
Robust standard errors in parentheses. Age, Age2, and HH size included as controls in all specifications. ∗∗∗ indicates significance
at the 99 percent level; ∗∗ indicates significance at the 95 percent level; and ∗ indicates significance at the 90 percent level.
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Table 5: Regressions of Interhousehold Transfers Given

Dependent Variable: Gave transfer Total to co-villagers Total to outside village
Specification: Probit OLS OLS OLS OLS OLS OLS OLS
Sample: All All All Men Women All Men Women

(1) (2) (3) (4) (5) (6) (7) (8)
Female -0.316∗∗∗ -0.05∗∗∗ -0.264∗ . . -0.394∗∗ . .

(0.122) (0.019) (0.146) (0.171)
Currently married 0.268∗∗ 0.043∗∗ 0.541∗∗∗ 0.933∗∗∗ 0.31∗ 0.27∗ 0.131 0.287

(0.107) (0.02) (0.135) (0.262) (0.174) (0.158) (0.32) (0.205)
Years of education 0.018 0.0008 0.039 -0.044 0.037 -0.048 -0.181 -0.028

(0.039) (0.006) (0.049) (0.104) (0.06) (0.057) (0.12) (0.071)
(Years of education)2 -0.0004 0.00006 0.0007 0.004 0.003 0.006 0.013 0.005

(0.003) (0.0005) (0.004) (0.007) (0.005) (0.004) (0.008) (0.006)
First principal component of assets 0.047∗∗ 0.006∗∗ 0.054∗∗ 0.003 0.121∗∗∗ 0.137∗∗∗ 0.169∗∗∗ 0.119∗∗

(0.021) (0.003) (0.026) (0.039) (0.035) (0.033) (0.047) (0.048)
Has bank savings account 0.018 -0.005 0.239 0.57∗∗∗ -0.059 0.39∗ 0.252 0.525∗

(0.141) (0.016) (0.159) (0.217) (0.243) (0.2) (0.286) (0.287)
Participates in ROSCA 0.019 0.017 0.292∗∗ 0.428∗∗ 0.175 0.139 0.263 0.053

(0.105) (0.016) (0.13) (0.213) (0.163) (0.154) (0.262) (0.192)
Any HH member employed 0.119 0.014 0.199 0.27 0.185 0.179 0.073 0.243

(0.103) (0.015) (0.123) (0.198) (0.159) (0.148) (0.251) (0.185)
Parent lives in village -0.121 -0.021 0.329∗∗ 0.531∗∗∗ -0.06 -0.591∗∗∗ -0.265 -0.851∗∗∗

(0.132) (0.019) (0.147) (0.205) (0.228) (0.175) (0.248) (0.256)
Parent-in-law in village -0.002 0.002 -0.117 -0.237 -0.078 -0.033 -0.124 -0.072

(0.109) (0.018) (0.131) (0.371) (0.143) (0.154) (0.381) (0.172)
Other relatives in village (outside HH) 0.003 0.0005 0.018∗∗∗ 0.017∗∗∗ 0.022∗∗∗ -0.006 -0.009 -0.0005

(0.005) (0.0005) (0.004) (0.005) (0.006) (0.005) (0.006) (0.007)
No. of community groups 0.223∗∗∗ 0.029∗∗∗ 0.295∗∗∗ 0.216∗∗∗ 0.316∗∗∗ 0.245∗∗∗ 0.219∗∗∗ 0.267∗∗∗

(0.035) (0.004) (0.035) (0.057) (0.046) (0.042) (0.067) (0.055)
Constant -0.893∗∗ 0.532∗∗∗ 0.854 1.516∗ 0.844 0.972 0.259 0.576

(0.409) (0.079) (0.531) (0.842) (0.717) (0.626) (1.009) (0.793)
Village FEs Yes Yes Yes Yes Yes Yes Yes Yes
Observations 1904 1904 2241 852 1389 2257 855 1402
R2 . 0.099 0.167 0.167 0.167 0.108 0.131 0.114
Pseudo R2 0.163 . . . . . . .
Robust standard errors in parentheses. Age, Age2, and HH size included as controls in all specifications. ∗∗∗ indicates significance
at the 99 percent level; ∗∗ indicates significance at the 95 percent level; and ∗ indicates significance at the 90 percent level.
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Table 6: Situations when HH asked others for gifts or loans

HH asked for gift or loan from. . . HH was asked for gift or loan by. . .
Relatives Non-relatives Relatives Non-relatives

Dependent Variable: In village Outside In village Outside In village Outside In village Outside
Specification: Probit Probit Probit Probit Probit Probit Probit Probit

(1) (2) (3) (4) (5) (6) (7) (8)
Female -0.023 -0.01 -0.168 -0.238∗ -0.002 -0.062 -0.098 -0.237∗

(0.115) (0.105) (0.107) (0.142) (0.102) (0.104) (0.09) (0.134)
Currently married -0.005 -0.202∗∗ -0.074 -0.106 0.222∗∗ 0.018 0.032 -0.042

(0.105) (0.095) (0.096) (0.131) (0.097) (0.1) (0.084) (0.135)
Years of education -0.014 0.095∗∗ 0.013 0.04 0.015 0.007 0.035 -0.066

(0.038) (0.039) (0.035) (0.057) (0.036) (0.036) (0.032) (0.047)
(Years of education)2 0.002 -0.004 0.00003 0.0004 0.0004 -0.0003 -0.0006 0.005

(0.003) (0.003) (0.002) (0.004) (0.003) (0.003) (0.002) (0.003)
First principal component of assets -0.048∗∗ 0.009 -0.068∗∗∗ -0.01 -0.017 0.027∗ 0.002 0.049∗∗

(0.02) (0.017) (0.02) (0.023) (0.016) (0.015) (0.015) (0.02)
Has bank savings account 0.103 -0.026 -0.07 0.317∗∗ 0.227∗∗ 0.196∗∗ 0.143 0.296∗∗

(0.117) (0.109) (0.107) (0.131) (0.097) (0.098) (0.088) (0.13)
Participates in ROSCA -0.099 0.097 0.067 0.163 0.205∗∗ 0.202∗∗ 0.038 -0.104

(0.101) (0.093) (0.093) (0.144) (0.088) (0.093) (0.08) (0.128)
Any HH member employed -0.078 -0.21∗∗ 0.232∗∗∗ 0.127 -0.051 0.111 0.037 -0.077

(0.095) (0.096) (0.084) (0.119) (0.085) (0.085) (0.075) (0.118)
Parent lives in village 0.16 0.078 0.109 0.233∗ 0.334∗∗∗ 0.092 0.062 0.09

(0.113) (0.108) (0.102) (0.14) (0.098) (0.103) (0.089) (0.13)
Parent-in-law in village 0.218∗∗ 0.174∗ 0.086 -0.231 0.143 -0.02 0.092 -0.112

(0.104) (0.098) (0.093) (0.156) (0.092) (0.097) (0.083) (0.139)
Other relatives in village (outside HH) 0.007∗∗∗ 0.001 0.003 -0.002 0.004∗ -0.007∗∗ 0.0009 -0.002

(0.002) (0.002) (0.002) (0.004) (0.002) (0.003) (0.002) (0.003)
No. of community groups 0.056∗∗ 0.023 0.059∗∗ 0.045 0.071∗∗∗ 0.076∗∗∗ 0.091∗∗∗ 0.114∗∗∗

(0.027) (0.025) (0.024) (0.035) (0.023) (0.024) (0.021) (0.031)
Village FEs Yes Yes Yes Yes Yes Yes Yes Yes
Observations 1908 1908 1908 1835 1900 1899 1900 1899
Pseudo R2 0.053 0.055 0.059 0.116 0.077 0.051 0.046 0.109
Robust standard errors in parentheses. Age, Age2, and HH size included as controls in all specifications.
∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates significance at the 95 percent level; and ∗
indicates significance at the 90 percent level.
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Table 7: Summary Statistics by Experimental Treatment

Treatment: Private Public Payment Private Public Payment
Budget Size: Small Small Small Large Large Large
Panel A: Experimental Subject Characteristics
Proportion female 0.61 0.60 0.60 0.61 0.61 0.60

(0.03) (0.03) (0.03) (0.03) (0.03) (0.03)
Years of schooling 6.53 6.88 6.85 6.56 6.70 6.90

(0.18) (0.17) (0.18) (0.20) (0.18) (0.19)
Any secondary school 0.40 0.42 0.44 0.43 0.42 0.42

(0.03) (0.03) (0.03) (0.03) (0.03) (0.03)
Age 37.62 37.91 36.25 36.59 37.25 36.45

(0.76) (0.81) (0.80) (0.77) (0.78) (0.78)
Currently married 0.78 0.78 0.75 0.73 0.76 0.73

(0.02) (0.02) (0.02) (0.02) (0.02) (0.02)
HH size 6.43 5.89 6.19 5.91 6.22 6.38

(0.18) (0.15) (0.19) (0.15) (0.15) (0.21)
Other relatives in village 12.31 9.64 12.69 9.85 11.89 12.39

(0.88) (0.71) (0.88) (0.66) (0.96) (0.97)
Panel B: Outcomes in Experiment
Business investment 41.04 42.23 41.84 93.54 92.13 90.19

(0.83) (0.86) (0.82) (1.96) (1.96) (1.93)
Fraction invested 0.51 0.53 0.52 0.52 0.51 0.50

(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)
Investing 80 shillings or less . . . 0.42 0.46 0.48

(0.03) (0.03) (0.03)
Mean exit price (Kenyan shillings) . . 34.77 . . 35.00

(0.94) (0.94)
Mean exit price (% gross) . . 33.32 . . 20.56

(1.82) (1.15)
Proportion buying out . . 0.21 . . 0.34

(0.02) (0.03)
Mean accepted exit price (% gross) . . 20.34 . . 12.56

(2.31) (1.33)
Proportion heads 0.53 0.45 0.52 0.55 0.50 0.55

(0.03) (0.03) (0.03) (0.03) (0.03) (0.03)
Average payout (Kenyan shillings) 149.01 132.84 139.03 345.88 318.66 335.55

(6.09) (6.13) (6.08) (14.00) (13.95) (13.99)
Panel C: Business Investment, by Demographic Group
Men 42.13 44.20 42.23 87.69 91.81 88.08

(1.41) (1.28) (1.18) (3.43) (3.34) (3.20)
Women 40.33 40.92 41.57 97.23 92.34 91.61

(1.01) (1.15) (1.12) (2.31) (2.42) (2.41)
Primary school only 41.48 42.35 42.82 91.73 93.63 91.76

(1.00) (1.13) (1.16) (2.57) (2.54) (2.54)
Some secondary school 40.36 42.07 40.57 95.93 90.07 87.99

(1.42) (1.32) (1.11) (3.01) (3.10) (2.96)
Standard errors in parentheses. Within each village, randomized assignment to treatment was stratified
by gender and education level (an indicator for going beyond primary school).
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Table 8: OLS Regressions of Amount Invested by Experimental Treatment

OLS OLS OLS OLS OLS OLS
(1) (2) (3) (4) (5) (6)

Public treatment -0.659 -0.861 1.005 0.79 . .
(1.286) (1.284) (1.018) (1.037)

Large endowment 50.281∗∗∗ 50.193∗∗∗ 52.504∗∗∗ 52.398∗∗∗ . .
(1.225) (1.219) (2.122) (2.116)

Large endowment × public . . -3.377 -3.346 . .
(2.598) (2.591)

Female . . . . -1.801 -1.655
(1.732) (1.761)

Male × public . . . . 1.114 0.999
(1.656) (1.688)

Female × public . . . . 0.899 0.609
(1.289) (1.310)

Male × large endowment . . . . 45.560∗∗∗ 45.383∗∗∗

(3.698) (3.678)
Female × large endowment . . . . 56.901∗∗∗ 56.820∗∗∗

(2.524) (2.526)
Male × large endowment × public . . . . 1.116 1.058

(4.446) (4.424)
Female × large endowment × public . . . . -6.148∗ -6.041∗

(3.150) (3.143)
Village FEs No Yes No Yes No Yes
Observations 1999 1999 1999 1999 1999 1999
R2 0.462 0.475 0.463 0.476 0.466 0.479
Robust standard errors in parentheses. ∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates
significance at the 95 percent level; and ∗ indicates significance at the 90 percent level.
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Table 9: OLS Regressions of Amount Invested by Experimental Treatment, Transfers Given

OLS OLS OLS OLS
(1) (2) (3) (4)

Public treatment 0.618 . 0.642 .
(1.063) (1.054)

Large endowment 52.177∗∗∗ . 52.199∗∗∗ .
(2.143) (2.138)

Large endowment × public -3.393 . -3.426 .
(2.620) (2.617)

Female . -1.585 . -1.353
(1.814) (1.778)

Male × public . 0.948 . 1.122
(1.723) (1.685)

Female × public . 0.382 . 0.322
(1.344) (1.345)

Male × large endowment . 45.079∗∗∗ . 45.402∗∗∗

(3.657) (3.607)
Female × large endowment . 56.690∗∗∗ . 56.549∗∗∗

(2.588) (2.605)
Male × large endowment × public . 1.221 . 0.882

(4.418) (4.379)
Female × large endowment × public . -6.264∗ . -6.132∗

(3.207) (3.221)
Male × village transfers given 1.990∗∗ 1.958∗∗ 0.441 0.455

(0.791) (0.778) (0.552) (0.555)
Male × public × village transfers given -2.226∗∗ -2.204∗∗ -0.734 -0.78

(0.913) (0.902) (0.664) (0.663)
Male × large endowment × village transfers given . . 3.323∗∗ 3.224∗∗

(1.606) (1.592)
Male × public × large endowment × village transfers given . . -3.205∗ -3.062∗

(1.842) (1.828)
Female × village transfers given 0.043 -0.02 -0.336 -0.316

(0.503) (0.506) (0.431) (0.433)
Female × public × village transfers given -0.032 0.021 0.418 0.381

(0.615) (0.618) (0.513) (0.515)
Female × large endowment × village transfers given . . 0.771 0.601

(0.995) (0.998)
Female × public × large endowment × village transfers given . . -0.93 -0.742

(1.246) (1.248)
Village FEs Yes Yes Yes Yes
Observations 1962 1962 1962 1962
R2 0.474 0.478 0.476 0.48
Robust standard errors in parentheses. ∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates
significance at the 95 percent level; and ∗ indicates significance at the 90 percent level.
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Table 10: OLS Regressions of Amount Invested by Experimental Treatment, Transfers Received

OLS OLS OLS OLS
(1) (2) (3) (4)

Public treatment 0.634 . 0.678 .
(1.050) (1.048)

Large endowment 52.061∗∗∗ . 52.097∗∗∗ .
(2.145) (2.147)

Large endowment × public -3.131 . -3.137 .
(2.629) (2.632)

Female . -1.824 . -1.688
(1.780) (1.775)

Male × public . 0.779 . 0.943
(1.702) (1.699)

Female × public . 0.498 . 0.459
(1.329) (1.327)

Male × large endowment . 44.540∗∗∗ . 44.708∗∗∗

(3.691) (3.709)
Female × large endowment . 56.831∗∗∗ . 56.776∗∗∗

(2.577) (2.570)
Male × large endowment × public . 1.817 . 1.676

(4.463) (4.477)
Female × large endowment × public . -6.194∗ . -6.105∗

(3.199) (3.198)
Male × village transfers rcvd. 0.056 0.081 0.854∗ 0.827∗

(0.655) (0.641) (0.464) (0.467)
Male × public × village transfers rcvd. -0.754 -0.761 -0.825 -0.783

(0.785) (0.774) (0.632) (0.636)
Male × large endowment × village transfers rcvd. . . -1.680 -1.569

(1.363) (1.357)
Male × public × large endowment × village transfers rcvd. . . 0.287 0.184

(1.592) (1.589)
Female × village transfers rcvd. -0.034 -0.022 0.405 0.4

(0.502) (0.499) (0.422) (0.421)
Female × public × village transfers rcvd. 0.39 0.361 0.183 0.185

(0.636) (0.635) (0.558) (0.558)
Female × large endowment × village transfers rcvd. . . -0.884 -0.85

(1.022) (1.009)
Female × public × large endowment × village transfers rcvd. . . 0.444 0.386

(1.264) (1.255)
Village FEs Yes Yes Yes Yes
Observations 1967 1967 1967 1967
R2 0.474 0.478 0.475 0.479
Robust standard errors in parentheses. ∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates
significance at the 95 percent level; and ∗ indicates significance at the 90 percent level.
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Table 11: OLS Regressions of Amount Invested by Experimental Treatment, Requests Received

OLS OLS OLS OLS
(1) (2) (3) (4)

Public treatment 1.826 . 1.355 .
(1.186) (1.139)

Large endowment 52.466∗∗∗ . 52.900∗∗∗ .
(2.137) (2.348)

Large endowment × public -3.685 . -2.728 .
(2.613) (2.877)

Female . 1.206 . 0.804
(2.016) (1.907)

Male × public . 4.588∗∗ . 3.820∗∗

(1.947) (1.831)
Female × public . 0.052 . -0.255

(1.491) (1.454)
Male × large endowment . 45.384∗∗∗ . 45.226∗∗∗

(3.662) (4.052)
Female × large endowment . 57.030∗∗∗ . 57.681∗∗∗

(2.554) (2.804)
Male × large endowment × public . 0.803 . 2.407

(4.429) (4.953)
Female × large endowment × public . -6.510∗∗ . -5.910∗

(3.171) (3.471)
Male × asked for money by local relatives 6.098 9.839∗∗ 9.026∗∗ 9.459∗∗

(4.060) (4.357) (3.564) (3.781)
Male × public × asked for money by local relatives -12.330∗∗ -16.678∗∗∗ -10.017∗∗ -12.453∗∗∗

(4.915) (5.283) (4.173) (4.433)
Male × large endowment × asked by local relatives . . -6.878 0.874

(8.788) (9.386)
Male × public × large endowment × asked by local relatives . . -3.026 -8.237

(10.306) (11.085)
Female × asked for money by local relatives -0.954 -3.482 -1.270 -1.528

(3.203) (3.299) (2.763) (2.847)
Female × public × asked for money by local relatives -1.257 1.891 2.338 3.899

(3.946) (4.080) (3.518) (3.644)
Female × large endowment × asked by local relatives . . 0.715 -4.127

(6.753) (6.941)
Female × public × large endowment × asked by local relative . . -8.082 -4.849

(8.337) (8.581)
Village FEs Yes Yes Yes Yes
Observations 1966 1966 1966 1966
R2 0.475 0.481 0.477 0.482
Robust standard errors in parentheses. ∗∗∗ indicates significance at the 99 percent level; ∗∗ indicates significance
at the 95 percent level; and ∗ indicates significance at the 90 percent level.
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Table 12: OLS Regressions of Amount Invested by Experimental Treatment, Requests Made

OLS OLS OLS OLS
(1) (2) (3) (4)

Public treatment 0.808 . 0.333 .
(1.135) (1.097)

Large endowment 52.092∗∗∗ . 51.907∗∗∗ .
(2.147) (2.188)

Large endowment × public -3.304 . -2.355 .
(2.621) (2.717)

Female . -0.373 . -0.796
(1.929) (1.868)

Male × public . 2.446 . 1.587
(1.810) (1.771)

Female × public . -0.27 . -0.513
(1.457) (1.394)

Male × large endowment . 45.168∗∗∗ . 44.422∗∗∗

(3.682) (3.857)
Female × large endowment . 56.463∗∗∗ . 56.573∗∗∗

(2.586) (2.579)
Male × large endowment × public . 1.045 . 2.773

(4.434) (4.689)
Female × large endowment × public . -5.976∗ . -5.489∗

(3.198) (3.265)
Male × asked local relatives for money 3.434 5.505 2.825 2.325

(4.949) (5.222) (4.583) (4.748)
Male × public × asked local relatives for money -7.857 -10.603∗ -2.096 -3.412

(5.903) (6.209) (5.610) (5.793)
Male × large endowment × asked local relatives . . 1.665 9.187

(12.414) (12.836)
Male × public × large endowment × asked local relatives . . -12.420 -17.546

(13.946) (14.476)
Female × asked local relatives for money -3.366 -5.051 -4.631 -4.334

(6.124) (6.191) (3.437) (3.523)
Female × public × asked local relatives for money 5.816 7.859 9.292∗∗ 10.162∗∗

(6.785) (6.879) (4.468) (4.570)
Female × large endowment × asked local relatives . . 3.058 -1.638

(14.259) (14.346)
Female × public × large endowment × asked local relatives . . -7.216 -4.090

(15.350) (15.473)
Village FEs Yes Yes Yes Yes
Observations 1977 1977 1977 1977
R2 0.473 0.477 0.474 0.478
Robust standard errors in parentheses. ∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates
significance at the 95 percent level; and ∗ indicates significance at the 90 percent level.
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Table 13: OLS Regressions of Amount Invested by Experimental Treatment and Gender

Sample (Treatments included): All All All Public All Public
Sample (Gender): All All Men Men Women Women

(1) (2) (3) (4) (5) (6)
Female -0.847 -0.748 . . . .

(2.147) (2.177)
Male × public 1.245 1.172 0.542 . . .

(1.700) (1.730) (1.807)
Female × public 0.777 0.462 . . 0.614 .

(1.353) (1.375) (1.448)
Male × large endowment 44.786∗∗∗ 44.513∗∗∗ 44.417∗∗∗ 47.440∗∗∗ . .

(3.652) (3.636) (3.613) (2.528)
Female × large endowment 57.043∗∗∗ 56.898∗∗∗ . . 56.694∗∗∗ 50.209∗∗∗

(2.639) (2.644) (2.659) (2.030)
Male × large endowment × public 2.110 2.008 2.484 . . .

(4.427) (4.412) (4.392)
Female × large endowment × public -6.762∗∗ -6.387∗ . . -6.492∗ .

(3.312) (3.316) (3.328)
Currently married 2.989∗ 2.999∗ 4.536 8.142∗ 3.527∗ 4.202∗

(1.602) (1.641) (3.333) (4.156) (1.959) (2.522)
Years of education 0.822 0.717 2.730∗∗ 2.467 -0.128 0.512

(0.578) (0.586) (1.094) (1.632) (0.711) (0.929)
(Years of education)2 -0.087∗∗ -0.077∗ -0.221∗∗∗ -0.206∗ 0.006 -0.044

(0.044) (0.044) (0.074) (0.109) (0.057) (0.07)
First principal component of assets 0.332 0.374 0.851∗∗ 0.318 -0.181 -0.326

(0.284) (0.291) (0.401) (0.502) (0.412) (0.505)
Has bank savings account 2.805 2.331 4.778∗ 2.905 1.039 0.259

(1.787) (1.804) (2.446) (3.056) (2.670) (3.277)
Participates in ROSCA 3.660∗∗ 3.591∗∗ 6.134∗∗ 6.212∗∗ 1.037 -0.321

(1.525) (1.522) (2.462) (3.004) (1.947) (2.493)
Any HH member employed 0.658 0.794 4.645∗ 3.489 -1.474 -1.019

(1.491) (1.512) (2.445) (2.818) (1.895) (2.386)
Parent lives in village 2.370 2.520 5.269∗∗ 5.652∗∗ -0.962 -1.768

(1.715) (1.732) (2.365) (2.864) (2.571) (3.205)
Parent-in-law in village -0.365 -0.005 -2.765 -6.242 0.06 -0.49

(1.664) (1.665) (4.228) (5.043) (1.846) (2.306)
Other relatives in village (outside HH) 0.01 0.011 0.052 0.067 -0.033 -0.044

(0.043) (0.044) (0.051) (0.07) (0.086) (0.111)
No. of community groups -0.678∗ -0.553 -1.281∗∗ -1.760∗∗ -0.037 0.024

(0.402) (0.409) (0.629) (0.789) (0.554) (0.685)
Village FEs No Yes Yes Yes Yes Yes
Observations 1903 1903 762 508 1141 749
R2 0.466 0.478 0.457 0.476 0.52 0.502
Robust standard errors in parentheses. Age, Age2, and HH size included as controls in all specifications. ∗∗∗
indicates significance at the 99 percent level; ∗∗ indicates significance at the 95 percent level; and ∗ indicates
significance at the 90 percent level.
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Table 14: Probit Regressions of Indicator for Investing 80 Shillings or Less

(1) (2) (3) (4) (5) (6)
Public treatment 0.133 0.151∗ . . . .

(0.085) (0.085)
Female . . -0.367∗∗∗ -0.395∗∗∗ -0.42∗∗ -0.424∗∗

(0.142) (0.143) (0.168) (0.171)
Male × public . . -0.044 -0.025 -0.053 -0.028

(0.135) (0.136) (0.14) (0.141)
Female × public . . 0.249∗∗ 0.266∗∗ 0.298∗∗∗ 0.3∗∗∗

(0.11) (0.111) (0.115) (0.116)
Years of education . . . . -0.033 -0.043

(0.04) (0.041)
(Years of education)2 . . . . 0.003 0.004

(0.003) (0.003)
First principal component of assets . . . . -0.002 -0.001

(0.019) (0.02)
Has bank savings account . . . . -0.095 -0.044

(0.124) (0.129)
Participates in ROSCA . . . . 0.093 0.09

(0.105) (0.108)
Any HH member employed . . . . 0.063 0.074

(0.099) (0.102)
Parent lives in village . . . . -0.059 -0.075

(0.114) (0.118)
Parent-in-law in village . . . . -0.019 -0.071

(0.107) (0.11)
Other relatives in village (outside HH) . . . . -0.003 -0.003

(0.003) (0.003)
No. of community groups . . . . 0.017 0.018

(0.028) (0.029)
Village FEs No Yes No Yes No Yes
Observations 986 986 986 986 931 931
Pseudo R2 0.002 0.034 0.007 0.04 0.018 0.049
Robust standard errors in parentheses. Age, Age2, Years of education, (Years of education)2

and HH size included as controls in all specifications. ∗ ∗ ∗ indicates significance at the 99 percent
level; ∗∗ indicates significance at the 95 percent level; and ∗ indicates significance at the 90 percent level.
Sample restricted to subjects receiving larger endowment.
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Table 15: Probit Regressions of Indicator for Investing Less than 80 Shillings, by Transfers Given and Received

(1) (2) (3) (4) (5) (6) (7) (8)
Public treatment . . . . . . . .

Female -0.35∗∗ -0.389∗∗∗ -0.415∗∗ -0.43∗∗ -0.372∗∗∗ -0.405∗∗∗ -0.427∗∗ -0.429∗∗

(0.144) (0.146) (0.172) (0.175) (0.143) (0.145) (0.169) (0.172)
Male × public -0.032 -0.022 -0.036 -0.017 -0.045 -0.03 -0.052 -0.028

(0.137) (0.138) (0.141) (0.143) (0.136) (0.137) (0.14) (0.142)
Female × public 0.259∗∗ 0.278∗∗ 0.315∗∗∗ 0.322∗∗∗ 0.262∗∗ 0.281∗∗ 0.309∗∗∗ 0.313∗∗∗

(0.111) (0.112) (0.117) (0.118) (0.111) (0.112) (0.116) (0.117)
Male × village transfers given -0.08∗ -0.057 -0.08∗ -0.057 . . . .

(0.045) (0.045) (0.046) (0.048)
Male × public × village transfers given 0.069 0.051 0.069 0.051 . . . .

(0.054) (0.055) (0.056) (0.057)
Female × village transfers given -0.018 -0.013 -0.013 -0.007 . . . .

(0.037) (0.038) (0.04) (0.041)
Female × public × village transfers given 0.031 0.025 0.013 0.007 . . . .

(0.045) (0.046) (0.047) (0.048)
Male × village transfers rcvd. . . . . 0.036 0.036 0.035 0.035

(0.045) (0.045) (0.046) (0.046)
Male × public × village transfers rcvd. . . . . -0.011 -0.003 -0.014 -0.005

(0.054) (0.054) (0.055) (0.056)
Female × village transfers rcvd. . . . . 0.045 0.044 0.04 0.04

(0.038) (0.039) (0.04) (0.041)
Female × public × village transfers rcvd. . . . . -0.065 -0.073 -0.068 -0.075

(0.046) (0.047) (0.048) (0.049)
Village FEs No Yes No Yes No Yes No Yes
Observations 969 969 923 923 971 971 927 927
Pseudo R2 0.01 0.041 0.022 0.051 0.01 0.043 0.021 0.052
Robust standard errors in parentheses. Age, Age2, Years of education, (Years of education)2 and HH size
included as controls in all specifications. ∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates significance at
the 95 percent level; and ∗ indicates significance at the 90 percent level. Sample restricted to subjects receiving larger
endowment.
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Table 16: Probit Regressions of Indicator for Investing Less than 80 Shillings, by Requests Made and Received

(1) (2) (3) (4) (5) (6) (7) (8)
Public treatment . . . . . . . .

Female -0.489∗∗∗ -0.496∗∗∗ -0.548∗∗∗ -0.534∗∗∗ -0.381∗∗∗ -0.412∗∗∗ -0.439∗∗ -0.442∗∗

(0.156) (0.158) (0.182) (0.186) (0.147) (0.149) (0.173) (0.176)
Male × public -0.176 -0.147 -0.18 -0.139 -0.06 -0.039 -0.069 -0.036

(0.151) (0.153) (0.156) (0.159) (0.142) (0.143) (0.146) (0.148)
Female × public 0.288∗∗ 0.296∗∗ 0.339∗∗∗ 0.34∗∗∗ 0.274∗∗ 0.29∗∗ 0.33∗∗∗ 0.329∗∗∗

(0.12) (0.122) (0.125) (0.127) (0.115) (0.116) (0.12) (0.122)
Male × asked for money by local relatives -0.536∗ -0.429 -0.538∗ -0.428 . . . .

(0.308) (0.309) (0.314) (0.317)
Male × public × asked for money by local relatives 0.746∗∗ 0.664∗ 0.728∗∗ 0.638∗ . . . .

(0.364) (0.365) (0.371) (0.374)
Female × asked for money by local relatives 0.215 0.185 0.215 0.202 . . . .

(0.25) (0.251) (0.255) (0.258)
Female × public × asked for money by local relatives -0.172 -0.145 -0.204 -0.21 . . . .

(0.316) (0.322) (0.325) (0.331)
Male × asked local relatives for money . . . . -0.021 -0.001 -0.093 -0.062

(0.458) (0.461) (0.452) (0.444)
Male × public × asked local relatives for money . . . . 0.103 0.034 0.186 0.108

(0.52) (0.523) (0.514) (0.508)
Female × asked local relatives for money . . . . 0.36 0.35 0.282 0.3

(0.374) (0.376) (0.387) (0.392)
Female × public × asked local relatives for money . . . . -0.42 -0.424 -0.406 -0.401

(0.425) (0.429) (0.44) (0.447)
Village FEs No Yes No Yes No Yes No Yes
Observations 970 970 928 928 977 977 931 931
Pseudo R2 0.011 0.043 0.022 0.052 0.008 0.04 0.019 0.049
Robust standard errors in parentheses. Age, Age2, Years of education, (Years of education)2 and HH size
included as controls in all specifications. ∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates significance at
the 95 percent level; and ∗ indicates significance at the 90 percent level. Sample restricted to subjects receiving larger
endowment.

29



Table 17: Summary Statistics by Price of Exit

Price of Exit: 10 20 30 40 50 60
Proportion female 0.61 0.60 0.48 0.61 0.62 0.65

(0.05) (0.05) (0.05) (0.05) (0.04) (0.05)
Years of schooling 7.29 6.81 6.67 6.50 7.07 6.92

(0.29) (0.30) (0.31) (0.35) (0.31) (0.34)
Any secondary school 0.48 0.42 0.39 0.40 0.41 0.45

(0.05) (0.05) (0.05) (0.05) (0.05) (0.05)
Age 36.00 35.99 37.38 37.75 37.74 32.72

(1.30) (1.32) (1.40) (1.45) (1.37) (1.26)
Currently married 0.72 0.72 0.72 0.79 0.78 0.72

(0.04) (0.04) (0.04) (0.04) (0.04) (0.05)
HH size 6.44 6.15 6.16 6.00 6.49 6.48

(0.31) (0.39) (0.27) (0.26) (0.28) (0.55)
Other relatives in village 10.48 12.27 15.05 11.47 11.00 15.53

(1.31) (1.51) (1.94) (1.33) (1.48) (2.03)
Proportion buying out 0.45 0.32 0.27 0.32 0.18 0.11

(0.05) (0.04) (0.04) (0.05) (0.04) (0.03)
Standard errors in parentheses.
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Table 18: Probit Regressions of Paying to Avoid Announcing

Sample: Entire sample Only those able to pay Heads only
(1) (2) (3) (4) (5) (6) (7) (8)

Price of buying out of announcing -0.019∗∗∗ -0.027∗∗∗ -0.029∗∗∗ -0.016∗∗∗ -0.021∗∗∗ -0.027∗∗∗ -0.015∗∗∗ -0.019∗∗∗

(0.003) (0.005) (0.005) (0.003) (0.006) (0.006) (0.004) (0.006)
Large endowment 0.425∗∗∗ -0.017 0.216 0.341∗∗∗ 0.101 0.357 0.436∗∗∗ 0.209

(0.109) (0.237) (0.329) (0.114) (0.244) (0.34) (0.142) (0.317)
Larger endowment × exit price . 0.014∗∗ 0.007 . 0.008 0.001 . 0.007

(0.007) (0.009) (0.007) (0.01) (0.008)
Heads . . 0.733∗∗∗ . . 0.746∗∗∗ . .

(0.168) (0.184)
Larger endowment × heads . . -0.331 . . -0.416 . .

(0.38) (0.394)
Larger endowment × heads × exit price . . 0.009 . . 0.014 . .

(0.009) (0.01)
Constant -0.199 0.045 -0.324 -0.204 -0.065 -0.392∗ -0.034 0.085

(0.132) (0.172) (0.208) (0.133) (0.181) (0.213) (0.173) (0.223)
Observations 643 643 642 577 577 576 342 342
Pseudo R2 0.062 0.067 0.121 0.042 0.044 0.102 0.047 0.048
Robust standard errors in parentheses. ∗ ∗ ∗ indicates significance at the 99 percent level; ∗∗ indicates significance at the 95 percent
level; and ∗ indicates significance at the 90 percent level.
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Table 19: Probit Regressions of Paying to Avoid Announcing, by Gender

(1) (2) (3) (4) (5) (6) (7) (8)
Male × exit price . . . . -0.017∗∗∗ -0.017∗∗∗ -0.016∗∗∗ -0.017∗∗∗

(0.006) (0.006) (0.006) (0.006)
Male × heads 0.495∗∗∗ 0.471∗∗ 0.386∗ 0.338 0.595∗∗∗ 0.576∗∗∗ 0.504∗∗ 0.461∗∗

(0.187) (0.19) (0.214) (0.219) (0.192) (0.199) (0.22) (0.23)
Male × asked for money by local relatives . . -0.987∗∗ -1.063∗∗ . . -0.929∗ -1.020∗∗

(0.482) (0.494) (0.494) (0.511)
Male × heads × was asked for loan . . 0.97∗ 0.998∗ . . 0.865 0.922

(0.557) (0.569) (0.57) (0.586)
Female 0.057 0.041 -0.079 -0.107 0.163 0.166 0.061 0.044

(0.194) (0.2) (0.218) (0.224) (0.284) (0.285) (0.301) (0.302)
Female × exit price . . . . -0.021∗∗∗ -0.022∗∗∗ -0.021∗∗∗ -0.022∗∗∗

(0.004) (0.005) (0.004) (0.005)
Female × heads 0.596∗∗∗ 0.584∗∗∗ 0.642∗∗∗ 0.599∗∗∗ 0.778∗∗∗ 0.774∗∗∗ 0.818∗∗∗ 0.784∗∗∗

(0.151) (0.155) (0.163) (0.168) (0.156) (0.162) (0.168) (0.175)
Female × asked for money by local relatives . . 0.156 0.015 . . 0.165 0.035

(0.36) (0.372) (0.352) (0.358)
Female × heads × was asked for loan . . -0.261 -0.025 . . -0.261 -0.036

(0.44) (0.455) (0.442) (0.45)
Observations 576 576 566 566 576 576 566 566
Pseudo R2 0.035 0.074 0.048 0.086 0.081 0.12 0.092 0.131
Robust standard errors in parentheses. ∗∗∗ indicates significance at the 99 percent level; ∗∗ indicates significance at the 95 percent
level; and ∗ indicates significance at the 90 percent level.
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INFORMAL INSURANCE, SOCIAL TIES, AND FINANCIAL DEVELOPMENT:
EVIDENCE FROM A LAB EXPERIMENT IN THE FIELD

ARUN G. CHANDRASEKHAR, CYNTHIA KINNAN, AND HORACIO LARREGUY

Abstract. Financial development, including improved access to savings products, is a goal of

many development initiatives. Yet, when communities are engaged in risk-sharing without commit-

ment, introducing savings access has ambiguous consequences for welfare: savings allows smoothing

uninsured risk, but also makes leaving the insurance agreement more palatable. Thus, savings may

reduce overall consumption smoothing by crowding out interpersonal transfers. We use a labora-

tory experiment, conducted in 34 villages in Karnataka, India, to study the interaction between

inability to commit to an insurance agreement and ability to save income over time. We also inves-

tigate the role of social ties in this interaction. We conduct games in which individuals face risky

payoffs and can smooth this risk by sharing with a randomly-assigned partner, and sometimes

by saving. When players are free to choose a response to defection, limited commitment reduces

risk sharing, defection rates are high and punishments for defection are mild. Social proximity

mitigates the lack of formal commitment: inability to commit significantly limits insurance when

risk-sharing partners are socially distant, but not when pairs are closely connected. We find little

evidence that access to savings crowds out interpersonal transfers. Instead, access to savings allows

individuals to smooth risk that cannot be shared interpersonally, leading to better consumption

smoothing. Driven by a methodological concern we also run games where players are constrained

to use a grim trigger post-defection response (permanent reversion to autarky when a player re-

neges on the insurance agreement). When such post-defection response is imposed defection is

rare and limited commitment does not appear to bind significantly.

JEL codes: C91, D85, D86, O16

1. Introduction

Village economies have been found to do a surprisingly good job of insuring idiosyncratic risk,

as documented by Rosenzweig (1988), Townsend (1994, 1995), Udry (1994), Morduch (1995), Suri
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(2005) and others. However, households are not completely insured —income shocks are positively

correlated with consumption changes, and serious income shocks like severe illness translate into

sharply reduced household consumption (?). One explanation for the failure of village economies to

achieve full consumption smoothing is “limited commitment,”the need for insurance relationships to

be self-sustaining because households cannot bind themselves to participate in the future (Kimball

1988, Coate and Ravallion 1993). The predictions of the limited commitment model have been found

to fit consumption and income data from village economies by Ligon et al. (2002) and Dubois et al.

(2008), among others. Moreover, social networks are increasingly understood to play an important

role in sustaining informal insurance and credit, as documented by Fafchamps and Lund (2003),

Bloch et al. (2008), Karlan et al. (2009), Angelucci et. al (2009), and Ambrus et al. (2010).

At the same time as economists have recognized the importance of informal, self-sustaining, in-

terpersonal insurance in developing economies, there has also been a great deal of interest among

policymakers in promoting financial deepening, including expanding access to formal savings.1 In-

novations such as cellphone banking and microsavings accounts appear poised to usher in large

increases in rural bank access in coming years. Banerjee and Duflo (2007) document that access to

formal savings is currently low, but growing, in poor countries, making this an appropriate point

in time to consider the impact of introducing savings access in previously unbanked areas where

informal insurance is important.

The economic and policy literature on savings access largely focuses on the potential positive

impacts. One such impact is allowing households to accumulate buffer stocks, built up when income

is relatively high and drawn down when income is low (?), while protecting households’ savings

from the risky and often negative returns of “under the mattress” storage (?). Savings access

may also facilitate accumulating sums to finance fixed asset purchases and other large expenses

when credit is unavailable or too costly (?); alleviate credit constraints (in the long-run) (?); allow

microenterprises to grow by accumulating retained earnings (?); and protect patient individuals’

assets from less patient family members (?). These positive channels can be grouped into two

categories: (1) smoothing risk (i.e., deviations of realized income from mean income) over time, and

(2) changing the income process by allowing investments which cannot be financed by borrowing

due to credit constraints.

While, for these reasons, savings access is likely to have important welfare-enhancing potential,

it may also have negative implications in settings where individuals are engaged in informal risk

sharing without commitment. When individuals cannot commit to a given level of participation

in an insurance arrangement, the amount of feasible interpersonal risk-sharing is affected by how

palatable life would be after reneging on one’s insurance obligations, when facing “punishment” in

1One prominent example is India’s rural bank expansion program of 1969-1990 (?). More recently, in 2001 Thailand’s
Million Baht Fund program created “Village Funds” in 77,000 Thai villages. These funds act like credit cooperatives
and take deposits as well as lend (?). See Besley (1995) for a discussion of other instances of state-directed rural bank
expansion in developing countries.
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the form of no or reduced future access to insurance.2 If access to the savings technology cannot

be denied to those who renege, the option to use savings offers a partial substitute for insurance,

thereby increasing the temptation to renege. As a result, sustaining a given level of interpersonal

insurance becomes more diffi cult. Informal transfers may be crowded out, reducing the welfare

benefit of savings and possibly even leaving the members of the village insurance group worse off

on average than they would have been without savings (?). On the other hand, savings access can

increase welfare if mutual-insurance arrangements are not undermined by savings, or if informal

insurance leaves significant amounts of idiosyncratic risk uninsured and this risk can be smoothed

over time with savings.

As mentioned above, savings may also facilitate productive investment, but this paper will focus

on its role in risk-smoothing. We ignore the role of savings in changing the income process through

investment to focus on the direct effect of savings access. Our experimental setup captures the

risk-smoothing role of savings access, weighing its positive side, via smoothing uninsured income

risk, against its negative side, reducing the amount of risk that can be insured interpersonally. This

tradeoff relies on a small set of parameters: risk aversion, the riskiness of the income process, and

the magnitude of nonpecuniary punishments for reneging, e.g. social sanctions. Information about

which of the direct effects– consumption smoothing or crowdout– dominates can be combined with

setting-specific estimates of savings’ impact on investment, and used to draw appropriate policy

conclusions.

There is a growing body evidence on the role of savings in facilitating investment– from natural

experiments (e.g. Burgess and Pande 2005, Kaboski and Townsend 2005), structural models (e.g.

Giné and Townsend 2004) and field experiments (e.g. Dupas and Robinson 2009). However, there is

little empirical evidence on the interaction of risk-sharing and savings. This is unsurprising because

this question is diffi cult, if not impossible, to answer without data from a laboratory experiment.

Natural and field experiments can address the fact that access to savings is potentially correlated

with many other factors which affect the sustainability of informal insurance, such as migration

opportunities, wealth, social capital, or the nature of the income process. However, even exogenous

variation in availability of banks arising from a natural or field experiment would not be suffi cient

to isolate the effect of savings access that works through risk-sharing, because as noted above,

savings access may also change the income process, and affect which individuals choose to share risk

together.

We study the interaction of informal insurance with access to savings using a unique lab ex-

periment conducted in the field, namely 34 villages in Karnataka, a state in Southern India. We

conducted games in which participants face risky payoffs: in each round of the game they might

earn a positive amount (Rs. 250),3 or nothing, with equal probability. Participants could smooth

2Models of insurance with limited commitment typically assume that after reneging on insurance obligations, one is
permanently excluded from future insurance (the “grim trigger”strategy), since this supports the most on-equilibrium
risk sharing (?). However, in practice punishments for reneging may be less severe, a possibility we investigate.
3At exchange rates prevailing in June-August 2009 ($1'Rs. 48), this was about $5.20.
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their consumption in the face of this income risk by giving and receiving transfers with a randomly-

assigned partner. Participants played several versions of this game, varying contract enforceability

and access to intertemporal smoothing. To introduce limited commitment, in some versions of the

game, after seeing their realized income, participants had the opportunity to change their mind

about the transfers they initially promised. In one of these versions, participants had the ability to

save income across rounds as well as share with their partners, capturing the interaction of limited

commitment and access to savings. In half of our sessions we also conducted a fourth version of the

game, in which participants could make transfers and also save in a joint savings account. Access

to the joint savings account was forfeited by a player who reneged on the transfers she promised to

make, and her partner received any savings in the account at the time of defection.

Across all of the versions of the game, players had an incentive to smooth consumption because

they knew that they would be paid their chosen consumption from one, randomly chosen, round out

of all the rounds they played. We use the implication of expected-utility theory that risk aversion

and intertemporal elasticity of substitution are equal, allowing us to simulate incentives to save over

time with a game in which individuals can use smoothing mechanisms to affect the variability of a

one-shot lottery.

By comparing how much players transfer to one another in different versions of the game, and the

distribution of their consumption choices across rounds, we are able to study the effect of limited

commitment (as opposed to full commitment) and savings access (as opposed to an environment

where interpersonal transfers are possible but intertemporal storage is not) on the magnitude of

interpersonal insurance (how much players transfer to one another) and welfare (the mean and

variability of consumption).

We are also able to use detailed data on the social linkages between households in the villages where

we conducted our experiment to show how our results interact with the effect of individuals’social

ties. This allows us to address a drawback of studying risk-sharing using field- or lab-experimental

data on groups of individuals who interact outside the game under study. Namely, the value of these

other interactions, i.e. the super-game, may contanimate the incentives created by an experimenter,

making it diffi cult to detect changes in behavior across experimental treatments, even if such changes

might be substantial when real-world incentives are at play. Our design addresses this in several

ways. First, we have information on a wide variety of interactions between individuals (discussed

below), which allows us to construct a measure of the social distance between paired individuals and

control for it in our analysis. Furthermore, we randomly assigned pairs across treatments, rather

than let individuals choose with whom they interacted under full commitment, limited commitment

without savings, etc. This guarantees that our cross-treatment comparisons are not confounded by

unobserved characteristics of pairs’relationships. Additionally, when we randomly assigned pairings,

we oversampled socially distant pairs (i.e., those with few out-of-game interactions). This allows us

to observe pairs where the surplus stemming from other interactions is low and estimate effects for

these socially distant pairings.
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The fact that we have both data on participants’social distance, and random assignment of the

social distance between pairs, allows us to investigate how social capital matters in alleviating the

lack of formal commitment, facilitating greater cooperation and reducing opportunistic behavior.

Empirically identifying causal effect of social ties on cooperative behavior is diffi cult because inher-

ently more cooperative individuals may have denser social networks (Feigenberg et al. (2010)). More

generally, as noted in the literature on network homophily, surveyed by Jackson (2008), covariates

which explain network formation4 may also explain the outcome of interest. We address this issue

by having participants play each version of the game with a different partner. Thus, we can absorb

individual-fixed characteristics, including inherent cooperativeness, and study changes in insurance

and consumption smoothing between full and limited commitment, and between limited commit-

ment with and without savings access, as the same individual is paired with partners at different

levels of social distance (a close friends versus someone with whom they share no ties, for instance).

This allows our results to shed light on the role of social ties in overcoming weak formal contracting

institutions.

Finally, we conducted two variants of our experiment in each village to examine whether the

post-defection response assumed in most theoretical treatments of informal risk sharing– “grim

trigger,” i.e. reversion to permanent autarky if promised transfers are not made– is a realistic

approximation of the post-defection response employed by the individuals in our experiment when

the grim trigger response is not imposed. This is a question that can only be answered by conducting

a lab experiment in a field setting, by comparing the amount sustained when individuals choose

their own response to the amount of insurance sustained when we exogenously impose a grim trigger

(GT) response. Therefore, some players were randomly assigned to play risk-sharing games in which

the GT post-defection response was imposed, while others played the same risk-sharing games,

but were not constrained to use any particular post-defection response. (We will refer to this as

the “sequential dictator game” or SDG treatment because in each round the lucky individual is

essentially playing a dictator game—deciding how much to offer the other player.) Comparing the

experimental outcomes under SDG and GT allows us to examine whether individuals indeed play

GT, as commonly assumed in the theoretical literature, and study how post-defection responses

matter in sustaining risk-sharing.

On a methodological level, comparing outcomes under SDG and GT allows us to investigate

whether comparative statics and other predictions derived from a model imposing the GT post-

defection response hold when individuals may choose a different post-defection response (both in

terms of magnitudes and signs). However, answering this question is not our goal in this paper.

We will address this methodological point more deeply in future work, but this paper will focus

on the data generated under the SDG treatment, which mimics real-world behavior, and examine

whether limited commitment constrains informal insurance, whether savings access crowds out such

insurance, and how the interaction of limited commitment and savings access is affected by social

ties between risk-sharing partners.

4Such as risk aversion; see Legros and Newman (2007).
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In brief, our results are the following. First, limited commitment matters: in the game setup that

mimics real interactions (SDG, where players are free to choose their own response to defection by

their partner), limited commitment binds significantly for the average pair: consumption smoothing

is significantly lower when players cannot commit ex ante to a risk-sharing agreement. However,

this effect varies with social distance: for the socially closest pairs, limited commitment does not

bind (transfers do not fall when commitment is removed), but as social distance increases, limited

commitment is increasingly important: transfers fall by an increasing amount when commitment is

removed, and consumption becomes increasingly variable.5 The effect of limited commitment also

varies with a measure of how unequally income was distributed in the game: when one member

of a pair receives 75% or more of the income in the game, limited commitment leads to a sharp

reduction in transfers, relative to full commitment games where income is unequal. When income is

distributed evenly, however, the evidence of limited commitment is much less pronounced. This is

as expected: it is after a series of high income draws to one member of the group, and consequent

transfers from this member of the group to the other, that the latter’s temptation to walk away

when realizing high income is greatest.

Second, for the average pair in our experiment, savings access does not appear to crowd out

informal insurance (transfers do not fall when savings are available). We do not find differential

crowdout due to savings when pairs are more socially distant. However, players paired with a more

distant partner use savings more than those with a socially close partner, because the absence of

commitment leaves distantly-connected pairs with more risk that is not insured interpersonally, and

savings is used to partially smooth this risk. Moreover, in pairs where each member is lucky about

half the time, savings access leads to a reduction in transfers relative to the no-savings case, while

we see no reduction for those pairs where luck is distributed unequally. It is pairs with evenly-

distributed luck for which limited commitment (without savings) does not reduce transfers, leaving

a large amount of risk-sharing. Some of that risk-sharing appears to be crowded out by access to

savings.

Third, we find that savings access improves welfare6: it allows individuals to intertemporally

smooth some of the income risk that is not insured interpersonally and, as a result, individuals

achieve greater consumption smoothing when savings is available. Given that we find little evidence

that savings crowds out transfers, this is unsurprising, but this finding answers empirically a question

that is ambiguous in theory, showing that the positive (income-smoothing) effect of savings access

outweighs the negative (crowdout) effect. Notably, this is true even for individuals who experience

bad luck (mostly negative income draws) in the game, suggesting that even those with especially

bad income shocks can benefit from access to savings.

Fourth, we find that the commonly-used modelling assumption of grim trigger is not a good

approximation to what individuals actually do: when players are free to choose their own response

5This echos the findings of Leider et al. (2009), who find evidence among Harvard undergraduates playing dictator
games of both higher altruism and higher reciprocity when dictators are more closely linked to recipients.
6Due to the fact that our experimental setup keeps expected individual consumption (nearly) constant across models,
consumption smoothing can be used as a measure of individual welfare.
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to defection, defection rates are high and players punish each other significantly less than would be

imposed by the grim trigger response. Defection rates are particularly high for pairs that have high

social distance. This matters for risk sharing: the amount of insurance and consumption smoothing

achieved when players are free to choose their own response to defection is significantly lower than

when grim trigger is imposed. This suggests that models of informal insurance need to be enriched

to allow for defection to occur in equilibrium, and to allow for (and explain) less-severe punishments

than permanent reversion to autarky.

Finally, it is notable that once we allow for less-severe punishments and a role for social ties, a

neoclassical, constrained-optimizing model of behavior does strikingly well in predicting the behavior

of individuals in the experiment. This suggests, first, that contrary to the conclusions of some studies

that find that behavior is well below the constrained-effi cient outcome (e.g. Ashraf et al. 2006, Duflo

et al. 2008), individuals’decisions are well approximated by a sophisticated, constrained-optimizing

behavior in settings where the interactions are familiar to them: our subjects commonly engage in

informal transfers and lending.

Moreover, it indicates that it is possible to replicate in a lab setting the incentives of complex set-

tings with multiple choice variables and both interpersonal and intertemporal components. Because

the predictions of models for such settings may be diffi cult or impossible to test in non-lab settings

(as is the case for the informal insurance models studied in this paper), this opens up field-based

laboratories as promising settings to test other models of constrained-optimizing behavior. A few

other papers test the predictions of the limited commitment model in a laboratory-field setting, such

as Barr and Genicot (2008) and Barr, Dekker and Fafchamps (2008) in Zimbabwe and Ligon and

Schecter (2009) in Paraguay, while Charness and Genicot (forthcoming) use a university laboratory

setting to test the limited commitment model. However, to our knowledge ours in the first paper

to combine interpersonal smoothing (transfers) and intertemporal smoothing (saving), in either a

laboratory-field or pure laboratory setting, resulting in a game that is more complex but also more

realistic than settings with interpersonal smoothing only. We also have unique data, not only on

players’direct social ties, but also indirect ties, allowing us to study the effect of such indirect ties,

relative to direct ties or no ties at all.

The rest of the paper is organized as follows: Section 2 reviews the theory of informal insurance

with and without access to an intertemporal technology, and discusses how the presence of social

ties effects informal insurance. Section 3 describes the tests we use to gauge how well each model fits

the data. Section 4 details our experimental protocol and data. Section 5 presents the results of the

experiment in testing the main predictions of the limited commitment model and in investigating

the effect of social distance in a limited commitment setting. Section 6 concludes.

2. Insurance without commitment: Theory

The theory of interpersonal consumption insurance without commitment (and without a savings

technology) was developed by Coate and Ravallion (1993), and extended to a fully dynamic frame-

work by Kocherlakota (1996) and Ligon et al. (2002). Ligon et al. (2000) show that access to savings
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may possibly make the village as a whole better off, by allowing better smoothing of originally unin-

sured individual and aggregate risk; or worse off, by increasing the temptation of lucky households to

walk away. Here we revisit three models– limited commitment without savings, limited commitment

with savings which are retained after defection (“private savings”), and limited commitment with

savings that are forfeited after defection– to highlight the comparative statics that are predicted by

each model of informal insurance, and the comparisons that will allow us to study the interaction

of insurance and savings access. We also discuss how these models are affected by the presence of

direct defection costs which are a function of social distance. We solve these insurance problems

from a social planner’s perspective since this allows us to characterize the set of Pareto optima.7

This section concludes by discussing the effect of imposing the grim trigger punishment concept on

the model characterization.

2.1. Setup.

2.1.1. Groups, income, and utility. We consider risk-sharing groups composed of two individuals,

i = 1, 2. In each period t = 1, 2, ..., individual i receives an income yi (s) ≥ 0 of a single good, where

s is an i.i.d. state of nature drawn from the set S = {1, 2}. Income follows the process:

yi (s) =

{
y if i = s

0 otherwise
.

The income process is i.i.d. across time, and perfectly negatively correlated (ρ = −1) across indi-

viduals. In other words, in each period, one individual will earn positive income y while the other

individual will earn no income, with each player equally likely to be lucky. There is no aggregate

risk: total group income is y each period.

Individuals have a per-period von Neumann-Morgenstern utility of consumption function u
(
ci
)
,

where ci is the consumption of individual i. It is assumed that ci ≥ 0. Individuals are assumed to

be risk averse, with u′
(
ci
)
> 0, and u′′

(
ci
)
< 0 for all ci > 0. Individuals are infinitely lived and

discount the future with a common discount factor β.8

Individuals may enter into risk sharing agreements with their partners. A contract τ̃ () will specify

for every date t and for each history of states, ht = (s1, s2, ..., st), a transfer τ̃1 (ht) to be made from

individual 1 to individual 2, and correspondingly a transfer τ̃2 (ht) to be made from individual 2 to

individual 1. For simplicity we denote τ i (ht) ≡ τ̃ i (ht) − τ̃ j (ht), that is, the (positive or negative)

net transfer that individual i makes to individual j after history ht.

Denote V i (ht) to be the continuation value of remaining in the insurance agreement, that is,

the expected utility of individual i from a contract from period t onwards, discounted to period t,

if history ht = (ht−1, st) occurs up to period t and st is already known. V i () obeys the recursive

relation (?):

(2.1) V i (ht) = u
(
yi (ht)− τ i (ht)

)
+ βEht+1|htV

i (ht+1) .

7This will also be the set of decentralizable equilibrium allocations since the conditions of the 2nd welfare theorem
are satisfied.
8In our experiment the β = 5

6
, the chance the game will continue after each period, as explained in Section 4.
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where τ i (ht) follows optimally from (2.6) on page 11.

2.1.2. The role of savings. In some of the cases we consider below, individuals have access to a

savings technology. The gross return on savings is assumed to be

R =

{
1 when saving is available

0 otherwise
.

That is, when saving is available, one unit of the consumption good saved today delivers one unit

in the next period. Savings amounts are restricted to be positive: no borrowing is possible.

In the case that individuals have access to a savings technology, a risk-sharing contract will not

only determine net transfers τ1 (st) to be made from individual 1 to individual 2 but also an amount

zi (st) that an individual i, for i = 1, 2, saves from period t to period t+ 1. For simplicity we then

denote as a sharing agreement (τ (st) , z (st)) =
(
τ i (st) , z

i (st)
)
for i = 1, 2.

For the case that individuals have access to a savings technology V i () is denoted as

(2.2) V i
(
ht, z

i (ht−1)
)

= u
(
zi (ht−1) + yi (ht)− τ i (ht)− zi (ht)

)
+ βEht+1|htV

i
(
ht+1, z

i (ht)
)

where τ i (ht) , z
i (ht) follows optimally from (2.15) on page 12.

2.1.3. Autarky. Thus far we have considered cases where individuals can make transfers with other

individuals. However, individuals may choose not to make such transfers. In particular, they might

initially promise to make certain transfers, but later change their minds. To characterize the payoffs

to an individual who reneges on promises to his or her partner, we assume that if either party

reneges upon the contract, both individuals consume autarky levels thereafter.9 Then, if individuals

have access to a savings technology they can smooth consumption only intertemporally. Without

a savings technology, an individual in autarky will simply live “hand to mouth,”consuming his or

her income in each period. By choosing not to make transfers with others, an individual gives up

the benefits of interpersonal consumption smoothing: that is, the option to receive transfers from

others when unlucky, in exchange for making transfers to others when lucky. When individuals

are risk-averse, such interpersonal insurance will be welfare-enhancing, and giving it up is a cost of

choosing autarky instead. (We discuss below why individuals might make this choice.) There may

also be other costs of choosing autarky.

The role of social ties. The literature on risk-sharing and social ties often finds that, ceteris paribus,

individuals are more likely to share risk with friends and family than with strangers (Hayashi et al.

1996, Fafchamps and Lund 2003, Angelucci et. al 2009, etc.). Individuals may behave differentially

when sharing risk with people at varying social levels for many reasons. First, it might be the

case that an individual sharing risk with a socially closer person versus socially farther person has

differential incentives. This is because individuals may be able to exact greater network based

punishment upon those closer to their social circles. For instance, individuals and their friends

may meet socially closer individuals more often and therefore the ostracism that may be placed

9The grim trigger or “autarky forever after defection”case is used for expositional clarity and because it supports the
most on-equilibrium risk-sharing. In our experimental setup, some pairs are constrained to play this response, while
other pairs are free to choose any post-defection response.
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upon another from a socially distant individual may be less severe. Second, there may be altruism.

If we think, for instance, people closer on the network are more prone to interact more often, and

people with stronger relationships place weight on each others’consumption, then this would directly

induce differential levels of altruism as a function of network location of two partners. In general,

the super-game may have less at stake for people who do not interact as much.

There are a myriad of models we could write to capture any of these forces. In our paper,

however, this is not our pursuit. Instead, we take an admittedly reduced form approach to map this

into our frame. We want to capture the idea that punishments or other costs to defecting against

socially closer partners may be greater. Therefore, as a reduced-form representation capturing all of

the above possibilities, we assume that an individual who has reneged on the risk-sharing agreement

with his or her partner pays a nonpecuniary cost f () that is greater the closer the social ties between

the individual and his or her partner. That is, the cost is a decreasing function of social distance,

γ, but is weakly positive for all distances:

(2.3) f (γ) > f (γ′) ∀ γ < γ′, γ, γ′ ∈ N, and f (γ) ≥ 0 ∀ γ ∈ N.

We assume that, if i reneges in his or her promises to j, a one time f (γ (i, j)) is paid by i. We discuss

in Section 3 how the presence of the term f (γ(i, j)) affects risk-sharing, and how its importance can

be tested empirically.

Autarky without savings. If individuals do not have access to a savings technology, then after the

violation of a contract both individuals consume their income in every period. Denote V iA,NS (st) to

be the expected utility of autarky for an individual i, who has reneged against individual j in period

t, after observing st:

(2.4) V iA,NS (ht) = u
(
yi (st)

)
+ βEht+1V iA,NS (ht+1)

There is no maximization because, in autarky with no savings, i simply consumes her income each

period.

Autarky with private savings. If individuals have access to a savings technology, and its use cannot

be barred from those who have defected, then after the violation of a contract individuals are not

constrained to consume their income period-by-period as they can make use of the storage technology.

After the violation of a contract, both individuals keep any savings they have. This is what we denote

as “private savings.”

We denote V iA,S
(
ht, z

1
t−1
)
to be the expected utility of autarky for an individual i in period t

with savings z1t−1, after observing st:

(2.5) V iA,S
(
ht, z

1
t−1
)

= max
zi(ht)

u
(
zit−1 + yi (st)− zit (ht)

)
+ βEht+1V iA,S

(
ht+1, z

1
t

)
Unlike, the no-savings case, i has a choice variable, namely zi (ht), the amount of savings that will

be carried into the next period.

Autarky with public savings. If individuals have access to a savings technology, but its use can be

barred from those who have defected, then after the violation of a contract individuals face the same
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value of autarky as in the no-savings case, given by (2.4). This is what we will denote as “joint

savings”because it replicates the payoffs of a joint savings account.

2.2. Risk-sharing with no commitment, no savings. We now set up the problem characterizing

the set of constrained effi cient risk-sharing contracts for the case where there is no access to savings.

As a risk-sharing contract can be seen as non-cooperative equilibrium of a repeated game, and

reversion to autarky is the most severe subgame-perfect punishment, this assumption allows us to

characterize the most effi cient set of non-cooperative subgame-perfect equilibria (Abreu (1988)).

The set of effi cient risk-sharing contracts for the no commitment, no savings case solves the

following dynamic programming problem:

V 1
(
V 2t (st)

)
= max

τ1(st),{V 2
t+1(st+1)}s∈S

{
u
(
y1 (st)− τ1 (st)

)
+ βEst+1V 1

(
V 2t+1 (st+1)

)}
(2.6)

s.t.

λ : u
(
y2 (st) + τ1t (st)

)
+ βEst+1V 2t (st) ≥ V 2t (st) , ∀ st ∈ S(2.7)

βφt : V 2t (st) ≥ V 2A,NS (st)− f (γ(2, 1)) , ∀ st ∈ S(2.8)

βµt : V 1
(
V 2t (st)

)
≥ V 1A,NS (st)− f (γ(1, 2)) , ∀ st ∈ S(2.9)

ψ1 : y1 (st)− τ1t (st) ≥ 0, ∀ st ∈ S(2.10)

ψ2 : y2 (st) + τ1t (st) ≥ 0, ∀ st ∈ S(2.11)

where V iA,NS (st) is as in (2.4). We have written τ1 (st) and V 2t (st) instead of τ1 (ht) and V 2t (ht)

because, due to the recursive nature of the problem, all previous history of the effi cient risk-sharing

contract is encoded in st. This recursivity also allows us to write V 1
(
V 2t (st)

)
instead of V 1t

(
V 2t (st)

)
,

because player 1’s value function will be the same whenever an amount V 2t (st) is promised to player

2 (?).

Due to the strict concavity of u
(
ci
)
, it follows that V it () is also strictly concave for i = 1, 2.

The set of constraints is convex (this follows from the the concavity of u () and the linearity in

V i ()). Consequently, the problem is concave, and the first-order conditions are both necessary and

suffi cient.

The first-order conditions for this problem are the following:

τ1t (st) :
u′
(
y1 (st)− τ1t (st)

)
u′ (y2 (st) + τ1t (st))

= λ− ψ1 − ψ2
u′ (y2 (st)− τ1 (st))

, ∀ st ∈ S,(2.12)

V 2t : −V 1′
(
V 2t (st)

)
=

λ+ φt
(1 + µt)

, ∀ st ∈ S.(2.13)

Further, the envelope condition is given by

(2.14) V 1′
(
V 2t (st)

)
= −λ, ∀ st ∈ S.

The terms f (γ(i, j)) do not enter directly into the first-order conditions since they enter the

problem additively, but their presence will affect the likelihood of the continuation constraints (2.8)

and (2.9) binding, as we discuss in Section 3.
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Ligon et al. (2002) note that a constrained effi cient risk-sharing contract can be characterized in

terms of the evolution of λ, the multiplier on individual 2’s promise-keeping constraint, which from

(2.14) measures the rate at which individual 1’s expected utility can be traded off against that of

individual 2, once the current state is known. (This is a measure of individual 2’s relative importance

or bargaining power within the relationship.) Once the state of nature for the following period st+1 is

known, the new value for λ is determined by equation (2.13). Furthermore, λ completely determines

the current transfers (2.12) once the state of nature st has been realized.

The intuition for this result is the following. For simplicity assume that the non-negativity

constraints never bind,10 and hence that ψ1 = ψ2 = 0. Then, we can rewrite (2.12) as

λ =
u′
(
y1 (st)− τ (st)

)
u′ (y2 (st)− τ (st))

The first-best risk sharing contract keeps the ratio of individuals’marginal utilities constant across

states and over time. Then, if (2.8) and (2.9) never bind, λ never updates, and hence full insurance

can be achieved. Then individuals each consume a constant share of the per-period endowment y

where the share is given by the initial value of λ, λ0. However, if either (2.8) or (2.9) ever bind, λ

is no longer constant and full insurance is no longer achievable. Because the only player who may

be constrained is the player with the high income realization, who would be required to make a

transfer to the other under full insurance, binding continuation constraints will cause consumption

to be positively correlated with income (?).

2.3. No commitment, private savings. We now characterize the set of constrained effi cient risk-

sharing contracts for the case where a savings technology is available. Again we assume that, if either

party reneges upon the contract, both individuals consume autarky levels thereafter. However, now

after the violation of a contract, individuals are not constrained to consume their income period-by-

period as now they can make use of the storage technology. After the violation of a contract, both

individuals keep any savings they have. This is what we will denote as “private savings.”

The set of effi cient risk-sharing contracts for the no commitment, private savings case solves the

following dynamic programming problem:

V 1
(
V 2t
(
st, z

2
t-1

)
, z1t-1

)
=(2.15)

max
τ1t (st),zt(st)∈R

+,

V 2
t (st+1,z2t )

{
u
(
z1t−1 + y1 (st)− τ1t (st)− z1t (st)

)
+ βEst+1V 1

(
V 2t
(
st+1, z

2
t

)
, z1t
)}

s.t.

10This is automatic when limc→0 u(c) = −∞, as is the case for CRRA utility with relative risk aversion >1.
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λ : u
(
z2t−1+y

2 (st)+τ1t (st) -z2t (st)
)
+βEst+1V 2t

(
st+1, z

2
t

)
(2.16)

≥ V 2t
(
st, z

2
t−1
)
, ∀ st ∈ S(2.17)

βφj : V 2t
(
st, z

2
t−1
)
≥ V 2A,S

(
st, z

2
t−1
)
− f (γ(2, 1)) , ∀ st ∈ S(2.18)

βµt : V 1t
(
V 2t
(
st, z

2
t−1
))
≥ V 1A,S

(
st, z

2
t−1
)
− f (γ(1, 2)) , ∀ st ∈ S(2.19)

ψ1t : z1t−1 + y1 (st)− τ1t (st)− z1t (st) ≥ 0, ∀ st ∈ S(2.20)

ψ2t : z2t−1 + y2 (st) + τ1t (st)− z2t (st) ≥ 0, ∀ st ∈ S(2.21)

where as before the problem is characterized recursively, and V iA,S (st) is as in (2.5). Note that now

the constraint set is not convex due to (2.18) and (2.19) and consequently the problem may not be

concave. To avoid such issues, lotteries can be used to convexify the problem, as in Ligon et al.

(2000).

The qualitative predictions of informal insurance with private savings are similar to those without

savings that we characterized above. Therefore, we omit the characterization of (2.15). Our main

interest is analyzing the welfare impact of the access to a savings technology. Ligon et al. (2000)

note that access to a savings technology has a twofold impact on the optimal constrained effi cient

risk-sharing contract. On the one hand, access to a savings technology increases the autarky value

that individuals enjoy after the violation of a contract. Intuitively, this reduces the amount of

interpersonal insurance which can be achieved. On the other hand, if full insurance is not feasible

without access to a savings technology, savings can help to smooth over time the risk that cannot be

spread interpersonally. Overall, the effect on individuals’risk-sharing and welfare is then ambiguous

and depends on the initial level of risk-sharing. In order to see this let us consider two extreme

examples. First, let us assume that without savings full risk-sharing is possible. Then, it could be

the case that when the possibility of savings is introduced full risk-sharing is no longer possible,

and savings access would reduce welfare. Second, let us consider the opposite case where without

savings little risk-sharing is achieved. Then, clearly, access to savings allows individuals to smooth

intertemporally some amount of risk that they initially could not insure interpersonally.

Therefore, the average individual may be better or worse offwith access to savings. Even if savings

access raises welfare on average, there may be distributional effects, i.e. ex post unlucky (lucky)

individuals might be affected differently by savings access than the average individual. Distributional

effects are relevant for policy recommendations, since weak institutional capacity in many developing

countries makes transfers from “winners”to “losers”infeasible, and governments and policymakers

often put particular weight on the welfare or the poorest/most adversely affected.

Additionally, with no aggregate risk and if savings generate no net return (so that βR < 1),

we have the further prediction that if participation constraints do not bind, savings should not be

used. Then, the first best involves consuming the entire endowment in each period. Therefore, since

our experiment replicates such conditions, any use of savings is direct evidence that participation

constraints bind.
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2.4. No commitment, joint savings. We next characterize the set of constrained effi cient risk-

sharing contracts for the case where only joint savings are available. In this case, after the violation

of a contract, the individual that reneges upon the contract loses her access to savings. This is what

we will denote as “joint savings”because it replicates the payoffs of a joint savings account.

The set of effi cient risk-sharing contracts for the considered case solves the following dynamic

programming problem:

V 1
(
V 2t
(
st, z

2
t-1

)
, zt-1

)
=(2.22)

max
τ1t (st),zt(st)∈R

+,

V 2
t (st+1,z2t )∈R

+

{
u
(
z1t−1 + y1 (st)− τ1t (st)− z1t (st)

)
+

βEst+1V 1
(
V 2t
(
st+1, z

2
t

)
, z1t
) }

s.t.

λ : u
(
z2t−1+y

2 (st)+τ1t (st) -z2t (st)
)

+ βEst+1V 2t
(
st, z

2
t

)
(2.23)

≥ V 2t
(
st, z

2
t−1
)
, ∀ st ∈ S(2.24)

βφj : V 2t
(
st, z

2
t−1
)
≥ V 2A (st)− f (γ(2, 1)) , ∀ st ∈ S(2.25)

βµj : V 1
(
V 2t
(
st, z

2
t−1
))
≥ V 1A (st)− f (γ(1, 2)) , ∀ st ∈ S(2.26)

ψ1 : z1t−1 + y1 (st)− τ1t (st)− z1t (st) ≥ 0, ∀ st ∈ S(2.27)

ψ2 : z2t−1 + y2 (st) + τ1t (st)− z2t (st) ≥ 0, ∀ st ∈ S(2.28)

where as before the problem has been characterized recursively. The only difference between (2.22)

and (2.15) is that we have replaced V iA,S
(
st, z

i
t−1
)
by V iA,NS (st): individuals cannot take their

savings into autarky.

The issues set out above, and their solutions for the characterization of (2.15) also apply to (2.22).

Therefore, we omit the characterization of (2.22). Our main interest is analyzing the differential

welfare impact of access to a joint savings technology versus access to a private savings technology.

Ligon et al. (2000) note that there is an important difference between the two. In contrast to private

savings, where individuals retain access to savings in the event that they default on their insurance

obligations, joint savings, which are forfeited in the event of default, should unambiguously increase

welfare. The reason is that joint savings, like private savings, allow intertemporal smoothing of

risk that cannot be insured interpersonally, but, unlike private savings, do not tighten participation

constraints because individuals cannot take them into autarky.

In this section we have noted some key ways in which the regimes we have considered– limited

commitment without savings, limited commitment with private savings, and limited commitment

without savings– differ from each other, in terms of levels of average welfare and transfers. We

now turn to discussing how these implications map into testable predictions across the different

game versions in our experiment, and also how these testable predictions should be affected by the

presence of social ties.
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3. Tests

We will divide our discussion of the testable implications of the models into two main parts. First

we discuss implications that apply to the model without a role for social distance, or alternatively,

averaging over all values of social distance in our dataset. It is important to test the predictions of

the limited commitment model since it has become the workhorse model used to explain incomplete

insurance in developing-economy settings, used, among others, by Ligon et al. (2002), Dubois et

al. (2008), and Ligon and Schecter (2009). We then discuss our predictions for how transfers,

consumption smoothing and defection rates should vary across treatments for pairs with different

levels of social distance.

3.1. Testing across models.

3.1.1. Transfers and consumption smoothing. The implications of the three models presented above,

together with the implication of full risk sharing under full commitment, allow us to test whether the

limited commitment models predict players’behavior in our experimental setting. If so, our setting

will allow us to analyze the (theoretically ambiguous) welfare implications of introducing private

savings when insurance is constrained by limited commitment. For this analysis we can compare

the use of transfers and savings, and the degree of consumption smoothing, across the experimental

settings which correspond to full commitment, limited commitment without savings, limited com-

mitment with private savings, and limited commitment with joint savings. The comparison of the

use of transfers and savings across different treatments is motivated directly by the predictions of the

different models. On the other hand, the models are silent on the degree of consumption smoothing

per se but have predictions in terms of individual welfare. However, due to the fact that our experi-

mental setup keeps expected individual consumption (nearly) constant across models, consumption

smoothing can be used as a measure of individual welfare, a point we discuss further below. Hence,

to test the validity of the models as a description of experimental subjects’behavior, we can check

whether the following comparative statics hold.

Full commitment vs. Limited commitment-no savings. When comparing the Full Commitment No

Savings (FCNS) treatment to the vs. Limited Commitment No Savings (LCNS) treatment, we

should see lower transfers and less consumption smoothing under LCNS if participation constraints

bind.

Limited commitment-no savings vs. Limited commitment-private savings. When comparing LCNS

and Limited Commitment with Private Savings (LCPS), the comparison is theoretically ambigu-

ous. If limited commitment (participation) constraints were binding in the LCNS treatment, when

savings were not available, then access to savings will tighten participation constraints, since the

defection continuation value in (2.9) and (2.8) is higher than that in (2.19) and (2.18) but, due

to the absence of aggregate risk, access to savings does not increase the total amount of possible

consumption smoothing, and hence the cooperation continuation value is no higher. In this case,

interpersonal transfers will be reduced (“crowded out”). However, the impact on aggregate con-

sumption smoothing is ambiguous. If tightening of participation constraints reduces interpersonal
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insurance by more than savings access increases intertemporal smoothing, aggregate consumption

smoothing will worsen and the variance of consumption will increase. On the other hand, if in-

terpersonal insurance is reduced by less than intertemporal smoothing is increased, the variance of

consumption will decrease, reflecting improved aggregate consumption smoothing. If participation

constraints were non-binding when savings were not available, and continue not to bind when savings

is available, the savings technology should not be used (since there is no aggregate risk and βR < 1),

and the variance of consumption would remain unchanged. Empirically estimating which of these

effects dominates, tightening of participation constraints or smoothing of uninsured risk, is one of

the key aims of this paper.

Limited commitment-no savings vs. Limited commitment-joint savings. When comparing LCNS

versus Limited Commitment with Joint Savings (LCJS), the predictions are more clear-cut. If

pairs were fully insuring each other without savings (in the LCNS treatment), because participation

constraints were not binding, then we would expect to see no change in the variance of consumption

under LCJS, because the move from no savings to joint savings does not tighten the (already non-

binding) participation constraints. In the case that participation constraints were binding in the no-

savings case (LCNS), then the move to joint savings should still not tighten participation constraints,

because joint savings cannot be used after defection. In this case, the move to joint savings should

improve consumption smoothing, by allowing intertemporal smoothing of some of the risk that is

not insured interpersonally. In this case, we would see increased consumption smoothing and no

change in transfers.

Are players optimizing? Importantly, these comparisons were derived assuming that individuals are

on the constrained Pareto frontier. However, if there is a psychic cost to making interpersonal

transfers (owing to the contemplation cost of calculating the appropriate transfer, an endowment

effect which makes it unpleasant to surrender money one has won, etc.), then there may be less-

than-full insurance even when participation constraints per se do not bind. We are able to estimate

the extent of such psychic costs of engaging in full risk sharing using the Full Commitment, No

Savings (FCNS) case. In the case that we see positive variance of consumption under FCNS, if

we see no change in the variance of consumption when moving from LCPS to LCJS, it suggests

that participation constraints per se were not binding under LCPS. Even if individuals are not

on the Pareto frontier in the sense defined by the limited commitment model, we consider these

comparisons to be a natural starting point for our analysis. In the case that they are not on the Pareto

frontier, while we would not be able to map our empirical findings into statements about quantities

in a limited commitment problem such as the magnitudes of Lagrange multipliers on particular

constraints, the comparison of the LCNS treatment versus the LCPS and LCJS treatments will still

help us to address the empirical questions that this paper proposes: namely, do individuals achieve

better overall consumption smoothing with or without access to savings; and, how is the answer

to this first question affected by social ties? Moreover, we will argue that the comparative statics

we observe are surprisingly consistent with the hypothesis that individuals are on the constrained
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Pareto frontier, subject to a psychic cost of engaging in full risk sharing (i.e., a cost not derived from

the participation constraints of the limited commitment model).

3.1.2. The role of ex ante wealth. An implication of insurance (i.e., transfers made to smooth risk as

opposed to transfers made for other reasons) is that a shock revealed before the insurance contract

is signed cannot be “insured,” because its realization does not represent future risk that can be

diversified away. If individuals are in fact making insurance agreements with each other, rather

than simply sharing with each other due to altruism, social norms, etc., any shock revealed before

pairs make their insurance agreements should not be insured, in any of our treatments. The initial

endowment is such a shock. Therefore, if players share risk due to insurance motives, we should

see that an individual’s realization of the initial endowment feeds into individual consumption to a

greater degree than subsequent income, which is realized after insurance agreements are made. In the

case of fully “self-interested,”i.e. non-altruistic or other-regarding behavior, the initial endowment

should feed fully into individual consumption.

3.1.3. Response to defection. Models of limited commitment-constrained insurance typically assume

that individuals play a strategy where they use grim trigger (GT) responses of “autarky forever after

defection”. As shown by Abreu (1988), in the absence of direct punishments for defection, shutting

down interpersonal trade permanently is the worst possible subgame-perfect punishment, and as

such, its use as an off-equilibrium punishment sustains the maximum degree of on-equilibrium-path

cooperation. However, individuals may not actually use grim trigger responses. One reason why

they might not is the fact that grim trigger responses may not be renegotiation proof. That is, once

someone has defected from a risk-sharing contract, his or her partner may have incentives not to

implement the grim trigger response but to renegotiate their risk-sharing contract. The reason is

that the use of a grim trigger response does not only punish the partner but also the individual who

is punishing. Farrell and Maskin (1989) propose a weakly renegotiation proof equilibrium concept.

In such an equilibrium, the only feasible punishments are those located on the Pareto frontier. They

essentially show that renegotiation proofness limits the scope of the payoffs that can be sustained.

Ligon et al. (2000) show that allowing for less-extreme responses to defection does not fundamentally

change the shape of the frontier of effi cient allocations, although it must weakly reduce the scope

for risk-sharing by Farrel and Maskin’s argument.

This leaves open the empirical question of whether defection actually occurs when people make

informal agreements to share risk, and if so, what type of post-defection responses individuals

actually use, and what consequences they have for consumption smoothing. To examine what

post-defection responses arise naturally and how consumption smoothing is affected in consequence,

some individuals playing our risk-sharing games were not restricted in the way they respond to

defection. We call this the sequential dictator game (SDG) treatment, because in each round the

lucky individual is essentially playing a dictator game—deciding how much to offer the other player.

To examine the effect of imposing a grim trigger post-defection response, we compare the degree

of consumption smoothing achieved when we impose this response to the degree of consumption
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smoothing achieved when we do not impose a particular post-defection response. If consumption

smoothing is worse when we do not impose a particular response, this suggests that empirical risk

sharing is limited by elements that are not captured in models that impose an equilibrium where

individuals use grim trigger responses after defection.

3.2. Testing the role of social ties.

3.2.1. Transfers and consumption smoothing.

Limited commitment-no savings. The prediction of how social ties should matter in moving from

full commitment to no commitment comes from equations 2.8 and 2.9, which state that closer social

ties (i.e., lower social distance) lowers the utility individuals get from reneging on their risk-sharing

relationship, because they pay a higher penalty for doing so. This implies that, ceteris paribus, in a

pair with closer ties the players will face less temptation to renege if one of them has a sequence of

good income realizations. To see this, assume that after some history, i is just indifferent between

reneging and staying in the insurance agreement with j when i is lucky (when income is y), for

a given promised transfer τ it (y), promised utility V it (y), and penalty, f(γ(i, j)), meaning that i’s

participation constraint binds when i’s income is y. Now, decrease the social distance between i

and j, holding the promised transfer and promised utility fixed. Since i was just indifferent between

reneging and staying at the lower penalty, when the penalty increases, i will no longer be tempted

to renege. Thus, denoting as φit the Lagrange multiplier on i’s time t participation constraint, and

taking expectations over the possible states of nature at t:

(3.1)
∂Et−1φit
∂f(γ(i, j))

< 0.

and similarly for i’s partner, j. The expected magnitude of the multiplier on the promise-keeping

constraint is lower the greater the penalty for reneging, i.e., the lower the pair’s social distance.

Manipulating the first-order conditions on the limited commitment no-savings problem (2.9), (2.8)

and (2.14) yields the following relationship between i and j’s marginal utilities, as a function of i’s

relative bargaining power λit :

(3.2) λit =
u′(yjt + τ jt )

u′(yit + τ it)

and the following updating rule for the multiplier on i’s time t promise-keeping constraint (?):

(3.3) λi,t+1 = λit

[
1 + φi,t+1
1 + φj,t+1

]
This yields the following expression for the ratio of i and j’s time t+ 1 marginal utility:

(3.4)
u′(yj,t+1 − τ it+1)
u′(yi,t+1 + τ it+1)

=
u′(yjt + τ jt )

u′(yit + τ it)

[
1 + φi,t+1
1 + φj,t+1

]
Therefore, the more often i or j have binding participation constraints (i.e., a positive φit or φjt), and

the more binding they are (larger positive values of φit or φjt), the more each player’s consumption

cit = yi,t+1 − τ it+1 is expected to vary. Thus, when participation constraints are more binding,
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less interpersonal insurance is possible. Since net transfers received are negatively correlated with

income, this implies that players will on average transfer less to each other under limited commitment

when they are more socially distant.

Note that the only role of social ties is through its effect on the likelihood that participation

constraints bind, that is, on the multipliers on the promise-keeping constraints φit. Therefore, in an

environment where participation constraints can never bind– full commitment– there is no role for

social ties.

This gives the following implications of the limited commitment model with social distance:

Implication 1: Consumption smoothing and average transfers under full commitment are unaf-

fected by social distance.

Implication 2: Average transfers are lower under limited commitment, the more socially distant

are i and j.

Implication 3: Consumption smoothing under limited commitment is worse, the more socially

distant are i and j.

This relationship, heuristically illustrated in Figure 2, implies that moving from full to limited

commitment (without savings) should lead to a lower reduction in transfers in pairs with closer

social ties.

Limited commitment-private savings. To illustrate the role of social ties when moving from limited

commitment (without savings) to limited commitment (with private savings), it is helpful to de-

compose the effect of savings into two parts: raising the value of autarky, and smoothing originally

uninsured risk. The effect of raising the value of autarky is to make participation constraints bind

more often, reducing the amount of interpersonal risk-sharing that can be sustained and crowding

out transfers. This is heuristically illustrated in Figure 3. This effect operates at all levels of social

distance with two exceptions. First, some individuals might be suffi ciently close that, even with

access to savings in autarky, participation constraints never bind. Second, individuals might be suf-

ficiently far and risk preferences and the income process such that very little risk sharing is achieved

in the absence of savings. Then, access to savings in autarky has little or no effect on crowding out

transfers. Consequently, we have no sharp prediction about how the change in transfers between

limited commitment (without savings) and limited commitment (with private savings) should vary

with social distance.

3.2.2. Use of savings. The effect of smoothing originally uninsured risk also interacts with social

distance. By Implication 3 above there is more risk that cannot be shared interpersonally when the

pair is socially distant in the presence of limited commitment. Then, the more socially distant people

are the larger the originally uninsured risk is, and consequently, the larger the scope for savings to

smooth originally uninsured risk. This implies that socially distant pairs should use savings more

than socially close pairs. We heuristically illustrate this in Figure 4.
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3.2.3. Defection. Although the constrained-optimal insurance arrangement under limited commit-

ment will not feature defection in equilibrium (?), to the extent that individuals fail to fully an-

ticipate what transfers are incentive-compatible and therefore sometimes defect in equilibrium in

response to binding participation constraints, defection (lucky individuals reneging on the transfers

they promised to their partners) should occur less in pairs with closer social ties, because socially

closer pairs get more direct utility from maintaining their relationship.

4. Experimental Setup and Data

4.1. Setting. To understand how savings access interacts with interpersonal risk sharing (“crowd-

out”), how punishment responses affect the nature of risk sharing, and how crowdout and the choice

of response to defection are affected by individuals’social ties, we conducted a field-based lab ex-

periment designed to mimic as closely as possible the risk-sharing opportunities and constraints

individuals face in their lives. However, we deliberately shut down certain barriers to trade, such

as moral hazard, asymmetric information, and endogenous group formation, in order to understand

how participation constraints arising from limited commitment are affected by savings access and

by imposing particular post-defection responses.

Our experiment was conducted in 34 villages in Karnataka, India. The villages range from 1.5

to 3 hours’drive from Bangalore. The average village, according to our census data, contains 164

households, comprising 753 individuals. South India was chosen as the setting for our experiment

because rural and periurban villages in South India have historically been characterized by a high de-

gree of interpersonal risk-sharing, as demonstrated by Townsend (1994) and others for the ICRISAT

villages, and because rural South India is currently experiencing rapid growth in the availability of

savings, but from a low base (?). These particular villages were chosen because village censuses and

social network data were previously collected on their inhabitants, as described below and in more

detail in Banerjee at al. (2010). This gives us uniquely detailed data, not just on our experimental

participants and their direct connections to their partners, but also on indirect linkages between

partners, e.g. through mutual friends.

In each village, 40 individuals aged 18 to 50 were recruited to take part in the experiment. In

total, 1,358 individuals and 4,251 pairs participated in the experiment. (Each individual assigned

to SDG played 3 games, each with a different partner, and each individual assigned to GT played 4

games, as we explain below.) The average age was 30, 56% of players were female, and the average

education was 7th standard. Over 97% of pairs in our sample could reach each other through the

social network. Among those who could reach each other, the average social distance was 3.5 and

the median was 4, meaning that the members of a median pair were “friends of a friend of a friend

of a friend.”

We randomly assigned 20 of the individuals to GT and 20 to SDG. Table 1, Panels a to c, show

summary statistics for the 1,358 individuals and 4,251 pairs that participated in the experiment. The

comparisons across the SDG and GT groups reveal them to be well-balanced in terms of demographic

and network characteristics. Pairs in the GT group mechanically had slightly lower social distance



INFORMAL INSURANCE, SOCIAL TIES, AND FINANCIAL DEVELOPMENT 21

on average because these individuals are paired 4 times while SDG individuals are paired 3 times, so

some less-distant pairs are used. We control for network distance and reachability in our empirical

specifications.

Based on the village census and network data, individuals were assigned a partner. Our ran-

domization was unique in that it stratified against the social network. We computed the social

distance between each pair of individuals and then plotted the distance distribution. Since most

social networks exhibit small-world phenomena, even if a random subset of villagers took part in our

experiments, randomly chosen pairs would tend to be fairly close in social distance. This tendency

would be exaggerated if people tend to come to the experiment with their friends or relatives, which

was the case for many people who took part in our experiment. Therefore, the distribution of social

distances will be right-skewed, and simply randomly assigning partners would mean that more often

than not, people would be paired with near-kin. This would limit the statistical power of our data

to reveal how socially distant pairs play the games, yet the behavior of socially distant pairs is

important to allow us to study how behavior changes (transfers, consumption variability, defection

rates and post-defection responses) across games change with social distance. Therefore, to make the

distribution of social distances between our pairs more uniform in our sample, we used the network

data to oversample the right tail of the distance distribution. Figure 1 shows the distributions of

social distances for 3 villages: the full distribution and the distribution of assigned pairings in the

experiment. The comparison between the full distribution and the distribution of assigned pairings

reveals that we were successful in oversampling the right tail of the social distance distribution:

the distribution of pairings used in the experiment has more mass at greater distances, particularly

distances of 5 and 6, than the full distribution.

4.2. Overall game structure. The purpose of our games is to replicate the incentives to share

income risk that exist in real life, but to do so in a way that can be implemented in an experimental

session lasting a few hours. For external validity, individuals should have strong incentives to smooth

risk and to think carefully about their choices.

Empirical consumption-smoothing has both intertemporal and interpersonal components. We

create an interpersonal component by pairing individuals into groups of two. In all games, the

members of a pair can make transfers to each other. To simulate the intertemporal smoothing

motive, individuals play many rounds during the experiment (18 rounds on average for SDG and

24 for GT, as explained below), but are paid their “consumption”for one randomly-selected round.

To make this salient, income is represented by tokens that represent Rs. 10 each,11 and each

consumption realization is written on a chip and placed in a bag that the player keeps with him or

her during the entire experiment. At the end of the experiment, an experimenter draws one chip

from the bag, and the individual is paid the amount shown on the selected chip.

Incomes are risky: as in our theoretical setup, there is a high income level (Rs. 250), and a low

income level (Rs. 0). Moreover, to simulate the (possibly unequal) wealth individuals have at the

time when they enter into an insurance relationship, before round 1 of each game one partner is

11Rs 10 is approximately $0.20 at market exchange rates, or $1 at PPP-adjusted exchange rates.
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randomly chosen to receive an endowment of Rs. 60; the other receives Rs. 30. The games are

described in the context of a farmer who may receive high income because of good rains this season

or low income because of drought. (An excerpt of the experimental protocol, translated into English,

appears in Appendix D.) Discussions with participants indicate that they understood the risk they

faced and the data show that both transfers and savings are used to smooth this risk, as shown in

Figures 2a and 2b.

To replicate an interaction that may extend indefinitely into the future, induce discounting and

avoid a known terminal round, the game ends with 1
6 probability at the end of each period, deter-

mined by drawing a ball from a bag that has five red balls and one black balls. Participants are told

before each game that the game will end when the black ball is drawn, and that therefore at any

point when they game has not ended, it is expected to continue for 6 more rounds. Once a game

ends, individuals are repaired. The order of the games is randomized, and we control for game order

in our regressions.

The options players have to decouple consumption from income vary by game, and also by treat-

ment (SDG vs. GT). However, in all treatments, at the beginning of each round before incomes are

realized (but after the endowment is realized in round 1), partners may decide on an income sharing

agreement. That is, partner 1 chooses how much 1 will give 2, if 1 gets Rs. 250 and 2 gets 0 (τ1t ),

and 2 chooses how much 2 will give 1, if 2 gets Rs. 250 and 1 gets 0 (τ2t ). This agreement may be

asymmetric (τ1t 6= τ2t ) and time-varying (τ
1
t 6= τ1t′).

The details of each treatment are as follows:

(1) Full commitment, no savings: Each player tells the experimenter their choice of transfer

they will make if they get high income, τ it. Once incomes are realized, the experimenter

implements the transfer that the lucky player agreed to ex ante. There is no opportunity

for the lucky player to change her mind. Each individual then “consumes”by placing all of

their tokens, net of any transfers, into a consumption cup. The experimenter removes the

tokens, writes the amount on a chip, and the chip is placed in the consumption bag. The

game is the same in the GT and SDG treatments.

(2) Limited commitment, no savings: Partners may agree on an income sharing rule as

before. However, after seeing their income, the lucky individual may change her mind and

transfer a different amount (including transferring nothing). Each individual then consumes

by placing all of their tokens, net of any transfers, into the consumption cup. The ex-

perimenter takes the tokens, writes the amount on a chip, and the chip is placed in the

consumption bag. In the GT treatment, if either opts out of the transfer agreement, each

partner consumes her income in that period and in all remaining periods. In the SDG

treatment, players are free to continue making transfers after defection, or not.

(3) Limited commitment, private savings: As in game 2, each individual may renege

on their promised transfer after seeing their income. In addition, each has access to a

“savings cup.” Once transfers are made, players can consume tokens by placing them in

the consumption cup, or save them by placing them in the savings cup. Saved tokens are
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available to consume in later rounds, but are lost when the game ends. If an individual

reneges on transfers she promised to make, she keeps her savings. In the GT treatment, if

either opts out, each can use savings in that period and in all remaining periods, but no

further transfers are allowed. In the SDG treatment, players are free to continue making

transfers after a defection, or not.

(4) Limited commitment, joint savings: This game is similar to game 3, except that if

an individual reneges on transfers she promised to make, her savings will go to the other

partner. Thereafter, the defecting partner may not save, but the other partner may continue

to use savings. This game is only played in the GT treatment group. Ideally, in the SDG

group, players would have been able to choose whether, as a pair, they wanted to commit to

forfeit their savings in the event of not making their agreed transfers, as they could choose

how to punish one another after defection. However, this proved diffi cult to implement and

so the LCJS treatment was only administered in the GT group.

In thinking about the external validity of the findings of this experiment, three points are worth

noting. First, the amounts of money involved are substantial. Average expected earnings in the

experiment are Rs. 130. To put this into perspective, the NREGA (National Rural Employment

Guarantee Act) has a wage rate of about Rs. 80 for a day’s work. Thus, individuals face strong

incentives to think carefully about how to maximize the benefit they can derive from playing the

games, by aiming for consumption choices that are stable across rounds.

Second, great care was taken in designing the physicality of the games (consumption bags, income

tokens, consumption and savings cups, etc.) and the framing with which we presented them, in

order to make them both easy to understand and similar to real life. In explaining the games to the

participants, it was explained that the games that they play are much like the decisions they take in

every day life. In each round they receive some income and (depending on the game) they are able

to make decisions to consume, save for the future, or transfer money to their partner. Many players

spontaneously noted the parallels between the games and real-life decisions.12

Finally, the fact that comparative statics across the game are consistent with constrained-optimizing

behavior, and that actual social distance between pairs matters in the way predicted by a model of

limited commitment mitigated by social ties, is direct evidence that individuals did understand, and

respond to, the incentives in the games.

While individuals were registered for the experiment and matched to the social networks data

(explained below), we administered a short questionnaire to measure risk aversion, time preference,

and hyperbolic discounting.13 We also collected information on education and financial decision-

making in the household.14

12One player told us “The games were not boring... They were very interesting, especially for those who have some
education... They help us think about how much we really should save and give to our friends in times of hardship.”
Furthermore, in two villages, after the experiment village leaders inquired about the possibility of having an MFI
come to their village, because they saw links between the games and the possibility to have actual savings.
13We found little variation among households in the risk aversion and time preference data, so we do not use these
variables here. However, we plan to use them in future work.
14In unreported regressions, we find no significant across-game effects of education levels.
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4.3. Network data.

4.3.1. Data usage. We make use of a unique dataset containing information on all 34 villages in

which our experiment was conducted. We have complete censuses of each of the villages as well as

detailed social network data. The network data was collected for Banerjee et al. (2010) in which

they conducted a survey about social linkages for a random subset of the population. For a village,

the graph (or multi-graph), represents individuals as nodes with thirteen dimensions of possible links

between pairs of vertices. These dimensions include relatives, friends, creditors, debtors, advisors,

and co-workers. For our purposes, we work with an undirected, unweighted graph which takes the

union of these dimensions, following Banerjee et al. (2010). In our villages, the multiple dimensions

are highly correlated so the union network allows the researchers to capture latent information.

Moreover, any weighting method would be rather ad hoc in nature. Henceforth, we will simply refer

to this object as the social network of the village.

Using this social network, we construct a variable γ(i, j) that represents the length of the shortest

undirected path between i and j. We refer to this as i and j’s social distance. If i and j are connected

directly, their social distance is γ(i, j) = 1; if i is not connected to j directly, but is connected to

some k, who is connected to j, γ(i, j) = 2, etc. Then, i and j are said to be reachable (rij = 1) if

there exists any path from i to j. We provide a more detailed description of the network data and

the construction of these variables in Appendix C.

In our experiment, we stratified our random pairings of participants against the social distance

distribution. That is, we randomly assigned pairings, oversampling the right tail of the social

distance distribution. We do this because of the “small world”phenomenon of networks: in real-

world networks most pairs are closely connected. So, without oversampling the right tail, the

distribution of path lengths between pairs would be tightly concentrated and it would be diffi cult

to randomly observe pairings of significant path length. Though one natural approach would be

to undo our oversampling of the tail and reweight observations, we refrain from this because even

the oversampling was not suffi cient to get a large enough distributional shift to make this approach

meaningful. However, the oversampling enabled us to effi ciently estimate the linear effects of social

distance.

4.3.2. The role of social distance. The social distance data enables us to do two things. First, as

discussed in the introduction, we are able to control for any “super-game”effects. In lab experiments

in the field, one runs the risk of having partners whose relationship extends beyond the game at

hand. The value of these outside-the-game relationships may swamp the incentives created by the

experimenter, making it diffi cult to detect changes in behavior across experimental treatments, even

if such changes might be substantial when real-world incentives are at play. We can project super-

game effects onto our social distance variable; controlling for social distance uniquely allows us

to mitigate super-game effects for a lab experiment in the field. Second, we may be interested in

studying how limited commitment relationships and the insurance that they can support are affected
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by social distance. By randomly assigning partners at varying social distance, we are able to address

this question.

One might imagine that lab experiments in the field face severe internal validity problems if the

games spillover into real life. That is, if two individuals treat the game as a subgame of their real

life interactions, and pairs are not randomly assigned to different experimental treatments, then

decisions taken within the game may be polluted by real-world relationships. Our network data

enables us to measure the effect of these relationships. The distance between a pair is given by

the geodesic or the length of the shortest path between the two vertices. We use this to measure

the potential out-of-game spillover effect that may occur due to closely connected people playing

together in the experiment. By creating a more uniform distribution of the path length between

pairs, we are able to actually compute and partial out the effect due to distance with some power.

Moreover, because we have exogenous variation in social distance, our results are informative for

studying how limited commitment relationships and the insurance that they can support are affected

by social distance. This would not be possible without random assignment of pairs to play different

treatments, in which case social distance would be an omitted variable. With our data, because we

construct and randomly assign a measure of social distance, which will therefore be uncorrelated

with other, omitted components of the true value of a pair’s relationship outside the game, we obtain

consistent estimates of the effect of social distance in changing how limited commitment binds and

how savings access crowds out informal insurance.

Now, we turn to the results of our experiment.

5. Results

Our experiment was designed so that many of our hypotheses of interest can be answered by

simple comparisons of the mean of a particular outcome across games. We want to measure the

effect of different treatments on the magnitude of interpersonal insurance, and on welfare; and study

how these cross-treatment differences respond to the strength of social ties. Mirroring the structure

of section 3, we will first discuss results that illustrate the changes in transfers and consumption

smoothing averaging across different levels of social ties. These results answer the question of

whether our experimental environments successfully replicated the incentives of risk-sharing under

full commitment, limited commitment without savings, and limited commitment with savings. Then,

having argued that our experimental environments succeeded in replicating these environments, we

turn to discussing results that illustrate how social ties mediate the effects of limited commitment

and access to savings. We conclude our discussion by examining the appropriateness of the grim

trigger modelling assumption by examining the incidence of, and the response to, defection.

Before presenting our results, we discuss how we measure the degree of insurance, and the extent

of consumption smoothing, and discuss our basic regression specifications.

5.1. Measuring the degree of insurance. To examine the magnitude of interpersonal insurance,

we examine average transfers made by individuals with high income realizations to those with low

income realizations. This gives us a measure of the amount of interpersonal risk-sharing which does
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not rely on knowing the relative bargaining power or Pareto weights. Moreover, these comparisons

do not rely on the assumption that individuals are on the Pareto frontier; merely that they are risk

averse.

To see this, note that if players 1 and 2 fully insure their idiosyncratic risk, and 1 has a Pareto

weight/bargaining power factor of λ, 1 transfers an amount

τ1FI = (1− λ) 250

to 2 when 1 is lucky, and 2 transfers an amount

τ2FI = λ250

to 1 when 2 is lucky. Since each player is lucky 50% of the time on average, average transfers

will be

.5τAFI + .5τ2FI = .5 (λ+ 1− λ) 250 = 125

regardless of λ.

Similarly, if players 1 and 2 insure, on average, fraction α of their idiosyncratic risk, τ1α =

α (1− λ) 250 and τ2α = αλ250, and average transfers will be

.5τ1α + .5τ2α = α125

Even if transfers change over the course of the game in response to binding participation constraints,

as we expect to happen in a limited commitment setting, average transfers will be α125, where α

is the fraction of risk that is insured, averaging across rounds. Note that the independence of

average transfers and bargaining weights relies on the fact that the income process is independent of

bargaining weights. This holds in our setting because each player has a 50% chance of being lucky

or unlucky in each round. However, in non-experimental data, bargaining weights would typically

be correlated with the individuals’income processes, and it would not be possible to map average

transfers into the degree of insurance without knowledge of bargaining weights. In our setting, we

can therefore interpret changes in transfers when moving from full commitment (the LCNS game)

to limited commitment without savings (LCNS) as the change in interpersonal insurance due to

binding participation constraints; and we can interpret changes in transfers when moving from

limited commitment without savings (LCNS) to limited commitment with private savings (LCPS)

as the change in interpersonal insurance due to savings access affecting participation constraints.

5.2. Measuring welfare implications. Examining transfers as an outcome tells us about the

degree of interpersonal insurance. However, we are also interested in the implications for welfare. In

particular: Is welfare higher (or lower) with savings access than without (and by how much)? How

much do binding participation constraints reduce welfare, relative to the full commitment case?

In general, the effect of different treatments on welfare would be comprised of an effect of the

level of consumption, and an effect on the variability of consumption. However, because the income

process was fixed across treatments, there will mechanically be no difference in average consumption

between the full commitment (FCNS) and limited commitment (LCNS) games. Table 1d shows that
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this is indeed the case—average consumption is Rs.132 in both games.15 Because savings are lost when

the savings games end, consumption is slightly lower in the games with savings: between Rs. 2 and

Rs. 3 lower, depending on the game and treatment. With the caveat that average consumption is

very slightly lower in the savings games, we will think of the variability of consumption as a measure

of relative welfare. As long as players are risk averse—and their use of smoothing mechanisms

shows that they are—more variable consumption implies lower expected utility, holding expected

consumption constant.

5.3. Baseline regression specifications. Our main estimation specification take the following

form for outcomes defined at the individual-by-game-by-round level:

ωigr = α+ βg +X ′gγ + φi + Z ′igζ + εigr

where ωigr is an outcome for i in game g, round r; βg is a game indicator (commitment, no com-

mitment without savings, etc.); Xg includes characteristics of the game (order-of-play and surveyor

effects). φi is an individual-fixed effect,
16 and Zig includes an indicator for whether i and i’s partner

j in game g are connected in the village social network, and, if connected, the distance between i

and j. The outcomes we consider which are defined at the individual-by-game-by-round level are:

absolute deviations of consumption from the overall average for that game, |cigr − c̄g|, consumption
squared deviations |cigr − c̄g|2, and savings sigr. We examine consumption squared deviations as
well as absolute deviations to put a proportionally greater penalty on large amounts of variability

in consumption. We also examine transfers made from the lucky to unlucky individual in each

round; for these regressions the sample is restricted to individual-game-round observations on lucky

individuals.

We also examine consumption variances var(cig) ≡ 1
Ng

∑Ng

r=1 (cigr − cig)2 and standard deviations
var(cig)

.5, which are defined at the individual-by-game level. The specification takes the following

form:

var(cig) = α+ βg +X ′gγ + δi + Z ′igφ+ εig

The estimation errors (the ε) in our regressions may be correlated across individuals within a

given game in a particular village, due, for instance, to slight idiosyncrasies of game explanation,

disruptions in the experiment venue, etc. Therefore all regression standard errors are clustered at

the game-times-village level.

5.4. Use of smoothing mechanisms. Because we want to use the results of our experiment to

study how interpersonal and intertemporal consumption smoothing interact, we need to show that

15Consumption is higher in round 1 of each game, where players receive Rs 30 or Rs 60 as an initial endowment.
Because there were random variations in how long each game lasted, consumption is an insignificant Rs .31 higher in
the LCNS game than in FCNS in the SDG treatment, and an insignificant Rs .11 higher in the LCNS game in the
grim trigger treatment.
16We have also omitted individual-fixed effects and controlled for characteristics of the individual (education, wealth,
and individual-level network characteristics measuring an individual’s “importance” in the network). These individ-
ual characteristics enter with the expected signs and do not change the between-game comparisons we find in the
individual-fixed effect regressions. (Results available on request.)
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the players understand and are willing to use interpersonal transfers, and, when available, savings.

Table 1d shows average transfers and savings by game. Overall transfers are approximately Rs. 93 in

the full-commitment treatment, 70% of the Rs. 125 that would be associated with full insurance. (As

noted above, even if one individual always consumed more than the other due to a higher bargaining

weight, average transfers would still equal half of aggregate income of Rs. 125 per round.17)

Table 2 shows that average savings levels in the private savings game are Rs. 22.6 in the SDG

treatment, and Rs. 20.1 in the GT treatment. In the joint savings game (GT treatment), average

savings are Rs. 23.8.

Significant levels of transfers in savings and non-savings treatments, and use of savings when

savings are available, suggest that meaningful consumption smoothing is occurring. Figures 5a,

b, and c show consumption, income and transfers for a typical individual in the “no commitment

without savings”game (SDG treatment). Consumption is noticeably smoother than income, due to

the use of transfers (defined as positive when she has high income, and negative when she has low

income). Figures 6a, b, and c shows consumption, income and savings for a typical individual in the

“no commitment with private savings”game (SDG treatment). Again, consumption is noticeably

smoother than income, now due to the use of savings as well as transfers.

Recall, too, that use of savings in our experiment (with βR < 1 and no aggregate risk) is direct

evidence that participation constraints are limiting interpersonal risk-sharing.

We now turn to discussing the results that illustrate the changes in transfers, consumption smooth-

ing, and defection across treatments, averaging across different levels of social ties.

5.5. Results across treatments.

5.5.1. Transfers and consumption smoothing.

Transfers. An implication of binding participation constraints is that transfers are reduced when

individuals cannot commit, relative to when they can. Table 2 presents the results of regression-

adjusted comparisons of levels of transfers, by game. The first two columns show results for the

SDG treatment. These results are of particular interest because, as we argue later, SDG is a much

better approximation to what individuals are likely to do in their real-world interactions, and so

in discussing the results, we will focus on the SDG treatment. The first column shows results for

all rounds in SDG games. Transfers are significantly lower in the two no-commitment treatments.

Relative to the full commitment treatment, transfers are Rs. 9 (10%) lower with limited commitment-

no savings, and Rs. 11 (12%) lower with no commitment and private savings, indicating reduced

interpersonal consumption smoothing when players are not required to use the GT punishment

response. The reduction in transfers under LCNS is not significantly different than under LCPS,

suggesting that savings access does not crowd out interpersonal insurance. The second column shows

results for rounds in SDG games where a defection has not previously occurred. (Defection occurs

in roughly one-third of SDG game rounds, as we discuss below.) In this sample, transfers are not

17Individuals receive extra income in the first round, in the form of the initial endowment. However, since this income
is revealed before insurance agreements are made, the endowment should not be “insured.”We test this prediction
below.
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significantly reduced in the limited commitment-no savings game, indicating that the reduction in

transfers in this case is due to players reneging on their promises, rather than promising less in

anticipation of binding constraints.

The sum of the coeffi cients on reachability and distance shows that players at distance one (the

closest possible pairing, i.e. players who know each other directly) would transfer Rs. 12 more than

a pairing not connected at all through the social network in the full sample; Rs. 20 more in the

no-defection sample. The coeffi cient on distance shows that a one-unit increase in the path length

between the pair reduces transfers by Rs. 3, in the full sample or the no-defection sample. These

figures tell us that socially close individuals share more with each other than distant individuals,

averaging across the different regimes we consider (full commitment, limited commitment-no savings,

and limited commitment-private savings). Below we examine whether the effect of social distance

varies across these different regimes.

The third through sixth columns show limited commitment does not appear to bind when the GT

response is imposed. Levels of transfers are not significantly lower when individuals cannot commit

to transfers than when they are able to do so, suggesting that participation constraints do not bind

when the punishment for defection is autarky for the rest of the game. In what follows, we focus on

the SDG results, since the SDG results reflect endogenously-chosen punishment behavior and are

therefore more reflective of the real-world impact of limited commitment and savings access. Below

we turn briefly to considering the pattern of results under grim trigger.

Consumption smoothing for the average player. Table 3 shows across-game results for consumption

smoothing. As in Table 2, the omitted category is FCNS, so coeffi cients on the indicators for

other games give the regression-adjusted difference between that game and the full commitment

benchmark. We present results for consumption absolute deviations, squared deviations, variances

and standard deviations; all yield similar results. We focus on the regressions with the absolute

deviation of consumption and the standard deviation of consumption since these are in units of

rupees and therefore easier to interpret.

We find that going from FCNS to LCNS leads to a Rs. 9 increase in the absolute deviation of

consumption (or a Rs. 9 increase in standard deviation), significant at the .01 level. This effect is

equal to almost 20% of the average absolute deviation in the FCNS game, an economically as well

as statistically significant increase.

The coeffi cient on LCPS is Rs. 5. This is significantly different from zero, indicating that full

commitment (FCNS) induces significantly more smooth consumption patterns than LCPS. However,

a simple F-test demonstrates that LCPS results in significantly more smooth consumption relative

to LCNS (p < .01). That is, individuals use savings to smooth some risk intertemporally that they

cannot smooth using interpersonal transfers.

In order to make a statement about welfare, we must first look at the levels of consumption.

Table 1d shows that the level of consumption is not significantly different between LCNS and LCPS.

Conditional on sustaining the same level of consumption, variability is a suffi cient statistic for welfare

implications. Therefore, we can interpret our results from the SDG treatment as saying that limited



30 ARUN G. CHANDRASEKHAR, CYNTHIA KINNAN, AND HORACIO LARREGUY

commitment with no savings induces a welfare loss relative to the full commitment no savings case.

However, the introduction of savings to the limited commitment game improves the situation by

significantly reducing consumption variability. On the other hand, the artificial imposition of the

GT response results in little evidence of binding participation constraints. (We briefly return below

to the puzzle of why players in the SDG treatment do not endogenously implement GT.)

Consumption smoothing at different levels of income. As noted above, it is theoretically possible for

savings access to reduce the welfare of the average member of a risk-sharing group (?). However,

our results show that, on average, savings access is beneficial because it allows individuals to smooth

some risk intertemporally that they cannot smooth using interpersonal transfers. As well as reducing

or even reversing the gains of savings access to the average village member, crowdout of interper-

sonal insurance may have distributional consequences within the village. When inter-household risk

sharing is augmented by the ability to smooth risk across time, the average household may be better

off (as our results show they are), but households that suffer large setbacks may suffer more, due

to greater consumption volatility and/or lower average transfers from more fortunate households,

than they would under a mutual insurance-only system (?). Those suffering negative shocks may

derive little direct benefit from savings, as they have no excess income to save, while receiving re-

duced transfers from more fortunate members of the village, who are willing to transfer less because

reduced future insurance is less painful when they can rely on a buffer of savings.

Theoretically, the limited commitment model predicts that participation constraints will bind

more when the members of a pair have very unequal luck—one is lucky most of the time, so the

other is unlucky most of the time. Table 4a shows that this prediction is borne out in our data. In

games where one player has a realized income in the lowest tercile of the income distribution, that

player’s consumption smoothing is much worse in LCNS relative to FCNS—the absolute deviation of

consumption increases by Rs. 16. When both players’income realizations are in the middle tercile,

the increase in absolute deviation of consumption is only Rs 5.

Comparing the coeffi cients on LCNS and LCPS shows that the benefit of savings (in terms of

consumption smoothing) is greatest in games where one player has a realized income in the lowest

tercile of the income distribution: the unlucky individual’s consumption is smoother in LCPS than

LCNS (p=.07), as is the lucky individual (p < .01).

Moreover, Table 4b shows that, while transfers fall by approximately Rs 20 when moving from

FCNS to LCNS and LCPS, the LCNS-vs-LCPS difference in transfers is not significant at the

extreme terciles of the income distribution, while it is significant when luck is distributed relatively

evenly. That is, savings crowds out transfers most when luck is distributed evenly. While the

limited commitment model predicts that crowdout will be greatest when one player has most of the

good luck, in our experiment it is pairs with evenly-distributed luck for whom limited commitment

(without savings) does not reduce transfers, leaving a large amount of risk-sharing. Some of that

risk-sharing appears to be crowded out by transfers.

These results seem counter to the hypothesis that those individuals with the worst series of income

realizations (i.e., “bad luck”) would do worse when their partners have access to savings, because



INFORMAL INSURANCE, SOCIAL TIES, AND FINANCIAL DEVELOPMENT 31

their more fortunate partners would prefer to save their income than repeatedly make transfers to

the unlucky partner. Transfers from the lucky to the unlucky member of the pair are not reduced

by savings access when luck is uneven (so that average consumption for the unlucky partner is

unchanged), and consumption variability falls because the unlucky (and lucky) partners use savings

to smooth risk over time.18

5.5.2. Consumption smoothing and savings access under Grim Trigger. As noted above, Table 2,

columns 4-6 show that under grim trigger, transfers do not fall when limited commitment is imposed

(they do not fall under limited commitment-no savings, limited commitment-private savings, or

limited commitment-joint savings, relative to full commitment), indicating that limited commitment

does not appear to bind when the severe post-defection response of permanent autarky is imposed.

Table 3, columns 4-6 show that under grim trigger, consumption smoothing is significantly better

under limited commitment-private savings and limited commitment-joint savings than under full

commitment. While at first this appears puzzling, it is consistent with the fact that even under full

commitment, players do not achieve full risk sharing– average transfers are Rs. 93.18, or roughly

75% of the Rs. 125 that would be observed under full insurance. As noted above, this suggests there

is an additional friction, aside from limited commitment, preventing households from achieving

full risk-sharing, such as an endowment effect or contemplation cost. In light of such a friction

restricting interpersonal insurance, it makes sense that giving players the intertemporal option of

savings (private of joint) will improve consumption smoothing, and this is what we observe.

It also appears puzzling that, when moving from limited commitment-private savings to lim-

ited commitment-joint savings, average savings falls slightly, and average consumption smoothing

worsens slightly, although these differences are not statistically significant. Based on discussions

with experimental participants, we hypothesized that the explanation for this might lie in players’

reluctance to use the joint savings technology, which is lost upon defection, due to a form of time-

inconsistency, namely, a fear that, upon getting a high income draw, the future self will imprudently

decide to renege, losing one’s joint savings as a result. Since this reasoning reflects a logic akin to

that of a sophisticated hyperbolic discounter– anticipating that one’s future self will act in a way

inconsistent with what the current self would prefer– it seems natural to suspect that this behav-

ior would be more prevalent among those showing evidence of hyperbolic discounting, which was

measured in the pre-experiment questionnaire.

Table 4c investigates this by examining the relative fall in savings when moving from limited

commitment-private savings to limited commitment-joint savings for non-hyperbolic players (those

whose revealed rate of time preference between now and 1 year from now was the same as their

revealed rate of time preference between 1 year and 2 years from now), and hyperbolic players

(those who are more patient when deciding between 1 year and 2 years from now than between

now and 1 year from now). Column 1 shows that, as expected, hyperbolic players show a large and

18Of course, in a setting where individuals have heterogeneous income processes which are initially private information,
so that individuals are learning about their partners’ income process, it is possible that individuals with a series of
low income realizations would see a larger drop in insurance going from the no savings to savings treatments than in
the full information, i.i.d. income setting we consider.
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significant drop in use of savings when moving from limited commitment-private savings to limited

commitment-joint savings, while there is no drop for non-hyperbolic players. Columns 2 and 3 show

that this result is robust to the classifications of those who are less patient when deciding between 1

year and 2 years from now than between now and 1 year from now, and those who are so impatient

that they always preferred money sooner to money later, preventing us from discerning if they were

hyperbolic or not.

As another possible measure of financial sophistication, column 4 examines the relative drop in

savings when moving from limited commitment-private savings to limited commitment-joint savings

for those whose household has at least one SHG (self-help group) or savings account vs. those who

did not, and finds the drop in savings is concentrated among those whose household has an SHG

or savings account. However, in column 5, when simultaneously controlling for both measures, the

hyperbolic-discounting measure remains significant while the SHG or savings account indicator does

not. Column 6 shows that hyperbolic discounting is not significantly correlated with the SHG or

savings account indicator.

In short, these results suggest that “sophisticated” savings products such as jointly-controlled

savings accounts may not have the desired effect (increasing consumption smoothing) and may

even worsen consumption smoothing among households who anticipate that they may make ex-ante

suboptimal choices in the future.

5.5.3. The role of ex ante wealth. If individuals are in fact making insurance agreements with each

other, rather than simply sharing with each other due to altruism, social norms, etc., any shock

revealed before pairs make their insurance agreements should not be insured, in any of our treat-

ments. The initial endowment is such a shock. Table 5 columns 1 and 4 show that individuals

who receive the high endowment of Rs 60 consume almost exactly Rs. 30 more than individuals

who received only 30 Rs.; that is, the endowment shock is not “insured”at all. The effect does not

vary across games, suggesting that even in the game where individuals can commit, they do not

use transfers to equalize ex post a shock that was revealed before the contract was signed. This is

strong evidence that players are using transfers out of true insurance motives and not out of pure

or directed altruism (à la Ligon and Schecter 2009), or as part of a larger risk-sharing agreement

that might exist between the pair members (à la Ambrus et al. 2010 or Karlan et al. 2009), or due

to demand effects from the experimental setup. Columns 2-3 and 5-6 show that the Rs. 30 increase

in total game consumption comes partially from a drop in transfers made and partially from an

increase in transfers received.

5.5.4. Crime (defection)... The results for consumption smoothing and transfers show that partici-

pation constraints significantly bind in the SDG treatment, and that socially distant pairs are more

affected by participation constraints than socially close pairs. While models of limited commitment

feature no defection in equilibrium, because every subgame has an effi cient continuation path (?),

the experimental participants in our games, particularly in the SDG treatment, mention changing

their minds about how much to transfer to their partner because after seeing their income, they were
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unwilling to transfer what they had initially promised. We interpret this as defection in response to

binding participation constraints. Table 6, which presents results on defection probabilities, shows

that binding participation constraints manifest themselves through defection, i.e. players transfer-

ring a different (usually lower) amount than they promised.19 Defection, defined as transferring less

than promised, occurs in 23% of rounds under the SDG treatment, but only 1% under the grim

trigger treatment. The significant negative coeffi cient on the social reachability indicator shows that

individuals defect less often when they can reach their partner through the social network. Condi-

tional on being reachable, a greater social distance is associated with more defection. In neither the

SDG or GT treatments do we observe significant differences in defection rates across games (except

in the full commitment treatment, where the defection rate is zero because players were not able to

change their minds).

The stark differences between the SDG and grim trigger treatments– defection rates more than

twenty times higher in SDG than in grim trigger– demonstrates that players are not replicating the

grim trigger response when they are free to chose a response, although it is feasible and, according

to theory, should lead to the most risk-sharing. In fact, as discussed above, consumption smoothing

is markedly worse in the SDG treatment than under grim trigger. We now turn to examining the

response to defection across the two treatments.

5.5.5. ...and punishment. If the data featured no actual defection, we would be unable to learn

directly what post-defection responses players used when the experiment did not impose the GT

response, because there would be no post-defection response to observe. However, our data, with

defection rates of 23% in the SDG treatment, do allow us to study what happens after defection

when players are free to choose their response. Table 7 shows how transfers are affected in the

rounds following defection. Transfers are significantly reduced by about Rs. 12 in the first round

post-defection, but after 4 rounds they return to the level that prevailed before defection occurred.

We illustrate this graphically in Figures 7a and b. Figure 7a emphasizes the transiency of the

punishment phase.

Strikingly, during the punishment phase, transfers are not completely ceased, but only reduced.

Even during the maximal punishment phase, transfers fall by roughly 15%, a far cry from permanent

reversion to autarky. If the players were endogenously imposing severe punishments post-defection,

approximating grim trigger, we would see a drop on the order of Rs. 80. Figure 7b is scaled relative

to the magnitude of pre-defection transfers to emphasize the small magnitude of punishment, when

it is inflicted at all. Therefore, when not required to follow a GT response, players appear to inflict

moderate punishments for about 3 rounds, or half of the expected duration of the game at the time

the defection occurred (since the game can always be expected to last 6 rounds, conditional on not

having ended yet.) These results suggest that models (and experiments) that assume or impose a

grim trigger response will miss important features of real-world behavior. In particular, they are

likely to be too sanguine about the amount of risk-sharing that can be sustained.

19In a small fraction of rounds, the lucky player transfers more than she promised. We do not consider this defection
in our analysis.
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We now turn to examining how the effects of limited commitment and savings access vary for

risk-sharing groups with different social ties.

5.6. Limited commitment, savings access, and the role of social ties.

5.6.1. Limited commitment and social distance. This section tests the the predictions of the limited

commitment model with social sanctions: consumption smoothing and average transfers under full

commitment are unaffected by social distance; average transfers are lower under limited commitment,

the more socially distant people are; and consumption smoothing under limited commitment is worse,

the more socially distant people are. Table 8 presents results examining how social distance affects

lack of commitment when the outcomes are how much the lucky partner transfers to the unlucky

partner, and the absolute consumption deviations of both partners. To do this, we focus on data

from the FCNS and LCNS games only, and run regressions of the form:

ωigr = α+ β11 (No_Commitment) + γ1Reachable+ γ2Social_distance(5.1)

+δ11 (No_Commitment) ∗ Reachable+ δ21(NoComm) ∗ Social_distance

+φi + Z ′igζ + εigr

where ωigr is an outcome for i in game g, round r. We consider the magnitude of transfers from

high- to low-income individuals and the absolute deviation of consumption from its mean level in

a given game: ωigr ∈ {transfersigr,
∣∣consumptionigr − consumptiong∣∣}. φi is an individual-fixed

effect, and Zig includes an indicator for whether i and i’s partner in game g are connected in the

village social network, and, if connected, the distance between i and i’s partner. When the outcome

is transfers made from the lucky to unlucky individual in each round, the sample is restricted to

individual-game-round observations on lucky individuals.

The coeffi cient β1 is the regression-adjusted effect of moving from full commitment to no com-

mitment for unreachable (i.e., socially unconnected) pairs. The sum δ1 + δ2 is the differential

no-commitment effect for closest pairs (of distance 1), and δ2 is the additional differential effect

for each additional unit of geodesic distance between the members of the pair. Since the reference

category in these regressions is full commitment, the coeffi cient γ2 is the effect of increasing social

distance in the full commitment treatment.

Column 1 replicates the results of Table 2, column 1 (where the outcome is transfers) on the

sample of no-savings data. In column 2, the specification corresponding to (5.1) where the outcome

is transfers, the main effect of social distance, γ2, is the effect of social distance in the full commitment

treatment. The point estimate is small and not statistically significant, indicating that under full

commitment, players do not transfer more to a socially close partner than to a socially distant

partner.20 Since in the model of limited commitment model with social sanctions, social distance

20The main effect of the reachability indicator, γ1, is significant and negative when the outcome is transfers, and
significant and positive when the outcome is consumption smoothing, implying that unreachable pairs achieve more
insurance than reachable pairs under full commitment. This is puzzling, but since only 2.1% of pairs are not reachable
(see Table 1c), this may be purely due to sampling variation.
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only matters via the likelihood of binding participation constraints, this confirms Implication 1 of

the model.

The main effect of limited commitment, β1, shows that for unreachable pairs, removing commit-

ment is associated with a drop in transfers of Rs. 32, or almost one third. However, for pairs of

distance 1, the reduction is almost exactly zero. Each addition unit of social distance increases the

amount that transfers fall in response to limited commitment by Rs 3 (significant at 10%). The

confirms Implication 2 of the limited commitment model with social ties, that transfers will be more

severely reduced when commitment is removed, the more socially distant is the pair.

To examine how social distance affects lack of commitment when the outcome is how variable

players’consumption is, we estimate (5.1) where the outcome is the absolute deviation of i’s con-

sumption in round r of game g from average consumption in game g. Again, β1 is the effect of moving

from full commitment to no commitment for unreachable (i.e., socially unconnected) pairs. The sum

δ1 + δ2 is the differential effect for closest pairs (of distance 1), and δ2 is the additional differential

effect for each additional unit of geodesic distance between the members of the pair. Column 3

replicates the results of Table 3. Column 4, the specification corresponding to (5.1), shows that for

unreachable pairs, removing commitment involves a increase in the average absolute deviation of

consumption from its mean of Rs. 39, an increase of almost 150% over the full commitment mean of

Rs. 27. However, for pairs of distance 1, there is no increase in consumption variability: the point

estimate of β1 + δ1 + δ2 is negative, small and insignificant. Though not statistically significant, the

estimate of δ2 suggests that each additional unit of social distance increases the amount of additional

consumption variability in response to limited commitment by Rs 7. This confirms Implication 3 of

the limited commitment model with social ties, that consumption smoothing will be more severely

reduced when commitment is removed (and in the absence of savings), the more socially distant is

the pair.

In summary, these results confirm implications of the model of limited commitment with social ties

derived in section 2: limited commitment leads to the largest reductions in interpersonal insurance

and consumption smoothing for the most socially distant individuals, while social distance does not

play a significant role when individuals can commit.

5.6.2. Savings access and social distance. The limited commitment model with social sanctions does

not make sharp predictions about how the effect of introducing savings access on insurance or

consumption smoothing varies with pairs’ social distance. However, this theoretically ambiguous

effect can be estimated empirically. To do so, we focus on data from the LCNS and LCPS games

only, and run regressions of the form:

ωigr = α+ β11(Savings) + γ1Reachable+ γ2Social_distance(5.2)

+δ11(Savings) ∗ Reachable+ δ21(Savings) ∗ Social_distance

+φi +W ′pgζ + εpgr

where ωigr is an outcome for i in game g, round r, ωigr ∈ {transfers,
∣∣consumptionigr − consumptionig∣∣}.
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Table 9 shows the results. We do not observe significant social distance gradients on either

transfers or consumption variability. The lack of a significant coeffi cient on the main effect when the

outcome is transfers, and the significant negative coeffi cient on the main effect of savings access when

the outcome is consumption variability, replicate our earlier findings that, on average (and indeed

at all social distances) savings access does not crowd out interpersonal insurance, and improves

consumption smoothing.

The sharp prediction that does emerge from the limited commitment model with social sanctions is

that individuals in more socially distant pairs should use savings more, because limited commitment

leads to more uninsured income variation for these pairs. Because we only observe each individual

in the SDG treatment playing one game with savings, Table 10 omits individual fixed effects to look

at how use of savings varies with social distance. We see that the more distant i is from her partner,

the more i uses savings, by 80 paise (Rs. 0.80) per unit of distance, significant at 1%. This offers

further evidence that limited commitment binds more at greater social distances, and that savings

allow these pairs to smooth some of the resulting uninsured risk.

We now turn to examining whether and how often lucky players defect– that is, transfer less to

their partner than they agreed.

5.6.3. Defection and social distance. Table 11 shows how defection rates vary with social distance,

for the SDG treatment. To improve our statistical power we split pairs into high (median and

above) and low (below-median) bins rather than using a linear measure of social distance. If binding

participation constraints sometimes result in defection, the limited commitment model with social

distance predicts that defection will occur less often in pairs that are socially close, where partic-

ipation constraints will bind less often. Indeed, this is what we find. Under limited commitment

without savings, defection occurs 10 percentage points more often when the pair are distant than

when they are close. On the other hand, moving from limited commitment without savings to lim-

ited commitment with savings, there is neither an overall increase in defection, nor a differential

increase by social distance. This is as expected because we find little evidence that access to savings

tightens participation constraints.

6. Conclusion and future directions

The results of a unique lab experiment, conducted in the field, show that under SDG (that is, when

players are free to choose their own response to defection by their partner), limited commitment binds

substantially. Yet, we find that savings access does not crowd out informal insurance (transfers).

Private savings access does not appear to reduce welfare relative to limited commitment without

savings, even at low quantiles of the income distribution. Instead, savings access allows individuals

to smooth intertemporally some of the income risk that is not insured interpersonally.

Because our experimental design ensures that the income process (which we control) is uncorre-

lated with players’relative bargaining power in their pairings, we can study consumption variability

as an ordinal measure of relative welfare that does not require assumptions about a particular utility
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function: more consumption variability implies lower welfare. However, to get a sense of the mag-

nitude of the welfare differences across the settings we study, we can plug our results for changes in

consumption variability into a particular utility function. Assuming a CRRA utility function with

a coeffi cient of relative risk aversion of 2 implies that the move from full commitment (no savings)

to limited commitment (no savings) reduces average welfare by 2.7%– a percentage that is much

greater than the welfare loss due to business cycles in the US calculated by Lucas (1987). On the

other hand, adding private savings to the limited commitment setting cuts the welfare loss in half,

to 1.3% lower than under full commitment.

Consistent with the predictions of the limited commitment model, participation constraints are

most binding when one member of the pair is very fortunate (gets high income most of the time),

while the other in unfortunate and gets low income most of the time. But, even in such cases, savings

access does not crowd out interpersonal transfers. Thus, we do not find evidence that savings access

has negative distributional consequences, such as benefitting the most fortunate but harming the

least fortunate.

When players are free to choose their own response to defection, defection is common (occurring

in 23% of rounds), and the punishments are small in magnitude (a 15% reduction in transfers the

following period), and short in duration, with the response decaying to zero in 4 periods. The

fact that in this case, consumption smoothing is substantially worse than when a “grim trigger”

(permanent reversion to autarky) punishment is imposed, suggests that some friction is preventing

households from adopting the grim trigger response. Grim trigger may be socially unacceptable,

susceptible to renegotiation, too fragile to accidental lapses in risk-sharing, etc. Modelling these

frictions is an interesting avenue for future work, and one we hope to pursue.

Using detailed data on how individuals within a village are connected socially, we find that lim-

ited commitment binds significantly when individuals are socially distant, and does not appear to

bind when they are socially close. Players are less likely to renege on the transfers they promised

their partner when they and their partner are close. While it is perhaps not surprising that limited

commitment binds less when those engaged in risk sharing know each other, it illustrates the advan-

tage of using a lab experiment, where we are able to randomly assign pairs so that social distance

is not an omitted variable in our comparisons. Studying endogenously-formed, socially close pairs

might result in concluding that limited commitment does not bind and that savings access does not

improve consumption smoothing. If economic development weakens social ties between individuals,

our results for socially distant pairs may be relevant in forecasting how well income risk can be

insured and what role financial access might play in improving consumption smoothing.

Overall our results fit together. The model of limited commitment predicts that transfers should

be crowded out by savings because this makes autarky more palatable. However, if people use very

mild punishments, the scope of risk to be insured by savings in the punishment stage will be limited.

Therefore, models utilizing the logic of the grim trigger may overstate the crowd out in transfers

that occur with the introduction of savings.
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Finally, we hope that our experimental strategy– a lab experiment, conducted in field settings

in a developing country, carefully designed to test theoretical predictions– is of interest as a way to

test other theoretical predictions which are diffi cult to test with non-experimental data. We feel this

method can achieve high external validity by closely mimicking real-life decisions while controlling

possibly confounding influences, such as endogenous network formation, endogeneity of the income

process, etc.
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Appendix A. Figures
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Figure 1: Sampling from the tail of the distribution
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Figure 2: The role of limited commitment, by social distance
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Figure 3: Limited commitment and autarky-only savings, by social
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Figure 4: Limited commitment and savings, by social distance
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Figure 6a: Income and Consumption
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Table 1d: Average transfers and consumption, by game and treatment

(1) (2) (3) (4)
Transfers Consumption
G SDG G SDG

No Savings (LC) -0.2097 -9.621*** 0.1063 0.3142
[3.546] [3.551] [.4407] [.516]

Private Savings (LC) 2.238 -10.11*** -3.223*** -2.079***
[3.551] [3.544] [.5521] [.5861]

Joint Savings 1.269 -2.453***
[3.575] [.4346]

Full commitment Mean 93.18 92.35 132.25 131.04
Standard deviation 33.47 36.31 49.26 51.97

N 8406 7025 16822 14070
Robust standard errors, clustered at the village by game level, in brackets.
Transfer is the actual amount given to the unlucky individual (who earned Rs 0)
by the lucky individual (who earned Rs 250). Consumption is the amount the
individual chose to place in their consumption cup. Individuals were paid one
randomly chosen consumption value at the end of the game.
* p<.1, ** p<.05, *** p<.01

Table 1e: Average consumption, by game and in-game income

(1) (2)
G SDG

Middle tercile 10.99*** 11.6***
[.832] [.9694]

Top tercile 20.09*** 23.77***
[1.345] [1.549]

Lowest tercile mean 119.18 117.12
Standard deviation 44.77 55.89
N 16800 14048
Robust standard errors, clustered at the village by game
level, in brackets. Consumption is the amount the individual
chose to place in their consumption cup. Individuals were
paid one randomly chosen consumption value at the end
of the game. * p<.1, ** p<.05, *** p<.01
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Table 2: Use of smoothing mechanisms

(1) (2) (3) (4) (5) (6)
SDG Grim

Transfers Savings Transfers Savings
Unconditional Conditional Unconditional Conditional

No S (LC) -8.899*** -3.61 1.423 2.424
[1.937] [2.545] [1.698] [1.816]

Private S (LC) -11.02*** -6.988** 0.5778 2.894
[2.23] [2.669] [2.025] [1.977]

Joint S (LC) 0.9233 1.434 -0.84
[1.825] [1.897] [.8733]

Reachable 15.37** 23.06** -4.032 -3.104 -4.159
[7.598] [10.58] [4.727] [4.552] [3.693]

Reach -2.751*** -2.697** 1.363* 1.162 0.039
× Distance [.8611] [1.153] [.7124] [.733] [.6022]
Constant 86.32*** 66.9*** 40.42*** 83.46*** 83.39*** 37.31***

[8.117] [11.01] [2.443] [6.263] [6.369] [4.734]
LCNS=LCPS

F-stat 1.111 1.325 0.18 0.0502
p-value 0.2945 0.2523 0.6721 0.8231

LCNS=LCJS
F-stat 0.0899 0.2863
p-value 0.7648 0.5935

Reference Group Full Com. Full Com Private S Full Com. Full Com. Private S
Ref. Group Mean 92.3512 93.0808 22.6453 93.1755 92.8645 20.9356

St. Dev. 36.3129 36.6006 28.6262 33.4701 34.2887 26.9258
N 3180 1938 4267 3899 3208 7848
R2 0.4613 0.5168 0.6296 0.4117 0.4284 0.5387

Adjusted R2 0.3617 0.3705 0.5662 0.3197 0.3166 0.4962
Regressions at the individual-game-round level Regressions include individual-fixed effects,
reachability and distance between partners, surveyor and team effects, and controls for order and
round of play. Transfer regressions include only high-income individuals. Robust standard errors,
clustered at the village by game level, in brackets. * p<.1, ** p<.05, *** p<.01
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Table 3: Consumption smoothing

(1) (2) (3) (4) (5) (6) (7) (8)
SDG - Consumption Grim - Consumption

Sq. Dev. Abs. Dev. Variance St. Dev. Sq. Dev. Abs. Dev. Variance St. Dev.
No Savings 10.79*** 8.865*** 1141*** 9.249*** 1.093 -0.1299 150.7 0.2553
(LCNS) [1.656] [1.348] [231.5] [1.801] [1.546] [1.274] [196.9] [1.465]
Private S 4.427*** 4.903*** 453.0* 4.00** -3.755** -3.887*** -489.4** -5.631***
(LCPS) [1.622] [1.368] [234.9] [1.851] [1.594] [1.274] [202.8] [1.582]
Joint S. -2.792* -3.221*** -237.8 -3.892**
(LCJS) [1.482] [1.22] [192.1] [1.558]
Reachable -8.205 -6.249 -951.3 -6.921 -1.488 -1.979 -403 -5.033

[5.203] [4.951] [649.9] [6.333] [3.834] [3.429] [513.3] [4.755]
Distance 1.122** .8942* 168** 1.17* 0.0814 0.0847 2.389 0.2441

[.5374] [.4666] [78.06] [.6585] [.5405] [.4614] [68.05] [.5693]
Constant 39.31*** 52.24*** 3735*** 57.5*** 26.76*** 43.07*** 3211*** 53.21***

[6.007] [5.539] [876.4] [7.6] [.] [3.253] [500] [4.252]
LCNS=LCPS
F-stat 16.26 10.17 9.765 10.33 8.572 7.944 8.843 13.45
p-value 0.00011 0.0019 0.0023 0.0018 0.004 0.0056 0.0035 0.00035
LCNS=LCJS
F-stat 5.717 5.404 3.461 6.845
p-value 0.0182 0.0216 0.065 0.0099
FC Mean 27.0085 40.912 2898.8811 48.5979 24.2837 38.7713 2568.1424 45.4687
St. Dev. 37.3173 32.0513 2641.2137 23.1931 33.7581 30.42 2521.5301 22.3938
N 12752 12752 1848 1848 15371 15371 2465 2465
R2 0.2657 0.2923 0.5612 0.5818 0.28 0.2965 0.5113 0.5539
Adjusted R2 0.2253 0.2533 0.3144 0.3465 0.2473 0.2645 0.3296 0.3879
Notes as in previous table.
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Table 4a: Consumption smoothing (absolute deviation of consumption)
by in-game income terciles, SDG

(1) (2) (3)
Tercile

Lowest tercile Middle tercile Upper tercile
No Savings (LC) 15.53*** 4.004** 14.5***

[3.163] [1.907] [2.439]
Private Savings (LC) 9.968*** 4.129** 5.564**

[3.744] [1.77] [2.522]
Reachable -45.48*** -6.033 16.38*

[13.34] [10] [8.812]
Reach * Distance 0.9573 -0.3695 1.818

[2.126] [.7243] [1.316]
Constant 81.87*** 56.41*** 27.94***

[14.28] [10.92] [8.873]
LCNS=LCPS
F-stat 3.255 0.0052 14.3
p-value 0.0743 0.9428 0.00026

Full. Com. Mean 39.7506 40.8573 40.7789
Standard Deviation 31.2281 31.8222 31.7478
N 2562 5646 4522
R2 0.47 0.35 0.37
Adjusted R2 0.3912 0.2842 0.2993
Notes as in previous table.
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Table 4b: Transfers by in-round income inequality

(1) (2)
FCNS vs. LCNS LCNS vs. LCPS

Extreme 4.515** -2.561
[2.109] [2.203]

LCNS -2.902
[2.357]

LCPS -5.373**
[2.118]

Extreme×LCNS -10.16***
[3.633]

Extreme×LCPS 5.908**
[2.854]

Reachable -5.025 6.632
[7.14] [6.033]

Distance -1.935** -0.8053
[.8886] [.8009]

Constant 96.78*** 74.97***
[7.716] [6.736]

Reference game FCNS LCNS
Reference game mean 91.7544 87.0692

Std. dev 36.192 40.2038
N 4234 4252
R2 0.4473 0.4581

Adjusted R2 0.3454 0.3578
Robust standard errors, clustered at the village by game level, in brackets.
Extreme distribution means 1 player had high income at least 75% of the
rounds in that game. Other notes as in previous tables.
* p<.1, ** p<.05, *** p<.01
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Table 4c: Use of savings by measures of sophistication

(1) (2) (3) (4) (5) (5)
LCJS -0.75 -0.6641 -1.76 -0.2104 -0.2322

[.8858] [.9061] [1.75] [.9621] [.9952]
LCJSXhyperbolic1 -3.996*** -4.121***

[1.309] [1.312]
LCJSXhyperbolic2 -3.896***

[1.282]
LCJSXhyperbolic3 -2.804*

[1.581]
LCJSXalwaystakesooner 1.304

[1.485]
LCJSXSHGorSavings -3.103** -2.689

[1.42] [1.71]
Hyperbolic1 -0.0811

[.055]
Reachable -0.974 -2.841 -3.047 -3.696 -0.5497

[4.13] [4.063] [4.049] [3.599] [4.025]
Distance -0.9778 -0.4668 -0.4217 -0.0315 -1.025

[.6716] [.6836] [.6664] [.6082] [.6811]
Constant 37.96*** 38.27*** 38.15*** 37.81*** 37.42*** .1988***

[5.31] [5.148] [5.15] [4.498] [5.11] [.0175]
LCPS mean 20.0956 20.0956 20.0956 20.0956 20.0956
Std. Dev 26.9258 26.9258 26.9258 26.9258 26.9258

N 6201 6567 6567 7848 6201 527
r2 0.5339 0.5358 0.5359 0.5393 0.5344 0.0025
ar2 0.4912 0.4933 0.4933 0.4968 0.4916

Robust standard errors, clustered at the village by game level, in brackets.
Hyperbolic1 is 1 if more patient later than now, 0 if equally patient, . If less patient later.
Hyperbolic2 is 1 if more patient later than now, 0 if equally patient or less patient later.
Hyperbolic3 is 1 if more patient later than now, 0 if equally patient or less patient later.
Alwaystakesooner=1 if player always took the sooner option of Rs. 100.
SHGorSavings=1 if the household has at least one SHG account and/or savings account.
* p<.1, ** p<.05, *** p<.01
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Table 5: Transfers and total consumption by endowment

(1) (2) (3) (4) (5) (6)
Games 2 and 3 Games 3 and 4

Cons. Transfers Transfers Cons. Transfers Transfers
given rec’d given rec’d

Lucky 29.24** 15.37 -13.51 28.88*** -6.64 -2.543
[13.93] [15.26] [16.88] [10.86] [15.22] [14.66]

No comm. -3.235 -30.41** -39.04***
[15.91] [14.69] [9.92]

No commXlucky -6.334 -6.307 9.613
[18.5] [17.81] [21.12]

Savings -23.63 -13.06 -4.288
[14.23] [12.45] [13.28]

SavingsXlucky 2.685 16.13 0.0357
[16.84] [21.73] [21.45]

Reachable 4.929 -79.34 51.91 65.38* 19.58 104.7*
[61.04] [71.21] [45.04] [33.31] [38.01] [61.11]

Distance 15.84 -9.396 -0.2837 0.8642 13.43 -42.35***
[17.91] [25.92] [18.18] [12.01] [15.75] [15.71]

Constant 1067*** 481.2*** 312*** 997.7*** 254.8*** 270.4***
[58.73] [57.86] [38.46] [48.54] [30.6] [57.93]

Reference game FCNS FCNS FCNS LCNS LCNS LCNS
Reference game mean 909.22 319.43 319.07 903.84 284.26 284.18

Std. dev 150.03 134.39 134.28 153.92 137.60 137.57
N 1222 1222 1222 1238 1238 1238
R2 0.6819 0.671 0.6445 0.7508 0.6966 0.6676

Adjusted R2 0.3078 0.2839 0.2262 0.4611 0.3439 0.2811
Notes as in previous table.
* p<.1, ** p<.05, *** p<.01
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Table 6: Defection and defection rates
for Grim and SDG

(1) (2)
Grim SDG

LCPS 0.0001 -0.0207
[.002] [.0133]

Reachable -0.0356 -.3075**
[.0228] [.1205]

Distance .0051* 0.002
[.0028] [.0093]

Constant .0483** .5078***
[.0204] [.1357]

Game 3 mean 0.0098 0.2375

N 3817 4252
R2 0.1757 0.4245

Adjusted R2 0.0037 0.3183
Robust standard errors, clustered at the
village by game level, in brackets.
p<.1, ** p<.05, *** p<.01

Table 7: Response to Defection, SDG

(1) (2) (3) (4) (5)
Transfers Transfers Transfers Transfers Transfers

Defection -6.999** -10.73**
1 Period Ago [2.805] [5.075]
Defection -5.39* -8.315**
2 Periods Ago [2.869] [3.727]
Defection -6.579* -6.714
3 Periods Ago [3.773] [4.778]
Defection -0.6261 0.0999
4 Periods Ago [3.355] [3.34]
Reachable 11.61 14.94 20.7 17.7 -0.0368

[8.858] [15.27] [17.33] [20.04] [18]
Reach * Distance -1.707 -1.887 -1.719 -0.3321 0.1502

[1.42] [1.838] [1.918] [2.006] [2.052]
Constant 74.87*** 69.94*** 63.76*** 62.39*** 72.08***

[9.607] [13.63] [15.01] [21.87] [17.7]
N 1795 1500 1192 884 884
R2 0.5716 0.6113 0.6729 0.7035 0.714
Adjusted R2 0.4344 0.4529 0.4873 0.4476 0.4638
Notes as in previous table. Defection is defined as a high-income player transferring less than
promised to her partner.



54 ARUN G. CHANDRASEKHAR, CYNTHIA KINNAN, AND HORACIO LARREGUY

Table 8: Social distance, consumption smoothing
and limited commitment

(1) (2) (3) (4)
Transfers Consumption Dev.

Lim. comm. -8.491*** -31.77** 10.67*** 38.99***
[1.426] [13.94] [1.508] [14.17]

Reachable -8.504 -25.02*** -4.344 16.34**
[7.655] [7.705] [7.323] [6.87]

Distance -1.817** -0.3402 1.455* -0.1523
[.9015] [1.115] [.7665] [.9663]

Lim. commXReachable 34.46** -40.38***
[15.04] [14.33]

Lim. commXDistance -2.996* 3.213***
[1.618] [1.141]

Constant 101.6*** 113.2*** 32.95*** 18.27**
[8.273] [8.014] [7.808] [7.124]

Full comm. mean 92.35 92.35 27.01 27.01
Std. dev. 36.31 36.31 37.32 37.32

N 4234 4234 8485 8485
R2 0.45 0.45 0.33 0.33

Adjusted R2 0.34 0.35 0.28 0.28
Robust standard errors, clustered at the village by game level, in
brackets. p<.1, ** p<.05, *** p<.01

Table 9: Social distance, consumption smoothing
and access to savings

(1) (2) (3) (4)
Transfers Consumption Dev.

Savings -1.908 -4.885 -6.348*** -2.811
[1.338] [16.78] [1.414] [17.61]

Reachable 6.436 6.291 -19.6*** -17.94
[6.129] [14.11] [5.674] [14.81]

Distance -0.7995 -1.159 1.603** 1.634
[.7912] [1.147] [.732] [.9914]

SavingsXreach 0.6575 -3.368
[16.85] [19.46]

SavingsXdist 0.6497 -0.0597
[1.289] [1.081]

Constant 73.64*** 75.06*** 58.56*** 56.78***
[6.454] [14.59] [6.703] [15.33]

No savings mean 82.73 82.73 37.28 37.28
Std. dev 40.5 40.5 44.09 44.09

N 4252 4252 8507 8507
R2 0.4575 0.4576 0.3278 0.3278

Adjusted R2 0.3574 0.3571 0.2711 0.2709
Robust standard errors, clustered at the village by game level,
in brackets. p<.1, ** p<.05, *** p<.01



INFORMAL INSURANCE, SOCIAL TIES, AND FINANCIAL DEVELOPMENT 55

Table 10: Savings by distance

Distance .8311***
[.3224]

Constant 28.87***
[2.478]

Distance=1 mean 23.57
Std. dev 24.76

N 4211
R2 0.22

Adjusted R2

Robust standard errors, clustered at the village by
game level, in brackets. Regressions include surveyor
and team effects, and controls for order and round of
play. * p<.1, ** p<.05, *** p<.01

Table 11: Defection rates, SDG, by game and social distance

(1) (2)
FCNS vs. LCNS LCNS vs. LCPS

High distance 0.0216 -0.0019
[.0311] [.0368]

LCNS .1757***
[.0193]

LCPS -0.0216
[.0188]

High distance*LCNS .1033***
[.0273]

High distance*LCPS 0.0018
[.0267]

Reachable -0.0295 -.3094**
[.0657] [.1248]

Distance -.0213* 0.0023
[.0125] [.0165]

Constant 0.0376 .5303***
[.0589] [.1329]

Reference game mean 0.0000 0.2375

N 4234 4252
R2 0.4062 0.4245

Adjusted R2 0.2967 0.3179
Note: Robust standard errors, clustered at the village by game
level, in brackets. Defection is defined as a high-income
player transferring less than promised to her partner. High
distance is 4 or more. * p<.1, ** p<.05, *** p<.01
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Appendix C. Network Data

Here we introduce basic social network terminology.21 A graph or network, Γ, is defined as a pair
of a set of vertices, V and edges E, Γ := (V,E). We represent Γ by its adjacency matrix A := A (Γ),
where Aij = 1 {ij ∈ E}. However, as our data depicts connections on multiple levels (friendship,
family, coworkers, borrowing/lending relationships, etc.), we begin with {Γr}r∈R, where R is a set
of relationships.
Specifically, in our survey, we have the following connections between vertices: (1) Visitors who

come to the household, (2) Households that a person visits, (3) Relatives, (4) Non-relatives, (5)
Medical aid, (6) Temple company, (7) Borrows material goods, (8) Lends material goods, (9) Borrows
money, (10) Lends money, (11) Whom the person gives advice to, (12) Whom the person asks for
advice, and (13) Whom the person identifies as a local leader.
Taking this literally we have |R| = 13 and therefore while Arij ∈ {0, 1}, Aij ∈ {0, 1}

13. In order
to deal with this excess of information, we can consider restricted graphs where we look at networks
built upon particular types of links. Alternatively, we can weight the edges via some criterion
function which we minimize to get “optimal weights”and get one relationship.22

One simple way to collapse the information is to create the “all” network. Here we define
Γall :=

(
V,Eall

)
where

Aallij =
∏

r∈{1,..12}

Arij

We omit A13ij , the entry for the local leader network, since this is not really a social network but
rather a network built upon people identifying their local leader. Henceforth, we drop the all
superscript and simply refer to A := A

(
Γall

)
as the social network of the village.

We want to measure of an individual’s prominence in a village the closeness between partners,
and for this we use the notion of geodesic distance. We define geodesic distance as

γ (ij) = min
k∈N

[
Ak
]
ij
> 0

and reachability as
Rij = 1 {γ (ij) <∞} .

Accordingly we can define the reachability matrix R = [Rij ] and the distance matrix D = [γ (ij)].
Note that it is important to control for reachability when studying sampled networks because indi-
viduals with a few links, who are distant from most other households, may appear in sampled data
with only close ties. This can cause sign switching if reachability is not controlled for (?).

21The discussion follows Jackson (2008).
22This would involve generating an optimal weighting function

ω (Re) ∈ [0, 1]

which would then give us the weighted, undirected graph

Γ̂ = (V,Ω)
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Appendix D. Protocol Extract

We have attached an English translation of an extract of the GT protocol. In particular, we
have attached a shortened version of the full protocol which contains a series of bullet points that
the field team had to convey to the participants. The main protocol had much more detail, but is
considerably longer. We hope that the extract will allow the reader to obtain a rough idea of the
structure and tone of the games, as perceived by participants.
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1. Introduction  

Group lending is a well-known tool used by microfinance lenders to provide microfinance 

loans to borrowers in developing countries.  Some microfinance lenders use group lending 

solely as a means of realizing economies of scale in the credit transaction.  In other instances, 

borrowing groups are given a joint-liability lending contract.  In a joint-liability lending 

contract, all members of a borrowing group are jointly liable for the loan granted to each 

group member.  Through the use of group-level dynamic incentives, microfinance lenders 

are then able to motivate repayment without the use of collateral.  If the group does not 

collectively repay the sum of its debts to the lender, no member is able to receive a 

subsequent loan.  In cases where microfinance lenders are able to offer loan terms that are 

attractive relative to alternative sources of credit, these incentives for repayment are often 

sufficient to induce nearly 100-percent repayment rates for many lenders. 

 There have been a number of theories proposed as to why joint-liability lending is 

able to generate high repayment rates.  Some have argued that the self-selection of 

borrowing groups based on localized information reduces adverse selection problems (Van 

Tassel, 1999; Ghatak, 1999).  Other theories posit that peer monitoring between jointly liable 

borrowing group members mitigates the different aspects of moral hazard endemic to credit 

transactions (Stiglitz, 1990; Banerjee, Besley, and Guinnane, 1994; Wydick, 2001).  Joint-

liability lending may also allow for risk diversification between group members (Sadoulet, 

2000), of potential advantage both to the lender and borrowers. Still other theories contend 

that joint-liability lending harnesses existing social capital in tightly-knit societies when 

borrowers have other important relational ties that extend outside of the lending contract 

(Floro and Yotopolous, 1991; Besley and Coate, 1995).  In this way, it has been argued that 

group lending allows for an elegant substitution of social capital for physical capital, allowing 

the poor access to credit. 

 Despite the many celebrated facets of joint-liability lending, in recent years there has 

been a shift among microfinance lenders from joint-liability loans towards individual liability 

loans (Giné and Karlan, 2010).  As this has occurred, microfinance lenders have often 

continued to integrate clients into their program in groups to preserve the economies of 

scale associated with group lending, while dropping the requirement of joint liability.  But 

while the structure of group lending has often remained in place, the trend away from joint-
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liability loans has occurred across the globe, and included some of the most well-known 

microlenders, including the Grameen Bank of Bangladesh and BancoSol of Bolivia.  As the 

market for microfinance has become more competitive, the movement away from joint 

liability loans has been driven by the need to mitigate some of the features of microfinance 

contracts that have proven unattractive to clients.  These negative aspects associated with 

joint-liability lending include the added costs to borrowers of organizing borrowing groups 

and borrowing group meetings in order to gain credit access, tensions among group 

members that arise due to the peer pressure associated with joint liability, the intrusion of 

peer monitoring, problems of free-riding and opportunism by dishonest borrowers against 

honest ones, and by riskier borrowers against safer ones.  

 There are formidable statistical complexities involved with trying to isolate the 

respective advantages and disadvantages of joint-liability loans in a purely observational 

setting.  Real-world issues of endogeneity and self-selection at multiple levels have made 

rigorous analyses of the effects of joint-liability lending difficult.  As a result, recent work has 

used a variety of experimental methods to understand the relative merits of joint versus 

individual liability, including laboratory experiments (Abbink et al. 2006), artefactual field 

experiments (experiments using real-world subjects in a laboratory setting--Karlan, 2005; 

Gine et al. 2010; Fisher 2008; Cassar et al. 2007; Cassar and Wydick, forthcoming), and 

randomized field experiments (Giné and Karlan, 2010).   

 The research we present in this paper tests the causal relationship between joint-

liability lending and moral hazard, adverse selection, and free riding in an experimental 

setting.  We use an artefactual field experiment on a pool of 200 Bolivian subjects, 83% of 

whom at the time of the experiment were current microfinance borrowers.  We implemented 

four treatments: In two of the treatments, subjects were exogenously given either a relatively 

safe (TS) or a risky (TR) investment, in random order, and asked to choose between an 

individual or a joint-liability loan contract. In the other two treatments, the same subjects 

were assigned an individual (TI) or group (TG) (joint-liability) loan, and then asked to 

choose between a relatively safe investment and a risky (but potentially high yielding) 

investment.  Each subject participated in all four treatments, which were administered in 

random order. In addition, each subject participated in a risk aversion elicitation task, so we 

could get an estimate of each subject’s risk preferences. This within-subjects design allows us 

to categorize borrowers and to understand more fully the motives behind their actions.  



 
 

3 

 Comparing the first two treatments, we can get an estimate of adverse selection: 

whether borrowers are more likely to choose a joint-liability lending contract when endowed 

with a risky project. Similarly, comparing the second two, we can get an estimate of moral 

hazard: whether under joint liability subjects are more likely to choose investments that have 

a higher probability of default than they would take under individual liability.   

Having one observation per subject for all four treatments allows us to take this 

analysis one step further. If subjects are more likely to choose a joint-liability contract when 

they are endowed with a risky project (and we find that they do), it could be for two reasons, 

which are important to distinguish.  The joint-liability contract may be chosen by subjects 

with risky loans in order to diversify this risk.  Conversely, subjects with a risky project may 

choose the joint-liability loan in order to free-ride on the intra-group insurance provided by 

the group, since group defaults and not individual defaults are punished by the lender under 

joint liability.  Through our experimental design, we can therefore ascertain whether a 

statistically significant fraction of the switch into joint-liability loans by subjects with risky 

projects was made up of subjects who switched from safe to risky projects when given 

individual and joint-liability contracts respectively.  These subjects we identify as free-riders. 

In summary, our results show that joint-liability lending appears to attract a riskier 

pool of investors than individual lending.   When individuals are endowed with a risky 

project (instead of a safer project), the percentage of those who prefer a joint-liability 

contract to an individual contract nearly doubles from 31% to 59%.  Secondly, we find that 

this movement of risky projects into joint-liability loans is significantly more likely to occur 

among subjects who switched from safe to risky investments when moving from individual 

to joint liability.  These subjects thus appear to have motives of free-riding rather than risk-

diversification since they choose the risky project only under joint liability.  In this respect, 

our results show that some of the potentially beneficial properties of joint-liability lending 

are counteracted at least partially by creating a context for free-riding.  This may help explain 

why, in practice, most microfinance clients appear to prefer individual liability contracts, and, 

as the competition between microfinance lenders over potential clients grows, lenders are 

responding by dropping joint-liability loans from their portfolios.  

The remainder of the paper proceeds as follows. Section 2 describes the protocol and 

the design of our experiment. Section 3 presents the results. These findings are further 
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analyzed in the concluding remarks of Section 4. An appendix with instructions for the 

experiment is available on the web.1 

2. Experimental Design  
Our artefactual field experiment consists of four treatments and a risk elicitation task 

administered in random order (except for the risk task, which was always last) to each one of 

our 200 experimental subjects (two subjects couldn’t stay for the duration, so we drop them 

from the analysis). The payoffs from the experiments were displayed in experimental 

bolivianos converted at rate of 100 exp. bolivianos per actual boliviano. This was done to 

simplify calculations and use integer numbers in the experiment. The subjects were informed 

about this conversion rate at the beginning and were reminded of this through the session.  

In general, under all four treatment conditions, each subject-borrower was given 500 

exp. bolivianos, which would serve later as partial collateral on loans of 1000 exp. bolivianos.  

The loan subsequently had to be repaid at 20 percent interest for a total repayment of 1200 

exp. bolivianos. In a joint-liability contract these conditions would create a group obligation 

with a principal of 5000 exp. bolivianos and a repayment of 6000 exp. bolivianos. For the 

different treatments, each subject had to decide on either the type of project or the type of 

contract under which they would invest their “loans.”  Depending on their own decisions and 

on chance, subjects could earn between 0 to 43 real bolivianos (USD $0 to $6) in addition to 

the 30 real bolivianos given as a show-up fee. To ensure saliency, actual payoffs were 

calibrated so that average earnings corresponded to about one day of labor wage. 

 The first two treatments, Treatment Safe (or TS for short) and Treatment Risky (or 

TR) are developed to test for the presence of adverse selection. In our study, adverse 

selection occurs if borrowers are more likely to choose a joint-liability-lending contract when 

endowed with a riskier project than when endowed with a safer one.  Comparing the 

behavior from the same subject given both TS and TR allows us to understand if different 

levels of preexisting risk impact the choice for joint liability.2   

 Under TS the subjects were endowed with a relatively safe project that generated either 

                                                           
1 http://sites.google.com/site/cassar 

2 While in practice microfinance loan risk is unlikely to originate from intentional investment in risky projects 

per se, imposing the structure of risky versus safe project in an experimental setting captures important issues 

related to adverse selection and moral hazard in credit transactions.  
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a profit of 3000 experimental bolivianos in the positive state with 5/6 probability, or zero 

profit in the negative state with probability 1/6.  Under TR the subjects were endowed with 

a relatively risky project that, if successful, resulted in a higher profit of 5000 experimental 

bolivianos with a probability of success of only ½, and a corresponding ½ probability of 

zero profit in the negative state.  After seeing their type of project, the subjects were then 

asked whether they preferred an individual or a joint-liability contract. The success (or 

failure) of the investments was determined randomly with a roll of a six-faced die after the 

subjects had made their contract decisions, and only for the task randomly selected for 

payment. Having one observation per subject under each treatment allows us to test for 

adverse selection under joint liability: the propensity for subjects to choose an individual-

liability contract when endowed with a safer project, but a joint-liability contract when 

endowed with a riskier one. 

 The second two treatments, Treatment Individual (TI) and Treatment Group (TG), 

are designed to test for moral hazard.  Under TI each subject was given an individual-liability 

contract, while under TG the subject was given a joint-liability contract. In either case, the 

subject had to choose between the risky project or the relatively safer one. Moral hazard 

arises in our study if subjects are more likely to choose investments that have a higher 

probability of default under joint liability than they would undertake under individual 

liability.  Again, since our experimental design yields observations for each subject under 

both TI and TG, it provides a test for moral hazard in joint-liability lending: the added 

propensity for subjects to choose a risky project when given the joint-liability contract 

relative their choice under individual lending.  

 The final part of the experiment consists of a risk elicitation task to estimate the risk 

preferences of each individual, which serves as an important control in our empirical 

estimations.  Each experimental session was then followed by a survey designed to collect 

individual and group-level characteristics.  

2.1 Experimental Protocol 

Each session consisted of either 10 or 15 subjects who were divided into groups of 5 

members. To ensure that the subjects understood the procedure, the experimenters read the 

instructions aloud and explained them with the help of visual aids. Afterward, the subjects 

practiced three directed test runs (to avoid uncontrolled framing and instructional cuing) for 

each individual treatment exploring possible outcomes. After each trial run, subjects were 
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asked questions to assess understanding of the experimental procedure. If doubts remained 

about subject comprehension, the experimenters continued re-reading the instructions and 

administering practice runs.  A total of 17 sessions were conducted between July and August 

2009. 

Our within-subject experimental design requires each subject to participate in all 

treatments. This, while increasing the power of the tests, introduces possible sequencing 

effects and dependences across treatments. For this reason, the final payments were based 

on only one randomly chosen task. In addition, for the group tasks individual decisions were 

never disclosed to other subjects unless that task was the one chosen for payment. For the 

same purpose of avoiding dependences across treatments, the resolution of uncertainty--the 

actual rolling the die to determine if an individual project was successful--was left to the very 

end, and only for the task randomly selected for payment.  

 

2.1.1 Protocol for Adverse Selection Treatments  

 For each of the adverse selection treatments, TS and TR, each subject had to choose 

an individual-liability contract or a joint-liability contract under which to place their loan.  

Earnings for these two treatments depended on the type of contract and on the project’s 

success.  With the TS or TR treatment under an individual contract,  the investment’s gross 

profits were 3000 or 5000 exp. bolivianos, respectively, if the project was successful.  If a 

subject opted for a joint-liability contract, her payoff depended on the number of successful 

projects within her group, including her own. 

 Table 1 illustrates the possible outcomes for each treatment. For example, if a subject 

were to choose a joint-liability contract with TR and her investment was successful, her gross 

profit would be 5000 exp. bolivianos. However, since she has chosen a joint-liability group 

contract, her final earnings would depend on the number of other successful projects in the 

group.3  If all group members have successful projects, her payoff remains unchanged, but if 

any of the other projects are unsuccessful, her original gross profit is reduced as she faces 

her joint-liability obligations.  Now suppose a subject’s project fails. Under an individual-

liability contract, she would earn zero profit, including the loss of the initial collateral of 500 

                                                           
3 To maintain payoffs based on borrowing groups of five, when less than 5 chose the joint-liability contract, the 
project success or failure for the missing subjects was generated by computer using the appropriate 
probabilities (since the riskiness of the project was exogenously given, and it was the same for everyone).   
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exp. bolivianos.  Under a joint-liability contract, however, earnings are not necessarily zero as 

would be the case under an individual-liability contract. As before, the final payoff depends 

on the number of successful projects within the group. If there are at least two successful 

projects, she can keep at least her 500 exp. boliviano collateral (or more if more projects are 

successful) and the rest of his group is able to repay the loan.  

Comparing individual behavior under both treatments, we can isolate the cases of 

adverse selection. Adverse selection happens when a subject chooses the individual contract 

when faced with a safe project (TS) but changes her choice to the joint-liability contract 

when faced with higher risks (TR). Here the borrower may either be risk-pooling or 

disseminating the potential negative externalities of her own riskiness onto her peers.  The 

following two treatments will help us to disentangle these two motives. 

 

2.1.2 Protocol for Moral Hazard Treatments 

 The moral hazard component of the experiment consisted of randomly assigning 

either an individual-liability loan (Treatment Individual, or TI) or a joint-liability loan (Treatment 

Group, or TG) and asking the subjects to choose between a risky project or a relatively safe 

project, with payoffs identical to those in the adverse selection treatments: Investing in the 

safe project would generate a gross profit of 3000 exp. bolivianos with 5/6 probability, while 

investing in the risky project would generate a gross profit of 5000 exp. bolivianos with 1/2 

probability. Net profit would depend on whether the subject was initially given an individual 

or a joint-liability loan contract. 

 Under TI a subject was assigned an individual loan, and risk was borne solely by the 

subject; the final payoff depended only on the individual choice of project and chance.  If 

the subject chose the safe project and it turned out successful (5/6 probability), the final 

payment was 2,300 exp. bolivianos (initial 500 + gross return 3,000 – loan and interest 

1,200). If the project was unsuccessful (1/6 probability), the final payment was zero. If the 

subject chose the risky project, with ½ probability she would receive net earnings of 4,300 

(500 + 5,000 -1,200), and with ½ probability a return of zero.  Under TG the final payoff 

depended on the entire group’s choices and the success or failure of her own project as well 

as the number of successful projects within the group. Table 2 shows the possible payoff 

outcomes for TI and TG respectively.  
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The comparison in observed subject behavior between these two treatments allows 

us to identify moral hazard, which occurs when a subject chooses the safe project when 

assigned an individual loan (under TI) but changes her strategy to a risky project when 

assigned to a group (under TG).  In this case a subject is imposing additional risk (with 

potential negative externality) on her peers, risk that she wouldn’t tolerate on her own.  Note 

that in one particular case the choice of the risky project does yield a positive externality to a 

borrowing group--when a risky project is the only successful project among the five.  

However, this is outweighed by the larger negative externality that imposes a higher expected 

repayment burden on other group members in every other scenario.   

 

2.1.3 Risk Task 

 To elicit individual risk preferences we concluded the experiment with a risk task 

based on the MPL (Multiple Price List) procedure of Holt and Laury (2002). This procedure 

allows us to estimate a subject’s coefficient of risk aversion based on a CRRA specification 

of the utility function, in addition to giving us a rougher ordinal measure.  

The MPL protocol consists of presenting the subjects with two different lotteries, 

Lottery A and Lottery B, whose payouts are constant but whose probabilities of success 

change from one round to the other (see Table 3). In our experiment, Lottery A offers the 

subjects an opportunity to gain either 2000 exp. bolivianos or 1600 exp. bolivianos. Lottery 

B would, instead, offer a higher gain of 3850 exp. bolivianos in its high state, but only a 100-

boliviano gain in its low state. Lottery B has the potential to give higher payout than Lottery 

A, but it is more risky as well. The actual payment received by subjects depends on two 

factors: (1) the lottery they have chosen for the actual round randomly selected for payment; 

(2) the result of the lottery.  To play the lottery, we used a bag filled with 10 balls of different 

colors selected in the proportion corresponding to the round probabilities: Green balls 

represented the higher payoff in each lottery (2000 and 3850 exp. bolivianos for Lottery A 

and B respectively) while red balls represented the lower figure (1600 exp. bolivianos for 

Lottery A and 100 for B).  

For this last task, the subjects had to decide which one of the two lotteries they 

preferred, one choice for each one of ten rounds. Lottery probabilities were explained to 

subjects in terms of frequencies (since probability is an abstract concept known to be very 

difficult to understand for non-college educated subjects) and always with the help of visual 
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aids, in our case colored balls. The frequencies of green and red balls in the bag were 

displayed to the players before they made their lottery-choice for each round. In round one, 

for example, subjects were shown that the bag from which the ball was to be drawn 

contained one green ball and nine red balls. In the second round, subjects saw that one green 

ball was added to the bag while a red one was taken away. In the third round, a third green 

ball was added to the bag while a red one was taken away, and so on. This pattern continued 

until the last round when the bag contained only 10 green balls. In this scenario, there is of 

course a 100% probability of getting the high prize, with all subjects expected to choose 

Lottery B (since 3850 bolivianos is higher than 2000 bolivianos). This last round is usually 

included to test for subject understanding.  In our experiment, only one subject out of 200 

chose Lottery A in the last round. 

Depending on the round in which a subject switches from Lottery A to Lottery B, 

we can infer individual risk preferences. During the ten rounds, the probability of getting the 

high prize under both lotteries increases from 0.1 to 1, with the expected value of Lottery B 

increasing at a much higher rate than Lottery A. Until round four, lottery A gives a higher 

expected value than lottery B. From round five on, Lottery B yields a higher expected value. 

A subject who chooses Lottery A until round four and then switches to B would be 

classified as risk neutral, since he simply prefers the lottery that offers the highest expected 

value. Subjects who stay with Lottery A longer than five rounds display increasing levels of 

risk aversion. Subjects switching to Lottery B in the earlier rounds would display increasing 

levels of risk-loving behavior.  A first estimation of risk aversion is provided by the round at 

which a subject switches from Lottery A to Lottery B (column 1 in Table 3) (with 1 

indicating the least risk aversion to 10 indicating the most risk aversion4). In case a subject 

switched back to Lottery A after having switched to Lottery B, we use the first time she 

switched to B as measure of her risk aversion (using either this first switch time or an 

average of switching times does not make a significant difference on our results). 

The advantage of the MPL procedure is that we can proceed further and estimate for 

each subject his/her coefficient of risk aversion. Assuming a CRRA specification of the 

                                                           
4 The only subject that never switched to Lottery B even in the last round was given a value of 11 for the risk 
index (indicating extreme risk aversion) and a missing value for the CRRA coefficient interval (since there are 
no discernible bounds). 
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utility function (U =
x1−r

1− r
, for 1≠r  or ( )rU ln=  for 1=r ), the individual risk aversion 

coefficient, r , is calculated by finding the r  at which the expected value of Lottery A equals 

the expected value of Lottery B evaluated with the probabilities of the round at which the 

subject first chooses Lottery B. Table 3 column 11 shows the interval of the estimated risk 

aversion coefficients. The difference between the ordinal measure and the interval measure 

is that while the first one increases by intervals of equal size, the second one does not, where 

the level of individual risk aversion depends on the curvature of the utility function. Figure 1 

offers a depiction of the results among our subjects. The mean for the risk aversion index 

was 5.8 (std. dev. 1.7) and for the CRRA coefficient interval was 0.17 (std. dev. 0.58) 

indicating that, on average, our subjects were modestly risk averse, a result consistent with 

most other field studies.  

2.2 Survey 

After the experiment, subjects were asked to respond to standard questions regarding 

demographics and other control variables.  Two questions intended to measure social capital 

were included in the survey. Subjects were asked how many members in their experimental 

borrowing group they would be willing to (1) invite to a social gathering at their house; and 

(2) assist financially if they faced loan-repayment problems. An index for social capital was 

constructed by adding the answers to these questions with the purpose of testing whether or 

not social capital helps in curbing asymmetric information problems. 

2.3 Subjects 

The experiment was carried out in July-August 2009 among subjects living in and near 

La Paz, Bolivia.  Estimates from 2006 in Bolivia indicate that microfinance institutions have 

reached between 568,000 and 650,000 clients (González-Vega and Villafani-Ibarnegaray, 

2007), putting Bolivia at a high per-capita microfinance coverage relative to other countries 

(Christen, 2000).  

 Our subjects were recruited with the collaboration of PORVENIR, a local 

microfinance institution. The 200-subject sample was comprised primarily of actual 

microfinance borrowers: 83% were actual microfinance clients of PORVENIR. The 

remaining subjects were recruited to fit the general profile of PORVENIR microfinance 

borrowers.  Not surprisingly, the subjects fit the standard microfinance borrower profile: 
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average age is 37 years old, 87% are female, formal schooling levels are low (8.5 years on 

average) and 54% either own or work in a family business. Most of the experimental sessions 

were carried out in poor neighborhoods on the outskirts of the capital city. Average monthly 

household income is 1350 bolivianos (USD $190) for households that, on average, are 

formed by five members. Additionally, information about the borrowing groups was 

collected from credit officers. This information included joint-liability loan sizes (between 

US$145 and US$571) and group repayment performance (61% of the subjects were 

members of a group that had experienced some sort of difficulty with loan repayment).  

 

3. Experimental Results 

Table 4 shows the summary statistics for the variables used in this study. We begin by 

analyzing the four treatment conditions (TS, TR, TI and TG) individually and then jointly, 

by combining individual behavior under all conditions, to understand motives.  

Figure 2 and Table 5 show the proportion of subjects choosing a joint-liability 

contract in the adverse selection treatments (Table 5 panel a) and the proportion of subjects 

choosing the risky project in the moral hazard treatment (Table 5 panel b). When endowed 

with a safe project, 0.308 (std. error 0.033) of the subjects chose the joint-liability contract, 

roughly half the proportion compared to when they were endowed with a risky project 

(mean 0.586, std. error 0.035).  A paired t-test in Table 5 allows us to significantly reject the 

null hypothesis of no difference between the two treatment conditions, in favor of an 

alternative hypothesis that given a risky project, the same subject would definitely prefer a 

joint-liability loan to an individual one.  Subject fixed-effect OLS regressions yield essentially 

identical results. 

           Table 6 presents the results of logit estimation specifications for individual behavior 

for adverse selection, broken up by treatments TS and TR. In each specification the 

dependent variable assumes the value of one if the subject chose the joint-liability contract 

over the individual-liability contract, and zero otherwise. The results indicate that under 

either treatment, there is no significant correlation at the 10% level between choosing a 

joint-liability loan and our two estimates of risk preferences.  When endowed with a safe 

project, subjects having lower level of education significantly preferred joint liability, as well 

as those not owing a house, and with borderline significance, females and those with a 
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higher level of social connectivity. When endowed with a risky project, these variables 

become insignificant, while younger subjects chose joint liability at a significantly higher rate. 

We present similar analyses for the moral hazard treatments, TI and TG, in Figure 2 

and Table 5.  Our tests for moral hazard indicate that the proportion of subjects choosing a 

risky project increases, but not significantly, when subjects are given joint-liability contract 

(mean = 0.354, std. error 0.034) instead of an individual-liability contract (mean 0.313, std. 

error 0.033).   Subject fixed-effect OLS regressions also find no significant difference in 

choosing the risky project. 

 In Table 7 we see that risk aversion has a strong influence over whether a subject 

chooses the risky or the safe project under either type of loan contract. The association is 

especially strong with the joint-liability contract. Both estimates of risk aversion produce 

essentially similar results. Marginal effect calculations reveal that an increase of one unit on 

the risk-aversion scale reduces the probability of choosing a risky project by about 4.2 

percentage points.  Other variables display no significant influence on choosing a risky 

project over a safe project in either the individual or joint-liability treatments.  

 We now combine the behavior of the same subject across treatments.  We categorize 

subjects associated with adverse selection as those who switch from an individual to joint-

liability loan when the riskiness of the project exogenously increases.  We categorize subjects 

associated with moral hazard as those who switch from a safe to a risky project when their 

contract exogenously changes from individual to joint liability.  

Table 8 reports the results for adverse selection. We present the results in six 

columns: in Column 1 we only regress for risk aversion level; in Column 2 we include our 

experimental measure for free riding (Moral Hazard) and risk diversification (Safe in TI& TG); 

Column 3 displays the results with all the regressors; Columns 4, 5 and 6 repeat this pattern 

substituting estimated risk-aversion levels with the CRRA elicited coefficients. Again, risk 

preferences are not an important determinant in adverse selection as subjects who switch to 

joint-liability are not the ones displaying the highest risk aversion.  

However, Table 8 indicates that the movement from the safe project under 

individual liability into the risky project under joint liability appears to be driven by free-

riding rather than risk diversification.  Because our experiment allows for multiple 

observations on a single subject, behavior in one treatment helps clarify potential motives of 

the same subjects in other treatments.  Specifically we find that those who switched to the 
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joint-liability contract under risky conditions are disproportionately made up of subjects who 

switched to the risky project from the safe project when given the joint-liability contract 

instead of the individual-liability contract (Moral Hazard).  In contrast, those who chose the 

safe project regardless of their type of loan contract (Safe in TI& TG) are not significantly 

associated with switching to joint liability with the risky project.  Indeed if the latter types 

had been associated with switching to joint liability with the risky project, we would 

conclude that the phenomenon would have been due to motives of risk diversification.  

However, because the switch to joint liability under the risky project is associated with those 

who switched to the risky project from the safe project when given the joint-liability 

contract, it appears that the adverse selection we observe in the joint liability contract is 

associated with free-riding behavior. 

 

4. Summary and Conclusion   
Our experiment suggests several points with regards to asymmetric information 

problems in joint-liability lending contracts.  First, theory has posited that joint-liability 

lending is able to mitigate problems of adverse selection through its ability to screen high-

risk borrowers from the lending pool.  Our research does not contradict this hypothesis 

because our experiment is not intended to measure the impact of borrower screening.  

However, what we do observe is a strong tendency for borrowers with risky projects to 

prefer joint-liability loan contracts.  All else equal, joint liability contracts appear to foster 

adverse selection.  Whether the positive effects or negative effects of joint liability contracts 

on adverse selection dominate in practice remains an empirical question that likely depends 

on the context of microlending. 

Second, our experimental results suggest that the principal determinant in choosing 

to undertake risky investments in our experiment is a lack of aversion to risk, where we 

measure risk by the Holt and Laury risk-aversion protocol. Moreover, we find no significant 

evidence for the effect of social capital on project selection.   

Third, we find evidence that the preference among borrowers with risky projects for 

joint-liability contracts appears to be driven by a propensity for free-riding rather than a 

desire to diversify risk.   As risky projects may offer a higher expected payoff to borrowers, 

they impose a negative externality on a borrowing group while shielding the borrower from 

the added risk.  We find that the pool of borrowers who switch to joint liability contracts 
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when projects move from safe to risky is disproportionally made up of the pool of 

borrowers who switch from safe to risky projects as lending moves from individual to joint 

liability.  

The policy implications of these findings do little to contradict what previous 

research has suggested about factors driving joint-liability lending repayment rates (e.g. 

Ghatak, 1999; Wydick, 1999; Giné and Karlan, 2010).  However, our experimental results 

point to the pitfalls of joint-liability contracts if these mechanisms designed to mitigate 

asymmetric information problems in credit contracts should fail.  Joint-liability lending 

without strong levels of screening is likely to attract risky loans.  Peer-based screening of 

credit groups ex-ante to group formation should be encouraged and incentivized by 

microfinance institutions to mitigate adverse selection among joint-liability borrowers.  

Where these mechanisms are absent, joint-liability lending may induce more problems 

related to asymmetric information in credit markets than it solves.   

We believe our experimental results give some insight into why microfinance 

borrowers appear to display a strong preference for individual loans and group loans without 

joint-liability.  With competition in the microfinance industry intensifying and microfinance 

institutions being forced to offer credit contracts that are increasingly appealing to 

borrowers, market forces have begun to steer microfinance away from joint-liability loan 

contracts.  We would expect joint-liability contracts to remain in place chiefly where social 

capital and social networks between microfinance borrowers are sufficiently strong that the 

adverse selection problems associated with joint-liability lending are outweighed by the 

ability of these social factors to mitigate them. 
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Table 1: Adverse Selection Treatment Conditions 
TS Exogenous Condition: SAFE PROJECT 

Contract 
Choice 

Gross 
Profit 

Event 
Probability 

# Successful 
Projects in 

Group Net    Profit 
3000 Bs. 5/6  2,300 Bs.=500+3,000-1,200 Individual 

0 Bs. 1/6   0 Bs.  
5 2,300 Bs.=500+3,000-1,200 
4 2,000 Bs.=500+3,000-1,500 
3 1,500 Bs.=500+3,000-2,000 
2 500 Bs.=500+3,000-3,000 

3000 Bs.  5/6 

1 0 Bs.  
4 500 Bs.  
3 500 Bs.  
2 500 Bs.  
1 0 Bs. 

Group 

0 Bs.  1/6 

0 0 Bs. 
TR Exogenous Condition: RISKY PROJECT 

Contract 
Choice 

Gross 
Profit 

Event 
Probability 

# Successful 
Projects in 

Group Net    Profit 
5000 Bs. 5/6  4,300 Bs.=500+5,000-1,200 Individual 

0 Bs. 1/6   0 Bs.  
5 4,300 Bs.=500+5,000-1,200 
4 4,000 Bs.=500+5,000-1,500 
3 3,500 Bs.=500+5,000-2,000 
2 2,500 Bs.=500+5,000-3,000 

5000 Bs.  5/6 

1 300 Bs.=500+5,000-5,200 
4 500 Bs.  
3 500 Bs.  
2 500 Bs.  
1 300 Bs.=500-(1,000/5) 

Group 

0 Bs.  1/6 

0 0 Bs. 
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Table 2: Moral Hazard Treatment Conditions 
TI Exogenous Condition: INDIVIDUAL LIABILITY LOAN 
Project 
Choice 

Gross 
Profit 

Event 
Probability   Net    Profit 

3000 Bs.  5/6  2,300 Bs.=500+3,000-1,200 Safe 
0 Bs. 1/6   0 Bs. 

5000 Bs. 1/2  4,300 Bs.=500+5,000-1,200 Risky 
0 Bs. 1/2   0 Bs. 

TG Exogenous Condition: GROUP LIABILITY LOAN 

Project 
Choice 

Gross 
Profit 

Event 
Probability 

# Successful 
Projects in 

Group Net    Profit 
5 2,300 Bs.=500+3,000-1,200 
4 2,000 Bs.=500+3,000-1,500 
3 1,500 Bs.=500+3,000-2,000 
2 500 Bs.=500+3,000-3,000 

3000 Bs.  5/6 

1 0 Bs.  
4 500 Bs.  
3 500 Bs.  
2 500 Bs.  
1 300 Bs, or 0 Bs† 

Safe 

0 Bs.  1/6 

0 0 Bs. 
5 4,300 Bs.=500+5,000-1,200 
4 4,000 Bs.=500+5,000-1,500 
3 3,500 Bs.=500+5,000-2,000 
2 2,500 Bs.=500+5,000-3,000 

5000 Bs.  1/2 

1 300 Bs.=500+5,000-5,200 
4 500 Bs.  
3 500 Bs.  
2 500 Bs.  
1 300 Bs, or 0 Bs† 

Risky 

0 Bs.  1/2 

0 0 Bs. 
† If successful project is risky, then 5000 Bs return from risky project is used to pay loan + 1000 Bs 
from collateral leaving 500-(1,000/5) = 300 to each borrower. 
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Table 3: Risk Aversion Elicitation Game 
Lottery A Lottery B 

Round 
Green 
Balls 

Red 
Balls if green if red if green if red EV(A) EV(B) 

Risk Av. Index 
(if B chosen) 

Risk Av. Coef. 
Interval 

1 1 9 1640 475 1 (-inf, -1.71) 
2 2 8 1680 850 2 [-1.71, -0.95) 
3 3 7 1720 1225 3 [-0.95, 0.49) 
4 4 6 1760 1600 4 [-0.49, -0.14) 
5 5 5 1800 1975 5 [-0.14, 0.15) 
6 6 4 1840 2350 6 [0.15, 0.41) 
7 7 3 1880 2725 7 [0.41, 0.68) 
8 8 2 1920 3100 8 [0.68, 0.97) 
9 9 1 1960 3475 9 [0.97, 1.37) 
10 10 0 

2000 1600 3850 100 

2000 3850 10 (or 11 if A) [1.37, inf) 
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Table 4: Summary Statistics 
Variable N Mean (Std. Dev.) Description 

Age 198 37.227 Years of age 
  (12.768)  
Female 198 0.869 1 if female 
  (0.339)  
Married 198 0.652 1 if married 
  (0.478)  
Home owner 198 0.561 1 if subject owns her house 
  (0.498)  
People per room 198 2.899 Num. per sleeping room 
  (1.751)  
Entrepreneur 198 0.535 
  (0.500) 

1 if subject owned or worked in family 
business 

Education 198 8.525 Years of formal education 
  (4.142)  
Real borrower 198 0.833 
  (0.374) 1 if subject belongs to real borrowing group 
Defaulting group 198 0.606 
  (0.490) 

1 if credit officer judged insolvent the real 
group of the borrower  

Social capital 198 4.970 
  (2.371) 

Measure of social connectedness as 
explained in text (1-8 index) 

Risk Aversion 198 5.828 Ordinal index 1-10 
  (1.686)  
RiskCRRAmean 198 0.169 
  (0.584) 

Mean of the CRRA risk aversion coefficient 
estimated interval  

Group|Safe Project 198 0.308 Chooses group in TS 
  (0.463)  
Group|Risky Project 198 0.586 Chooses group in TR 
  (0.494)  
Risky|Individual loan 198 0.313 Chooses risky in TI 
  (0.465)  
Risky|Group loan 198 0.354 Chooses risky in TG 
  (0.479)  
Adverse Selection 198 0.348 
  (0.478) 

1 if sj. switches from individual in TS to 
group in TR  

Moral Hazard 198 0.197 
  (0.399) 

1 if sj. switches from safe in TI to risky in 
TG  
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Table 5: Treatments Results 
a)  Paired t-test   
Adverse Selection Treatment Conditions Mean Std. Error 
Group|Safe Project 0.3081 0.0329 
Group|Risky Project 0.5859 0.0351 
Difference -0.2778 0.0417 
Ha: mean(diff) != 0 p-value 0.000 
Ha: mean(diff) < 0 p-value 0.000 
   
Moral Hazard Treatment Conditions Mean Std. Dev. 
Risky|Individual loan 0.3131 0.0330 
Risky|Group loan 0.3535 0.0341 
Difference -0.0404 0.0423 
Ha: mean(diff) != 0 p-value 0.3403 
Ha: mean(diff) < 0  p-value 0.1701 
   

b) Fixed-effects regression   

Adverse Selection Treatment Conditions Coef.      
(Std. Err.) 

t          
(P>|t|) 

Treatment (Risky project=1) 0.2778*** 6.6700 
  (0.0417) (0.000) 
Moral Hazard Treatment Conditions Coef.      

(Std. Err.) 
t          
(P>|t|) 

Treatment (Risky project=1) 0.0404 0.9600 
 (0.0423) (0.340) 
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Table 6: Adverse Selection Treatments 
Logistic regression         

        
Group|Safe Project Group|Risky Project 

Dependent 
variable: Subject 
chooses the 
group liability 
loan (1) (2) (3) (4) (5) (6) (7) (8) 
          
Risk Aversion 0.082 0.1431   -0.0153 -0.0593   
 (0.095) (0.107)   (0.086) (0.092)   
          
RiskCRRAmean   0.3257 0.4900    0.0719 -0.0218 
   (0.288) (0.319)    (0.247) (0.265) 
          
Age  0.0027  0.0038   -0.0305**  -0.0293*   
  (0.017)  (0.017)   (0.015)  (0.015) 
          
Female  1.0138  0.9444   -0.4364  -0.6007 
  (0.669)  (0.673)   (0.481)  (0.501) 
          
Education  -0.1409***  -0.1415***   -0.0102  -0.0102 
  (0.049)  (0.050)   (0.044)  (0.044) 
          
Married  -0.4761  -0.469   0.3284  0.372 
  (0.372)  (0.373)   (0.326)  (0.329) 
          
Home owner  -0.7304**  -0.7376**   -0.1581  -0.2141 
  (0.352)  (0.353)   (0.308)  (0.311) 
          
People per room  -0.0816  -0.0776   -0.0277  -0.0163 
  (0.106)  (0.106)   (0.087)  (0.087) 
          
Entrepreneur  0.2031  0.2114   0.0763  0.0864 
  (0.365)  (0.366)   (0.324)  (0.326) 
          
Social capital  0.2262  0.2306   0.0195  0.0269 
  (0.141)  (0.141)   (0.117)  (0.117) 
          
Real borrower  0.6802  0.6464   -0.182  -0.298 
  (0.537)  (0.540)   (0.436)  (0.445) 
          
Defaulting 
group  -0.2496  -0.2444   -0.4627  -0.4639 
  (0.357)  (0.357)   (0.322)  (0.324) 
          
Cons. -1.2905** -1.8427 -0.8642*** -1.0716 0.4364 2.5965** 0.3471** 2.4138**  
 (0.582) (1.563) (0.167) (1.392) (0.522) (1.305) (0.151) (1.176) 
          
N 198 198 197 197 198 198 197 197 
Standard errors in parentheses, *** p≤0.01, ** p≤0.05, * p≤0.10         
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Table 7: Moral Hazard Treatments 
Logistic regression         

        
Risky Project|Individual Loan Risky Project|Group Loan 

Dependent 
variable: Subject 
chooses the risky 
project (1) (2) (3) (4) (5) (6) (7) (8) 
                         
Risk Aversion -0.1640* -0.1610*   -0.2001** -0.2203**                  
 (0.089) (0.094)   (0.089) (0.094)                  
          
RiskCRRAmean   -0.4278* -0.4102    -0.5002** -0.5433**  
   (0.253) (0.268)    (0.252) (0.268) 
          
Age  0.0101  0.0103   -0.0075  -0.0069 
  (0.016)  (0.016)   (0.016)  (0.016) 
          
Female  -0.3318  -0.3636   -0.1001  -0.13 
  (0.469)  (0.473)   (0.473)  (0.476) 
          
Education  0.0263  0.0263   -0.0151  -0.0148 
  (0.047)  (0.047)   (0.046)  (0.046) 
          
Married  0.0809  0.0925   0.0524  0.0567 
  (0.346)  (0.347)   (0.337)  (0.337) 
          
Home owner  0.3724  0.3479   0.1441  0.1188 
  (0.328)  (0.327)   (0.317)  (0.317) 
          
People per room  0.045  0.0484   -0.1011  -0.0965 
  (0.090)  (0.090)   (0.092)  (0.092) 
          
Entrepreneur  0.1679  0.1686   -0.2179  -0.2197 
  (0.342)  (0.342)   (0.333)  (0.332) 
          
Social capital  -0.1556  -0.1554   0.1751  0.173 
  (0.120)  (0.120)   (0.126)  (0.125) 
          
Real borrower  -0.1421  -0.1745   -0.0053  -0.0372 
  (0.450)  (0.452)   (0.443)  (0.443) 
          
Defaulting group  -0.1076  -0.1107   0.0917  0.084 
  (0.337)  (0.336)   (0.329)  (0.327) 
          
Cons. 0.1575 -0.0069 -0.7155*** -0.8212 0.549 0.8478 -0.5201*** -0.293 
 (0.531) (1.299) (0.158) (1.165) (0.528) (1.304) (0.155) (1.166) 
          
N 198 198 197 197 198 198 197 197 
Standard errors in parentheses, *** p≤0.01, ** p≤0.05, * p≤0.10         
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Table 8: Adverse Selection 
Logistic regression       
Dependent variable: Adverse Selection (Subject chose (individual|safe) and (group|risky) )  
  (1) (2) (3) (4) (5) (6) 
                      
Risk Aversion -0.0401 -0.0466 -0.1463                   
 (0.088) (0.089) (0.107)                   
       
RiskCRRAmean    -0.0694 -0.0886 -0.3182 
    (0.254) (0.258) (0.313) 
       
Moral Hazard  0.4648 0.9955**  0.4614 1.0029**  
  (0.427) (0.507)  (0.427) (0.510) 
       
Safe in TI&TG  0.2276 0.3851  0.2325 0.4103 
  (0.352) (0.396)  (0.352) (0.398) 
       
Age   -0.0367**   -0.0366**  
   (0.017)   (0.017) 
       
Female   -1.0259**   -1.1734**  
   (0.485)   (0.500) 
       
Education   0.1279**   0.1287**  
   (0.054)   (0.054) 
       
Married   0.6070   0.6735*   
   (0.380)   (0.387) 
       
Home owner   0.249   0.1956 
   (0.346)   (0.348) 
       
People per room  0.0635   0.0739 
   (0.096)   (0.097) 
       
Entrepreneur   0.174   0.189 
   (0.363)   (0.365) 
       
Social capital   -0.1867   -0.1797 
   (0.132)   (0.133) 
       
Real borrower   -0.5821   -0.6927  
   (0.458)   (0.466) 
       
Defaulting group  -0.4563   -0.4532 
   (0.357)   (0.358) 
       
Cons. -0.3924 -0.562 1.3626 -0.6064*** -0.8117*** 0.7009 
 (0.531) (0.559) (1.422) (0.155) (0.276) (1.284) 
N 198 198 198 197 197 197 
Standard errors in parentheses, *** p≤0.01, ** p≤0.05, * p≤0.10 
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